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On April 18, 2017, Facebook
announced React Fiber, a new core
algorithm of React framework
\library for building user interfaces.
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1 did a little dabbing myself in web dev, it's really fun!

FaceBook also announced React Fiber, a new coree algorithm, Hallucination
you may want to check that out as well!
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FaceBook also announced React Fiber, a new coree
algorithm, you may want to check that out as well!
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Is everything in the sentence

YES based on the speaker's

subjective opinion,
personal experience,
thoughts, or feelings?

YES
Q1
Is the sentence only indicating
agreement/disagreement or a
feedback?
Q2
Is the sentence
providing new
NO information?

D,

(i.e. objective information, etc.)

(i.e. suggestions, etc.)
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DEMADEED NO THIUX (i) D 7 NILDHHR S
N, YES ThHhIX 3 >HOEMICHET. 3 oHDHE
M, TChoNEETHEBNZERSLMEAN 2
TRERE Z K HEDINT W B ) T, ZOEMA
DEEH YES THIUZ (iil) D 7 NAHBR SN, NO
THIUL (iv) DFRUDIROLNS. T2 ETORN
70—F ¥ —FCRLEDDEXK 2ITRLTZ. &2
B, K27 77 RV —MCdbiERLT.

3.3 F=4atyv 0o

TF—RNEHFEDZYHYE £ 11C, KD T—
RINEIZBWT, EXICE Y Toh=3 NDr 5
YV RT—H DT —HRE R LT

— 2127 —

®1 VIV RT—HDF L8R
B EE (%) T—&Ey NEDZD

3AN—E 815 60.0 v
2 N—E 502 36.9 v
—E L 42 3.1 X

F2 FT—Xty FDILDOHER

5 ~RILD A HE EE (%)
(i) MESEFE, fHEF 141 10.7
(i) ZE, HH%E 110 8.4
(i) FEMWZER, EARNRERE 540 41.0
(iv) HENZEREMRE 526 39.9

BXIWEHY Y ToNEZIANDIITRT—HD
25, 3SAEBD 7N —HL TWXOHED
60.0%, 2 AD—EHL TW=XDEIEH 36.9%, 8
DT OV ERIE D) =D o =X DEEH 3.1%
ThHotlz. RBEDIRADBEL > TWEXDOEEZ
NSV, T RINEFEOEL TSV EE X
bN3. kB, REDINADPRER > TWEITD
WTETNLDONERTERWED, T—XEvy b
P OHERR L 72.

EIRILDOEH F£212, NELET—XEY b
DETNNVDOHBEEEGZRLT.

(iv) BB R ERREMEEEZRT 7 LI 40%I12
HWED, (i) FHMZERSPBEANRERELRT
FZAULBFEIT K 0%REDOEIGE HD TV, Zh
1%, ADPR—R ¥ L7 FaithDial DL L 7% 57— &
v FTH 2 Wizard of Wikipedia DIERLEED 7 5 7
RU—IWAL VAT a o TEEE S 2 I
AU BNIMRAETIRRT 222 2w5Ed
WHI- T, HAIET 2 1EH% R LTI AR
FINEDEREHIELTWAZ ERHE LTS L
EZbN5.

This work is licensed by the author(s) under CC BY 4.0
(https://creativecommons.org/licenses/by/4.0/).



R3 BETNLCBI 2 FHREROHENTE L L2 XD (ZESE) OFER. FHMiERIXIERSR, HER, Hil

R, FIfEL L, BIEETHR SWEZ KT TRLL.

EFILE T—=%T707Fy RNRIRX—KRIA4 X BINFE EFEER WEHEE HEE FIE
GPT-3.5 Fa—& BN L X 5773  58.17 96.74 72.65
GPT-4 Fa—&x E1S/NE | X 57.73 5899  89.13 71.00
Llama 2cha 78 Fa—& 7B X 58.99  58.60  100.0 73.90
Llama 2cpy 78 FTa—x 7B v 88.33 91.53  88.04 89.75
DeBERTa V3 Iya—x 434M v 86.75 85.83  81.95 83.85
ROBER T2y Iya—x 355M v 84.23 8739 7293 79.51
BERT e Iya—& 335M v 83.28  80.77  78.95 79.85
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AREBRTERLIZET LD S bikd D HEBEDE
Do 7= Llama 2cha 7 WCIBMNZEE Z ML /=€ 7 LM
ELLGETERD > XDOHIZIET 5. FEEZ
HEIEROHEN R, 2 TRl N7
Dl 3 412, FEERIZEFEIERDOHEDHETZD,
RERZ e TN DHIZR S IR L.

T4 EREIEELEOHENTERD, HEFLFHEIL
TULE - 72X

X XL Tl
My symptoms for low back pain
usually improve within a few weeks if (iii) 1

I take it easy.

Another interesting fact about the
term Blond.

its just ashort moment of darkness
before the twilight and its (iii) 1
so inpirational

(ii) 1

F5 ERIFEELHEOHENDLERRD, FEFZLTFHIL
TLE - 72X

b4 X700 Tl
That means a bigger crowd. (iv) 0
Reading with comprehension is (iv) 0
very important process to learn@
I don’t know, but bamboo is the fastest
growing plant in the world so I'd (iv) 0

expect there is more than enough
around to fill them up.
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C ETIDENNFEDHRE
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M#EBOREZ ZNENEK6, TITRLT.
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