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SHEETVENEG R T X X MEREATREY LIRIA
WA R Z 7 IR E TV S5, ZOHINEHEIC
ELWERRLZW., 2070, EEBEIZEZSEET
MK TERINZTFA N FEETRET S
ERDH LM, TR O 21EETH S, K
RTREESNLXEDOTF A M 2EXHZ 22X
7, BLUOEZRZOEDOESTFIEOIREZIEER
T3, BEFEIEEMI 20T F 2 bR
HAL-SEBETVvEENAT 29, BiloET v
DFEPT =Rty VepHErETTFA I EEES
iz 22 TES. ERTIIENEZ R L BIER X
AZZBIBARFEOEMNEZFEM L, text infilling
E 7L ¥ paraphrase ET L ERN—ZX 71 & LTl
BL7% REFHREIHE L ZHEEOmGIZENT
N=2F A4 % LAY, HXWZ XX 70BN
SRR L 7.

1 IXLHIC

W, SEBETNLDT F A MMEREE IR
SE XN, Z OG0 S BEMEIER S S H
¥, Fryv bRy PREDIRIEVT F X FEREZ R
WA TWS., LaL, SHBETILICE-T
ERENTTFAIREICELWE B S, Xk
IR D R HRE L BRZNEDE TN 5 ATREED &
5. ZOESRMEDIS, SEBETADER LT
FRMEAFICEORIET 2REND 55, i
AZXNDLDREETHD. AFITEE27FZA+D
KEE, (H#EY Z2E8BIEXBORE, Q) FEL
XEOTFAMDEFEZRZD_ODRAT v FITH
Fehd, Z2LOEE, (1) DBIERXBIZERKKIC
T, Zoa X MIHEI/NZ W, —75T Q)
DT FAPOEFEZHZZEEN R T X TH D7
», ZDa A MILEPKZ W], LEd>T, (2)
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DEZMZPIRIEICLPZ AR FDOREE LD S.

AT, RIEC»22 a2 bOHEEEME L
T, BBTETADPERLEZTF A M EMRIC, fBE
LXK 2EERMZ 2227 2BET5. 2L,
RERZTHRE T 2FBET ML, EWNCRERR
YOREDRAZIZHUTHF A MDERE BB
CLEEHEETAVRREL, EszonhlTF
AMIZFEDRAZIZIGU-RMEZ M THERD
5. PlziX, XEHEENEITO>SEETNVDOERL
TERAMEMFICLHEESHmZI T, EEHEIoN
2T FAPNDBANXEOENTHELERZDHD. %
D=8, — RIS S —EBRE LT F A b
0)/\@?5?) %17 5 text-infilling [2] X°, 7 F A b DEK
EEZTCRIPXRORELZ TR MEERKT
% paraphrasing [3,4] L IZ X X7 OWHEBER S, %
7z, RO 2702 LTERT 256, #H0OH
XPZ MO OFHTHROIBVD DL EXRGTHE
HAThH3. 22T, AR TIIEBOESRZ 4R
L, ZOZHEMLFHGT 5.

TR LT XS ICRETH2HEH MR AR, FE
DHINICH > 7EEMZ T XAV EERL, 25
EEFADERLETF AN LOREBEORBEOE
EHZEWMORDERD L. b OBEMR- T
DI, REFERITTOTFAMNERL-FEET
NeHAHAL, —RNREST LIV ILTDHS
Beam search {55k L TIEE O E =12 X IcB W
TEBOE A EMEERT 2. SEETLVOH
FMEAKCEDY, TORMIZIE72EEMITFA D
ARERIET 3. XHIZEEBETLOBEMAIIZ
BIMOF =&ty bRETFAEZREYL LR WH S
» 5. F 7= Beam search DILIRIC & D FE =1 2 XfH
DERFTIZH DT XA M ERT M52 5 2L
T, TOXRE BRICEDP 2 HEZMMZ TR POAE
ZRIREL § 5.

FHERTIX, BRERRD 200X 227128V,
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X2 EHOMREE F M2 BRMOZHED 2 2
DBR D il To 7. "= 574 YFike L
T, text-infilling 12 & D F XX %175 BART [5] &
paraphrase 12 & D & Z#2 2 %17 5 DEllteraTeR [4] %
REFIE LB L, #ERFEI XX 7 EH DR
ZHEOHHICBVTAR—2F 4 > &b BN
AEZ R L7z,

2 IR’EFE
21 RARIVESE

RETLZ2EEXMIRAI %, SEETILVDOERKL
727 ¥ XM EotREINZKECH L THEE#HZ
A EERTE2X2RA27 LTERILT S, AKX R
J DA, FEDXAZ THEEINLFiEET
IV, BBETNAVANEINTFRA N, FiEET
ADERLTZTF AN O =]oy,..., ol BXUWo £
DEZWMZXM (s,e) £ T 5. KREXZAZ DN,
[0g, .., O] WD 2 EZMZ ML 55, LIET
X o1, ..., 05-1], [0s5y..., Oc_1], [0e,..., ol ZZEN
Zh, prefix, target, suffix & L, prefix & suffix {33
PR X DORIZRD T F X b, target [FFEZHZX
MICEYTA2TFAMNTH .

2.2 Suffix-Aware Generation (SAGen)

—fic, SEBET VLD LANBERINT —2
YEAERL, (eos) BHNIEINZ EEREKRT 5.
TR EDEZ SN TXEOF =2 x4
KT 2856, WX s2EXHMAEMITOT X A
F DHIEZDO MR E HRICORBZMEDLH S, L
L, gL 511z, BEBETVIEELLAAL
BT 5720, ERFFICERADXXIREE R L.
fhERe LTAERSNI-HE X MR ML, B d 25X
L EFLERS V. ZOMERMBIRT 372512,
F & 1% (eos) DIH DI suffix ZH I L THEEE K
T ¥ % Suffix-Aware Generation (SAGen) Z#2R 5 5.
SAGen 1, BIZIZT v FI2BWT, UTFD LI

suffix ZENT AR a7 AT 3.
P(suffix|w<,)
=HP(oi|w1 ..... wt,l,oe,...,oi,l)ls"]Tx\ (1)

2T, PRISEETLVOERR T, we, 3R
t ISR XNz b — 27 U5, |suffix| 1 suffix D
P2 ETHY, RavoFERIbicHwSsRS.
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23 HHDREICHTSIX

SAGen 1%, (eos) DX DT suffix ZERTEZ ¥
T, BEBxMIONHIIORER sufix 125 5. Z
X, HAOZURIC LD, SGERICTIEREIZ LT
DS ZAREMDN D 2 720, T o DHERE % Ok §
27D FORHEZIRET 5.

2.3.1 Length Adjust (LA)
BEXMZZZA7OEMNIX, TOTFA L EE SR
ZABTHFANEBENRTZZ2THD, FLAEDY
&, BEMZOFMETTF A FOEXFEML TV
%. Length Adjust (LA) 1%, X (1) THR X 417z suffix
DAATIZa ZHVWTUTD X S ITEAITZ21T
W, Rz HIET 5.

P(suffix|w<;) = P(suffix|w,)® 2)
min(t — s, |target|)

[target|
@ ¥ a. XFENEFN, o DEKAMEL B/MEEFRT
AR—NRIRA=RTH 5.

a=a + (e — ay)

2.3.2 Word Joint (WJ)

SAGen 1% suffix & STERNCER SR WX S %
EWRLTLES 2 H 5. 20U, suffix DILIH
D=2 YDERRAAT Plows) &, (1) &D
MICTREDI D B 7-DICiEZ B EZ NS, ZDF
NEMED 372512, Word Joint (W)) 1Z, suffix DA
DR R a7 ZFH LT suffix DERRIERE XD X
ITHHIET 5.

B(suffix|w,) = {P(sufﬁx|w<,) P(oclw<r) = d 3)
0 P(o.lw<) <d
Z 2T, diEsufix ICBBZ 0D RT3
ETHDNANR—RFGXA—RTH 5.

24 HAODOSHMEICEATSIIX

EBROEEWZ S AT LDL—AF — AT, #
Bomzt g, 2odhh ok DrFH)
TERT B HENEZ 5N S. £ 2T, Beam search
(BS) 12 SAGen i3 5 Z & T, suffix THbD D
BEDOEMZNBICER TSP TES. L
ML, BSEEEICESWTEMEERT 3729,
Y — A RCHEM U -l R S N A ER D 5.
Diverse beam search (DBS) [6] &, ¥'— A% 8D
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N—TWHEIL, Z— THEOFEBNEZ KIS 5 il
#ick b, BS OO ZMEZRET 2 FIET
H5. TITDBSIZEML TEMEORS DZER
HrRETIZHEY — 2H5E (DLBS) 2R T
5. MRALBEIOBMEZERT S, FEH2
REDIEIMDBEIPHIFRICHY S 2 7-DEHTH 5.
DLBS 37— g IZOWTH (2) D o ZEET 3.
min(z — s, B, |target|)
ﬁgltarggetl : @)
ZIT, B E =T g o ExRGIHT 285
X—=RTH5.
3 RERERE
e A2 IBER ERICBII 2B EMI X271
Wbiflte. £3, FXAZOEEET VLB HA
PHET . HFEHAXBEOBE BT 2729,
SCHED B 20% D HGE % prefix, LR D 20% % suffix &
L7z, DD 60%rHFE MR, EXAZITHT 2E
XA Z DE Y % B L 7z
BMit3 27—ty P FiEETN: BR X
A7 DMEETIE, 7 — &+t v bIZ WMTI9 En-
De [7], BREE T /LIT ‘facebook/bart-wmt19-de-en’ %
FWTHERLEY. £/, B X227 ORIET
X, 7— &+t v FIZ XSum [8] B, SEBET LI
‘facebook/bart-large-xsum & FW/=. EERTIX, &
T—Xty MZEFENDdevty FEtesty bD
FEEZDEEMHEHL .
a5 B & % R 7 O VERE & FEAl 3 5 BT fifi 45 4%
¥ LT, EHIT1X ROUGE 1/2/L [9] &, BHRIC1Z
BLUE [10] ¥ Comet22 [11] 2 L 722, Zhso
AaAT7NE, BRAZDIERX e HFZMR LMD
BICEST 2. £7, ChaGPTY ZFIH L 7= 35
fC 3 % ChatGPT-Score d iRET 3 54 . =Xz 6
O ZEEM =T 2 72D, ER S -
M OFELE %G 8H % Self-BLEU [14] % H W\ 7=.
Self-BLEU 2MEWZ Y, ZRHMEIEVWI & ZRT.
HExMmz it zoEETHBIENITBVT,
prefix & suffix ZREF LRI NXZR S22V, Z Ol
W LU72E]E& % Constraint £ L THRE T 5.
1) FEHZIIHGERATITO OT, 3 HEERIMOCEIIMGE
NSy SHAVAS
2) ZhBDFEEFITRT, Evaluation by Huggingface D7 7 +
R e RTRX—X—FFH L.
3)  https://openai.com/chatgpt
4) (12107 ey 7 @R, (13107 ay g

OFHMEICHERL, 7 —&Xty 55T 2 & AI12 100 D
B> VR TEIR UCEH L 7.

Qg = a5 + (ae - a’s)
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R—=RAF4 Y R—=2AF7 4 »EF )N LTBART[5]
¥ DEllteraTeR [4] Z i\ /2. BART (33 Z 44 2 (&4
% Text-Infilling X XA 27 & U TARK L, DEllteraTeR (&
X4 2 (FER % Paraphrase 227 ¥ U THERT 3.
INLDETNVIE, ZOEBRTHEHAINZT—X
ty PWRERSZTFT XLy PTEFINTVWS,
HE T B ESTFIETIE, target LRI TF A
FOEEARINS D, EERIEMEERT S
PRIZIZ BS RMHERNRESFEZH VLI HEND 5.
FKAIEDLBS L LT 2720 DR—RF 4 2 LT
Sample beam search (SBS) [15] ¥ DBS % fif o T35
iTo 7.

NANR=NFG R =& FREITLA DINT X —X&
T as; =05, a.=0.1&L, DLBS D857 X —&X 7%
B=108,091.01.1,12] £ L7 WIDNRTIX—Z&
BEWNAR 7 TIEd=1e-3%, BIRRZ X7 Tk
d=1le-4 ZfH L. BEFRICIZY—L4IMHEEZ B=10
cL, YV I% B k=50 DLEIZ, TIL—
TH 4R g=5 LTEREToT-.

4 R

XSum TOFEERFER (£ 1) 1X, SAGen 75 ChatGPT-
Score 125\ T DEllteraTeR ¥ [A%TH D, Self-BLEU
KBOWTHRANIRDENLTVWE I Z/RLTW
3. X 5T, WMT19 OFER (£ 1) TlE, ChatGPT-
Score ¥ Self-BLEU D[ /5T SAGen D3 b EILT W
%. BART & DEllteraTeR 1%, prefix & suffix % /]
T AHRNCER T 5 Z & 23% £, DElteraTeR D H /]
DFIHRI 2T LT Wi o 7z,

EELDF— Xty MZHIEL T, BART i
F1DE % Filli3 % ChatGPT-Score A3t X b M)
DB otz ZHUX, BART O S W Z 7= H st
WCHELR2EA2S, ZOFWHRIITTOTFA L
DTEEEN K E L 7o /2720 TH 5. DEllteraTeR 1%
HAOSEOEZEWD DD, ZHEMEBEL. h
Y A FOBMPHGEDHIBRR ¥ D/NX I ZEHE
20D THD, TOZehrbEEIRZI XA 12E
WXV bhd.

Self-BLEU 123\ T SBS (X DBS ¥ Lb# L C,
XSum T 27.13 A >+, WMTI19 T 30.04 KA > k
WML, 2225, SBSIZZMHEMEDETDBS &b
HoTWdWnWS Zehbhnd., iUk, SBS H#

5) DElteraTeR ¥ 5 DOMREER K 72 EHL T, TD XS
WEWRZ 20%18ET 2. XZOH T style B FEEH L TR
WRA 7 THolzlz®, style &AW1 % FHET AN 5.
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ChatGPT-Score

Decoding method RIO/IZJ/SE Self-BLEU  Constraint
Rel. Con. Flu. Coh.
no-rewriting 8.53 9.60 8.21 8.47 43.82/21.76/36.29
BART DBS 343 7.50 7.02 6.33 26.67/10.58/23.03 58.38 0.11
DElIteraTeR DBS 7.72 9.32 8.04 8.05 35.07/15.03/29.50 61.86 0.50
SAGen DBS 778 9.24 798 8.05 40.30/17.51/32.39 46.46 1.00
SAG SBS 7.94 9.39 794 8.04 41.81/20.04/34.29 73.29 1.00
e DLBS 777 920 796 8.02 4031/17.52/32.40  45.39 1.00
Decoding method ChatGPT-Score BLEU Comet22 Self-BLEU Constraint
no-rewriting 89.20 80.89 39.84
BART DBS 32.61 57.46 8.38 57.50 0.65
DEllteraTeR DBS 73.27 73.81 17.00 57.57 0.49
SAGen DBS 81.46 79.62 29.77 48.42 1.00
SAGen SBS 82.69 78.22 38.92 78.46 1.00
DLBS 79.68 79.44 29.64 47.71 1.00

+F1

XSum T D EBFE R (£) WMT19 T O EBKE R (F). XSum @ ChatGPT-Score & relevance, consistency, fluency,

coherence @D 4 D DB T 10 RS TFHi L7z, SIEETRDEN/Z X3 7 % bold TR L 7.

%mmﬁw@ﬁ%ﬁm?ét®,z:7@%me—

DFEB BT, [ FEFRC 7 X b3EHH T
éh%t@f%%.it,mBMimm;bxwm
M 1.07 KA > b, WMTI9 25 0.71 R4 > MED» -
72. ZHuE, DLBS 23t 1% X HIcZ RS 2 50R
MHdIeERLTVWS. —7, WEICE S 2 5
RET# % ChatGPT-Score | WMT19 TiZ 1.78 KA
Y METFULED, XSum IXIIERUCTH-7%. 22
MOIFLAY DA DBS 2L, ZHEL XD
HERGEICOADLBS 232 2 L Y TH
5 Zenbhrsb. FHHFHICOWTIE Appendix 7.1
BRI,

5 PBhHEAZR

Text infilling [16, 17, 18, 19] X 7 F 2 b DR EEH
DERERT S RRAZTHS. Textinfilling 1ZFFE D
XEDOT7XF A P 2HEZETEEIRTHRLORERE
FTHREXMZRZZA BN L TWS., — /5T, Text
infilling & J& FH D SR D & % F| H L"C7‘5\"7\ DR
BT ERT 2 DI L, ADXRAZIFHE =
AMBDT X2 L ORMEE2T L S ICEKT 5.
JEF O SR & BRI KD W SCE R BT %
FEE LT, 211, EAMEFEHED 2 DODEEE
THNEHWEFEEZRERE L. SAGen XMEEFEE
JHRTAZETIAZEBLTED, BIoETV
DFEPT -ty NEQLEE L.
Paraphrasing {3 &7z UF1% [20, 21, 22, 23] £ 2
flid D 14 (24, 25,26,3,4] 12571 H41 5. Paraphrase
RAVIIMEBDOT F A M eEFEEHZ 50, ReADL
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A7 EHEEWMINRBPRFEDSBET VO TH
7.9, ZOEBETNVICANINZTFRAME
BL7 L TESRIEITIENDLD 5.
BEEFREISEEIADLTF A 2AERT 344
ATH5. HEFED—DOTH 3 BS IFEAMRES
FEIDVBVWTFAMEERT 52 e MEINT
W3 [27]. EHITBS ZIRIRT %22 OFENRRE
INTWVD [28,6,29]. BADXREERET 5185
FiEe L TSAGen 2R L, ¥/ BS Dtk LT
RX%#Z83 2% DLBS IR L 7-.
BIEZEME R XEE2EL 2DICARARE ot
ATHD, NHEEHEMIH L TRIEZITSED
AWML L BINTWVWS [30,5,31,1]. ZHd D%
T, ADTRTORIEEEZITI LD b, tke
KFEEEZIT O ADMBINTDH 5 Z e EEINT
W3, SAGen 1XZ D X 5 BIRIEFICHHTE 5.

6 FL®

BAWREBEBET N> TERINZTFA D
FEOXEEEEHZ 22 271D A, WHRIX
MO =2 iz £ T 2 F1E SAGen ZHRE L
72. SAGen DERNMEEMEES 2 7212, B L BIER
D2ODRRATTHELIETHEET ML > TERK
N7 F A MR LU TEBEEZITY, SAGen 23E
CEREDETR—2AF7 4 % A5 2 %RL
7z. SAGen ¥, ETNVD¥EERT -2ty b DIEK
T2k, EREDOSHEETMTE > TERX
N7TFANEEZIMZIZINTESR2D, £14
DLGE THRIEICEHIRTZ 5.
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7.1 EHI9HR

HRAT DM ST 272012, ETALDIL
ErxkdEn A3 207 — 2 %27/ 7. XSum D
(£.2) Tli&, BART D 1IEY — A X DNE & Tk
L7-XEZ ML TLE > TED, DElteraTeR D
INIRAEMW 72 FEEHZITWE RV, —7, SAGen D
RO IE, BREHOGBICERLTES T,
3HEHOH N, 2 NOFEED TIEEWEGE) T
RN TVWB VI HLWEREZEBIMLTWS Z
DD 5, SAGen DHTNZAEL NIV TEAERH
MTETWVWDLEEZRD.

WMT19 Ol (3. 3) ITHBWTSH, BART OH i
YV — AL ¥ JelE L Tz, DEllteraTeR O H /113 &
TAZ L L CRIER WD, XF e hTtcETn
72\, ZAUE, DEllteraTeR 254 2 3 B82S "B 03 7%
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A& Four police officers were injured in the
incident on Friday niight.A man, aged
19, and a boy, aged 16, have been
charged with six counts of aggravated
vehicle taking.They are due to appear
before Belfast Magistrates’ Court on
Monday.The 19-year-old man has also
been charged with driving while dis-
qualified and using a motor vehicle with-
out insurance.

Two teenagers have been charged in con-

nection with an incident in west Belfast
n which a car colﬁ ed with two police

vehicles.

Two teenagers have been charged after
a police car was stolen in north Belfast.
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no-rewriting

BART Two teenagers shot dead in north
Belfast.
Two teenagers stabbed in north
Belfast.
Two teenagers stabbed to death in
north Belfast.

DEllteraTeR | Two teenagers have been charged after
apolice car was stolen in north Belfast.

Two teenagers have been charged af-
ter a police vehicle was stolen in north
Belfast.

Two teenagers have been charged in
connection with the theft of a police car
in north Belfast.

Two teenagers have been charged in
%onPectlon with an incident in north
elfast

SAGen

Two teenagers have been charged in
connection with an attempted carjack-
ing in north Belfast.

Two teenagers have been charged with
aggravated vehicle taking following an
incident involving a police car in north
Belfast.
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FA YD | Ja, hier an der AuerfeldstraBe sperrte
man einst Menschen mit Wahnvorstel-
lungen ein.

Yes, here on Auerfeldstrafle, they once
imprisoned people with delusions.

IEAR DRI

no-rewriting Yes, people with delusions were once

imprisoned here on AuerfeldstraBe.
Yes, people still live on AuerfeldstraBe.
Yes, people are still on Auerfeldstrafie.
Yes, people live on AuerfeldstraBe.

Yes, people with delusions were once
imprisoned on Auerfeldstrae.

Yes, people with delusions were impris-
oned on Auerfeldstrae.

Yes, people are imprisoned on Auerfeld-
strae.

BART

DEllteraTeR

SAGen Yes, people with delusions were once

imprisoned here on AuerfeldstraBe.

Yes, people with delusions were once
locked up here on AuerfeldstraBe.

Yes, people who had delusions were
once imprisoned here on Auerfeld-
straBe.
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