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RRISCAERE, IS L XEOET, REONE
D& DK% L DR TR O—KINL R AT TH S
b DD TR RIFENITOI TV [1]. KIFET
F, REMWBRAAR—VEFHLTLES R, T
FEDOFEETNDY A XMV EF ICa R b
M5 ZeRED, Hid Y HEETLOROM
EZ AT 5 72, 287 L TOHRSCERICED
e, FEe LTI, RROXOHDIAA L £iE%H
F—2  OEDHAA LY DY AL VENERZ, HEM
IREEBETADR L — 27 2 FHT 2BCHHT 3
FEREOMEIERICELEDE R LW HlliR B DT
H5 ZhEdbowzHARRSEET L, B
7Y X L0 L CHEH ATREZR Plug-and-Play 725
EThH2. EBOME, hFTo¥ER LM
ERFER LT, R aX b Faed il
HBIEHI I B W TRIEIC LA 216035 272 L, #
T2 ISR DO FiEY L ToRREEE R L2

1 IXCHIC

FRRESCAE AR, CREEDRIE L 7= L EEfTES
57X AMNEERTZ2IEENE LIZZRAITH
5. HESCERDFERFIEE LT, GPT2[2] D &5
TR AE T LD fine-tuning [3, 4, 5] %, ¥ 1
MOEBEITS [3,4,6] REDFENETLNS.
LHL, KERF—ZEy MTEXOHWETD H 28 %
TlroTdhEB, F—&ty MEHOEREMZ S
R—=VZ¥PLTLES [T 2%, HEDSEE
TNNE540B RTRX—ZDHD [B] MWHTL 7Y,
JEHICERICR>TWB Z s, Zh e HRERIC
EHlT 2T L2 ah o228 LD, BEFEOEH
2EREAETILE fine-tuning TEDICHZEL DA R
F DB IR EZL ORENFET 5. 22T
AR T, BERD XN BRAATEXALLTH S
GPT D k57, EboEANDOH#FmEITV, 5260
72T FAPDRICKS b—2 v ETFHITHETILT
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HBEHCHFSEE T ICTBWT, BIITO%EE R
LICHBISXAEREITD ZENA[ETH D, HoWwD
HOMREBETALES (LT LT Y X2 LT
HHRRER FIELIRE T 5.
BIMTO¥RERLBE LEVWIAETOFME
XA TFE Y LT, TIGS [9] ®° DELOREAN [10],
COLD[11]1 3T Bh3. LiL, ZhsDFHEE,
RELDT=DICZL DRT v TEBEL LD, #
BOBERMLOEREITO DELD B EFIHE IR b
MRKEVWE WS N H 2. AMERFIETE, HD
MRSFEETADERFHICLDEEL TV -
7Y DEDHIAARY MVETER L, BINO¥E % %
By LROWHRBISXAEREZITS. BRI, REO
XD =T veDad A VHEMUERETANES
FTERM—=7 OMBIERICMAST S 28T, Zh
FTOX YL ORFEME L & D ICRKZOXEER L TH
MXEERT 2 WS HilikbDTHD, @HEDLE
oA L [FFDOFTE I X P TAERZITS Z
EMTED.

FERE, 1| XOHEXH 5 7% % ARTDataset £, 3
SLDOHIEISE D & 75 % ROCStories D2 0D F— X+t v
k2 fHH L T1T77% - 7-. ARTDataset = ffifH L 7= 55k
T, 872 LHRSXXAERDTITFIETH % COLD
¥ DELOREAN ¥ Ot 217\, BHEIFHEC BV T
REFEO—EOEMELHR L. 2512, §tHE
2 2 b DHET%H DELOREAN % COLD 2 kbXT 100
Bl EEHETH % Z & ZhEFE L7z, ROCStories % fifi
F U 72 2B Tl e TFIE & RIS o Hh S AR R
WHIBRATRETH 5 Z L kMR L, SHBROMEE X
D BHREIC L 7=,

2 BOEHAE

TIGS X AR EHRZFAH L THEXDORZ bk
REL, ZFNEBENT PVICHELST 2 Z 2 T
M Z4K S 2D THS. DELOREAN (3@ D
E{ZHE T 2N E TOX & Okt % fRAE 3
BT THRL, WERRIZED Thh oo ciHlfyE
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3XH
Because it was my dream to have a cat.

new -3.13 cat 1.91
car -4.22 dream 0.88
little -4.42 new -1.52

job -4.43 dog -1.84 %

Adlg-ﬁﬂﬂﬁﬂl-h;

| jumped for joy. My mother said | could have a
1%H ERE LB

BE1 R2T olIfi#. 1 3XH & U T Ijumped for joy. 3, 3 X
H ¥ U T Because it was my dream to have a cat. 35-Z 11,
FEISC 2 LT My mother said I could have a ¥ THEK X 4172
FED score DE (1 =7). BCEIFEFFEE T NIC I jumped
for joy. My mother said I could have a % A\J1¥ L TH X score
218 %. UK U Because it was my dream to have a cat.
CEFNBZR L2 e DaY A VELEORKEI A
IR R LELES e THERSHMERE LS
AR 21T S .

5325 zZeT, PRIXOERZFHB T 5. COLD
3, TALF—R-—XEFAVEHMHL, ZhicZh
FToXre —EBWERH D, mEOXE D —EHED
BB EMAT S XD REEREEATE
THHEXDEREFEBHLTWS., I0H5D¥EERL
HRESCERFRICB Y 2 @O EE LT, §HEa
A MPREVZERETFONS. 5 LLBHFEFRE
DS R R T 272012, DX TIZAERNRRIC
L~ LR WHEi FIEEPIRRE T .
3 RBREFE
AWFFETIE, ERDED EANDHEHEITS HE
MIFRSFEET LT, FESER, 2Fh, &
BOXEERBLTINETOXDR EEERT 27
»DF L LT Right sentence to Text (R2T) %%
T2 (K1). ZHuE, KT [12] ZHRIXARZ X7
WIBH T 28 ATH 5. K2T 1E, word2vec [13] 72 ¥
OHFEHDIAAEFHL, 4 FHEBICEERINE
WHEEO M BHER R MX g2 2 ickh, —ULE
ITO¥EZ T 52 il A4 FHEEDHBHK %
W7=TTFAMEREZITODDTHS. 51, H
SR RICBEE S 2 e TR (141 10k 2 8, av T
FZ M RNN DANIZH L, AN h o4
INFXDDMEREZ T TR, REDXD7EER
BHEMET2 22T, &b RBWHRBSERIATREC
BRBEVHFERPIBOLNLTVS.
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#F 1 ARTDataset D

Story

1 3XH The Smiths were having holidays done of the children.
2 H The Smiths bought toys for the kids.
33 H Ty’s face lit up as he ran to the new toy, happily posing for photos.

# 2 ROCStories Dl

Story

1 3XH The Smiths were having holidays done of the children.

2 XH Ty’s face lit up as he ran to the new toy, happily posing for photos.
33X H The Smiths bought toys for the kids.

4 XH Ty’s face lit up as he ran to the new toy, happily posing for photos.
53ZH The Smiths bought toys for the kids.

FHEIHESR score(y; | y<) IR LT, mIZEDX s DD
ABrDav4 VHUERZINES I 2E X 5.
Z Z T score(y; | y<r) \& Logits {ZXF L T log_softmax
ZHEHALEBDTHD, y, Z1IXHEZNETIZ
ARSI N, y FRITERT 2 =2V OERT
3. score lZ Softmax FAEUZ T SN, KRbh—2 >~
ye OFERL LTHRET 2. 22T, REOXDHED
AADay A VHENEE, REOIZEENLE
=27 Y OEDABLE DAY A4 VELED S bR
DHDLFTBE, RDXSIT score DiFE%E TR
T5ZeMTES. £/, y(token) IX token % HFH(
YEHBABCHIFESEETLVESLTVWS F—72
Y OHDIAARNY MIVITEH L 725 DTH 5.

score (y;, sy<,) = score(y:[y<,)

+ A; - max(0, max cos(y(y;),y(token)))
tokenes

ZIT, REROXDHEDRIFEIH L DKL
HZrica THIfEIS2 2D TZ 5. FIZ, 4,=0
12 BT score’ (yy,8ly.,) = score(y,ly.,) TH D,
score DIREDHE L Z TS, FOHCHIFSIET
TR score 5. F7=, AR T 2HHEXH
N (N>2) DFE, 4 1 ZREDD 5 DS
W32 3afll, 4 =a+(i-1)x2=4 TRz
T5. Fe LT, T8RO =27 il
ABEERT 2720, BINTOYEE R LICHEAE
BHBRRETHZ &, EREOHCHIFSEE TV
PESET ATV X LITHEHATE S ZE2FET o0
5. %7, ETADMNT B score IR L, mIED
NICEENDZ R =7 Y OHDIAB DAY 4 VHH
LEDSBRADBDICA ZP IR DERLED
BRI OHMABTFIETDH L7, sFEaX MIER
DOHCHIFEREBETNVEFAFETH 5.
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3 ARTDataset D7 A b 7 —XIZBIF % R2T © HEFF
flifE SR L e THgE e DR, 25 3 oD FEF (1111
B ¥ % Reported Score T&H 5. LEFT-ONLY (2B L T,
R2T 2 [AL p =09 DY > 7Y v 7% HW5E L g
L7z F72, REBIC 1 OOYREDOHFBIXDERICEL /-
RFE 2 5T L 7.

Model BLEU4 ROUGE L CIDEr BERTScore METEOR [Rff]
LEFT-ONLY 0.88 16.26 3.49 38.48 - -

DELOREAN [10]  1.60 19.06 7.88 4174 - 3min
COLD [11] 1.79 19.50 1068 42.67 - 19min
LEFT-ONLY 0.51 12.85 3.69 38.02 1046 1lsec
R2T 135 17.81 11.63 40.02 12.69  Isec

41 77—ty kb

FERIZ1X, ARTDataset [15] ¥ ROCStories [16] D 2D
D7 —Xty MR L. ARTDataset 1%, F& i
L CHIESCAER 21T 5 JeATI%E T & % DELOREAN,
COLD DFEBRIRIE & —H( X &, Reported Score & D
R 475 HRYCER L, ROCStories 15T FRiE L
[ RR ISR D SCA BT S FRIR P E D> & 8
5 HMTEH L.

ARTDataset 1Z, ROCStories 7» 5 X7z, 1 X
HE 3 XHIZNIET % Obsy, Obsy ¥, ZTDHRIL
TH32XEHIIHIET S Hyp REBPEENT—
Rty b TH3 (1), ADFa—=rT7D=-DK
AET— & (7252 1F) %, FHEiODT AT =&
(14313 ) ZfEHE L 7.

ROCStories I, SXDIAEYELYARXF—1 —
Mok BT—XEy hTH2 (K 2). ROCStories
Winter 2017 O£ 7 — X 52,665 FD 55, 7 X A
12 1,000 BEEHH L7=d DEMEET— & & LT
L, EoRMGEET — X 2Rz 51,665 fFoH» 6 5
YELZ L0000 EEHE L DET AT &L
LCTHEALE. 7, ACLTF—%ty MZHL 10
B4R AR & GHEi 2TV, Z DO ERERY L.

4.2 FHEEIR

7 17 W %% [11] = 2 % 2, BLEU4 [17], ME-
TEOR [18], ROUGE [19], CIDEr [20], BERTScore [21]
D5 OFFHEfEEYLE Uiz, £/, AT FA MO
3-gram D% D iR L % H| % Repetition Percentage (RP),
A& B DD 3-gram & AEKT F 2+ D 3-gram
DEHER %W % Overlap Percentage (OP) D 2 D % g
IcEAL .
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4 ROCStories DT A b T —RIZBIFBFRD gpt2xl &
R2T O H Bl D 5.

Model BLEU4 ROUGE_L CIDEr BERTScore METEOR

LEFT-ONLY 0.22 10.35 4.85 40.49 10.00

R2T 0.48 12.50 8.32 41.79 10.43
]

4.3 EERERTE

BATHIZE [11] 2B 12, R—RADHCH RS EE
ETFTNE LT gp2xl ZFH L. BEL71rTY
ALELTEp=09 DB > 7V 7 [22] ZfEH
L.

XD DHEFEIWLIWE, ntk 74 759U D
sent_tokenize % FH W72 ((F 8% A). kB, F— X
ty MVET A ((FE8EB) LT 370, &
MENZTFAIDL1L b= EBVYV A RTHS
BZEE, HIFRL X ORIEGDHIEZIT o TW0d. {5k
ARREIDERINLFZHZMHI2ZRNTF R MH
AR INTGEX, EREND EFTHEDIRLUARE
Tolz. F2, ADKELKRDE, REDOXITEY
T R EREINTZTFRA NI LTRT LK
WE WS EPEAE L (1=1012BWVTIX 0.2%FE
EOMR)., ZMLT 572DV A4 K =2
YORMICEDL ST, REBEOIIH LTIV AR
N—=2 BN
ARTDataset IZDWTIE, MEET —RIZBIF 2GR
(5% C) 225, 4, =7 ZERH L, ROCStories {22\
T, (a,b) =(2,8), 2F D (11,12,43) = (2,5,8) &
BRHLZ (T8 D).

5 fEER

ARTDataset 3% 3 i3 DELOREAN ¥ COLD O Re-
ported Score £ AFTER2T DT A b TF—RIZBIT 3
FifERTH B, Zh s, BEFETH % R2T
X, RO gpt2-xl & LbRTHIRISCAE R D B BhFHiiA 2
THEBINTWVWE I b5, /-, ETFHEL
COLD % [t#3 % ¥, CIDEr ZFRW\WTE 3 H DD,
CIDEr (B U TI3SeiTFE 2 RiEIC EE - Tw 3.
F7-, WEWTHRS Y, BERTScore DX EMRIZILAT
FEOETHEETHZH DD, BLEU4 ¥ ROUGE L
WAL TIERETH 5.

CIDEr KBWTREFERT AEWHERELZ R L
TW2H B LT, CIDEr iX TF-IDF ¥\ 5 i 7
FRAMTEY 2 HBMERZZE L7 n-gram O —
REiHEL TWE ZenEITFohs. RTIIRED

1) https://www.nltk.org/api/nltk.tokenize.sent_
tokenize.html

This work is licensed by the author(s) under CC BY 4.0
(https://creativecommons.org/licenses/by/4.0/).



#F+5 ARTDataset DT X k7 — RIZHIT 3 R2TIZ L A4 3 wH ¢ L@ HEL2 KFTHFALTWS

1XH 3XH

BT F A b ST XA b

Aurelia was given an ice cream maker for her birthday. She began brainstorming a new ice cream recipe. She liked ice cream.

Matt wanted to travel.

I was born in a small town. I was buried in a small town.

He decided to stay in New Zealand forever.

Aurella loved ice cream.
He took a trip to New Zealand. Matt decided to travel to New Zealand.

I was a small town. I grew up in a small town.

6 ROCStories DF A b F—&ZIZHBIF 3 R2T I X BARH. 5 XH & OH@EHEL KFTHRFAL TV B

1XH 5H BT XA b

W7 X b

The boy teased the The girl gotin trou- He began to be bold. He got up in front The girl got mad. She punched the boy.

girl. ble.

Yesterday I went on Then I ate it.
a trip to the islands.

of the girl. She got in front of the boy.

The boy told on the girl.

I wrote a profile of the island I visited. I I went dee]i) sea fishing. It was very fun.
finished it. I went to the hotel.

I caught a large sea bass.

XIZTFET 2 b — 27 > o W BIRER & 53 il (1) 2 38
XETEBD, BVEEBCEAREEIHIT 2580
2\, Bl Z 1 EFR 5 D New Zealand ¥\ 5 HZE I fthD
YIRE I HBBEE MR WD, BETFERREZEOLD
HEOHBEMEREZENX T2 T, TOL5R
HBHEEORWEGED FHICTHITETWS 120,
CIDEr ¥ EWVMEZZER T X TW5. n-gram O—FHHE
WEIATFIRICHARTERCEB E LTiE, FHRi2EEc
IDERBLTVWELL S LWVWT X NDERKEND
score DMREIWCIDBPLTWBZeEEBE LT
#ZZ 51 %. BERTScore DSCITFIEIC LR TESE
FEodELrRonkro - e L TEREEBEDOX
DEER VNI eREZLNS. BHFIETIE, T
DHCOHREEETNVOEERSHMZEIST a4 v
MLEZRELEDLETVWIDT, ABKELRBIC
DIEDIRLEINT 22 Y ORMENREE 2T L+
DCREDY DB RD D RN TERPoE
EZzoNhb. ZoOMEITTTOHECHREEET LD
WO LR E X OIEH T2 TRINTE
LA[REMD D 5.

R 2 B IREE % /% £, DELOREAN %° COLD
BRELDEZDICZLDAT Yy TERLEY $ 57
%, GeForce RTX 3090 125\ T35 5 &5+
e 3250, REFIEICBWTIEED gpt2-xl
W& BEPSHENDHEGRIC D 2R L FIREED 1
MTERIET TS, 2D ehb, BITFECE
AT 100 FEF EE#EICHEXERATRETH D, &
DHEO7 PV r—a VIHHLR T RBZ L
PHEINS.

£ 5 7% ARTDataset % JTIZ R2T IZ X D AE X 7z
EEOTFXFAMNTHD. ZRTIFAMBREDOLL
DI ML NIGEI, T OFIEXRHICEINNE
edbhrd. 2 2Oo0HOEREZ A2, kD
EPSENDHER CTIIERINLELo/2THAS
New Zealand ¥ \» 9 BAR 2 RAT A IE L < AR E
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NTWdZehbhrsd. 7L, RoHACHIRSE
ETADER L TWESGENRIE L IR EZ AL
CHEBIN BRI a3 4 VEMERMEL TV
DT, Iwasasmall town. D X 5 72 Y] 75 S H A
MEN 25505 %.

ROCStories #*4 XD, HROPHEZEKT 2
BEIWTOWTHHED gp2-x1 1T, FRISCAERD
HEFHMHX S THEINTVWE IO 5E. X5
12, BECCH) 6% ZHISUTOWTIE, HRESCER
B B A TIGE [14) © FIRRIC, REDSUIED
CRONRBROXDHEZHRDZ e TED ROV
FMISCAERRDAIREIC /2 5 Z 2 /R LTV 5.

72 6 5 ROCStories % JGIZ R2T 12 & A X L7z
EEDT ¥ X MTH 3. ROCStories I3 ARTDataset
WHAR, BAIOX E iR DOSUFERESH D, HfEI
DOHHEENEWV. 07k, HMICREOICEE
Nrzeb—7rreoayA VEMUERZELAEDYES
723 TIE, RO RE OSSR LEKRIC—E L
TVWRWEBADPZ W e bh 5.

6 HHDIC

AR TRELE D D 228 £ 7L OFEO M E % [k
T 57202, BIMTO¥EEZLEL LRWHIRSCAE
MFETH 2 RT ZRRE L. FERickb, HE)
B W T RT RO HCRIFSEET VLD
RS DERBE NI AE N L%, SATFRICHR L
T EaX PP vcd b o3, FHiifsE
CIDEr iIZBW T RKIBRUENR SN Z 2 R EH
T2 HRESAER DO FEE L TORRERE R L. &
‘e LT, Bfficadf YEUERELEDE ST
TR ICOMERN T Z X D RRINTER L7257k
WEoTERBET AN OXFTXERENETELL
TeRRISCERFIEE L, REOLE DEKRR
—HMomEZzBIET TETH 5.
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Story

1 3XH Amy was shopping for new slippers

2 XH Amy found the comfiest slippers of all time.

3 XH Amy ended up wearing the slippers until the sole fell out.

8 ARTDataset DMRFET — X I2B1F % R2T D A; DIHIC

& % BRI O R
A BLEU4 ROUGEL CIDEr BERTScore METEOR RP OP

O(moctrl)  0.38 12.96 3.89 38.09 1045  0.03 0.49
1 0.70 14.03 437 38.44 11.39  0.04 0.63
2 0.45 15.26 5.15 38.96 11.75  0.05 0.90
3 0.00 16.18 6.47 39.26 1217 011 1.22
4 1.05 16.79 7.50 39.65 1290 021 1.93
5 0.76 16.85 8.17 39.84 1249 0.63 3.45
6 0.75 17.87 10.15 40.12 12.96 1.11 523
7 1.27 18.08 11.85 40.36 12.67 1.74 7.72
8 1.22 17.88 11.87 40.12 1240 234 933
9 1.22 17.46 12.59 40.23 1193 299 11.85
10 1.17 17.23 13.06 40.25 11.80  3.30 13.33
11 1.15 17.46 13.61 40.29 11.88 335 14.29

A —XDES

EroEANOHmEITS HOBRSEE T L, BE
DTFANOHERENTZ2DATHL7D, DX
XD EZHET 2 0IFEELRMETH S, RERT
i, BEOXOREE 20 V=27 VAERL, TOERIN
727 ¥ A nltk 74 77 YD sent_tokenize IZ L D, 2 X
BlRienpdlan, 2220 1 X2 V=2 YU ETH S
Bacrhz—Xre A3, Hle LT, "Ihaveacat.”%
AJTe UL7z& ZIZ, “Itis cute. The catis..” &\ D XHHE
N5 E, “Itis cute.” B2 RO—L LT 5.

B ARTDataset lcH |7 3 [EIRE

ARWFFICEBWT, 5 4 § T H L 7z ARTDataset D
dev-w-comet-preds ¥ test-w-comet-preds IZDWT, K7 D &
512, BV A RRPEYNCEE LRV T F R B2 KRD
19 RERZT 5. AFIRICEWT, VYA NHANHE
YNSHFEL R WT F A M2 AN LTEH X HN7HRITK
DE—27 e LTEUA FEERT 2LENRZELN
7z. Z#UZ sent_tokenize I &k D 1 b =27 Y HEX DG
HENTLEIDDD, | b= VDo RDBZXTH D7
DAERRIIBIT 2 —XDER (T8 A) AN TLES
», BEAERSTOI, L—TIKE 2. 22 T5H
BERINIHFREIYXD 1 V=2 YEHRE VA FTH B
BREEZNZHIBRL 72D B I OMIGDHEZIT>TWVD.
Z NUd ARTDataset DIJLD 7 — Xt v +TH % ROCStories
(ROCStories spring2016) 1Zd @3 2HETH 5.

C ARTDataset IcH|lTD 1 DRE
FSORRED, HEE LTREUTERSNS.
«BLEU 4: 1, =7 £ T
*ROUGEL: A; =7 £CHINL, LIBERAD
o CIDEr: A, O Y ¥ H ICHF
« BERTScore: 1, =7 £ CTHIMN
*« METEOR: 1; =6 £ CHML, DIERAD
* RP,OP: 1, DN E ¥ HIICHFH I8
PEXD, 1y =7%2RAL-.

— 2407 —

F+|9 ROCStories DIGET — X128 % R2T D (a, b) DIE
12 & 2 BEIEHMGiOFER. BERTScore 12 DWTREIET B 7

(&5
(a,b) BLEU4 ROUGE_L CIDEr BERTScore METEOR RP OP
(2,100 047 12.72 8.71 42.02 10.31 4.09 3.73
(2,8 046 12.90 8.9 42.01 1072 322 297
(2,9) 043 12.71 8.64 41.96 1042 3.68 3.34
(1,10) 037 12.51 8.97 41.93 1046  3.18 3.46
(1,9) 047 12.54 9.07 4191 10.65  2.67 3.03
(3,99 049 12.79 8.54 419 10.08  5.30 3.70
(3,8) 051 12.89 8.57 41.86 1028 472 3.34

10 ARTDataset DV E DAL T — XIZBIF % R2T D 1
DEIZ & % BEIFHf D F5 58
A1 BLEU4 ROUGE CIDEr BERTScore METEOR RP OP

0  0.00 7.06 8.89 39.35 5.81 0.06 1.20
1 0.00 7.39 9.73 39.57 5.63 0.00 0.32
2 0.00 8.63 8.47 40.33 6.31 0.00 0.44
3 0.00 8.92 10.02 40.61 6.04 0.08 0.90
4 0.00 8.96 11.50 41.02 6.13 0.00 1.48
5  0.00 10.00  13.78 40.66 6.78 0.89 2.94
6 0.00 10.67 13.30 41.49 6.31 0.94 3.56
7 0.00 10.18 11.99 41.39 6.14 1.40 2.13
8 0.00 10.88 1391 40.63 6.26 431 441
9 0.00 1073 14.12 41.64 6.66 4.37 5.96
10 0.00 9.04 11.08 40.90 5.57 3.54 7.10
11 0.23 9.61 13.51 40.31 5.72 6.04 6.53

D ROCStories IcH1T13 1 DRE

ROCStories IZBWTH R XIE 3 XTHEDT, A4 =
at(i-1)x5E 5, (1,4,43) = (a, 4L, b) LB EHZ
BIENTERRD, 0 (a,b) DIEEZRETS. £9 &
D (a,b) = (2,8) LIREXN, (A5, 42,13) = (2,5,8) B
L.

11 ARTDataset DT A+ T—RIZBIF 2P EDF— X
v PTIREZ N A =6 B L7z R2T © HEIFEHT D

%t
AR
A, model BLEU4 ROUGE CIDEr BERTScore METEOR
LEFT-ONLY (1; =0) 0.51 12.85 3.69 38.02 10.46
R2T (4, =17) 1.35 1781  11.63 40.02 12.69
R2T (1, = 6) 1.16 17.15 9.82 39.89 12.27

E DPEDIRIET—RICE S 1 DRE
AFEORSEELFHBE LT, #2845 L TEHA
RERZ BT TWVWED, A ZHYIRHEICHEELRZV
C, MDIRUEIMLZD, RS TRLUEREE RO
ZHAEEERLTLES 2 EZILNE. AIFFETIXA
DEEFRET 572012, 4 HilcBWT, ARTDataset D
dev-w-comet-preds (7,252 ) ZfEHLTW5. LHL Z
NEIOTFT—2ty VEED D Z L HEKICI R FHARE
3 5. % Z T dev-w-comet-preds D2 5 7 ¥ X LI
L7220 B/ NRBE 7 57— 22 v bR L A OIREERAT
W, REBRTRUZEEFHMEiOM e LbgE175. £ 10 X
DA=6 LIEZN, ZhETRAMF—XIZLDFHMT 3
ERUNDEIWCRD. KX THEHALRZ A =7 DMHRE
Y LE# 3 % ¥ BLEU4, CIDEr Tl 85%fEE DMEREE/RL
ROUGE, BERTScore, METEOR TlZ[AREDHREE R L
TW2., Zhbhs, PhEwWF—&Zty FREHLAD
EEZELTHRE, R TRLUZEREE EHUL 2%
HEERT ZEDAJRETH 5 Z L DR I Nz,
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