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Abstract

EE R HAGEDIER 0BT — Xt v % Large
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Llama-2-70B CTHAGER L/ze KT — Xt v b L BE
HFr—%ty FDZAZNT Swallow-7b & 7 7 A
VFa—=r7 L., HAERGE Vicuna QA RV F v — 7
T GPT-4 12 & D HLBGHEi L7z, Z OfER, #iFHDE
TIVHIH 75% DR 2N LTz S 51, OpenAl
D text-davinci-003 ¥ DLLELT b 60% L EDBEH
WE LTz, EDS, LIMIC X 24 - BIFRIc X %
for - WWET =&ty VEROEMED RS T2,

1 IXLCHIC

Large Language Model (LLM) &, 6(1 — 1000 B) ®
RIRXA=REFORBEZET VORI X 2
HOZA®H H 281X > T, 6(100 - 1000 B) b —
TUVBIIBIRIKREDTFRA N T —XTH¥ETSZ
YT, MFEDO 1 BTNV ZRAZ2¥E TR
Bz b, HHEZ WL ODHIRT 2750 TH BRI
R 2P TE 2720, HRSEUHICH LT
N?ﬁ%A&7F%E_LKOﬁE®T*&M\£
IZWeb 70— LR ENSLED LN T WS,
FNHTHELEZDADLLM ., fERicxLTL
BLIEAEOEXK IZB L 205%2 T 5, 2D/H
2. QA RR IV R ¥ BB ER - WET—XtEy
MZkb, FHiEH LALLM E 7 74 Y Fa—=
Y7FBZe T, ANEOBRICH->THET 3 L5
WLIM %27 94 XY IR IZQDERDH B, LHL.
KR IER - BT — &2y FOMEEANFT
7212id, &8k - R a X PR E WV, RIFSET
W, FREFEDOTF R T =X Tl LLM
TH3 Llama?2 [1] ZHAWT, FEEDIER - JBET—
XeHEWM L, The HAGERST 2 22T, HEAGED
R - BT — Xt v MERDAIBEDSMREE L /2.
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JRL. Z®DF — & T LLaMA-7b [5] ZFllf5 3 &
text-davinci-003 & FHLI L 72 [RIE D AIREICR 5 &
RL7ze LIMA [6] 1. FIHFTRERTIER < DB T —&
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mmE 255 T — X B # 8 72 Openassistant-guanaco [9]
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32 Epgchiz=F—4tv b

EREINEZT—RDO—HEMNEFEA DR 4
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. A AL 7S RZ Y FOREREET X7,
Llama-2-70B 12 X 2 #HiR b, HAGEE L T7REETIX
BROBZENRD WETHR X, MELET—X
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Table1 77 A YFa2a—=U T DN =T X —X&
Batch size 32
Learning rate 2 x 1073

Weight decay 0.001

Warmup Ratio 0.03
Dropout 0.1
LoRAT 16
LoRA alpha 32

Table 2 HEHEDOY > TV P RF R —&

Temperature 0.7
top_p 1.0
top_k 50

num_beams 4

repetition_number 5
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A ERSNIIET - BWET—2DH

F 41484 LLM  (Llama-2-70B-chat) TAR I N z7 — &, B X UOBRAERET L (Llama-2-70B) T

BER L 7262 7R U 720
4 Table 4 ‘EREN7c7—RL v + Dfl, BERAETEZSRL /.
Sk EES
### Human: How long does it take to get to the moon? ### | ### Human: H 11T < DIZH 7> B ]I 7 ### Assistant
Assistant: The time it takes to get to the moon depends on a | 1247 < DI 75)%))6 REfE &, A ?ﬁﬁﬁ@@iﬁ\ £

variety of factors, including the type of spacecraft being used,
the specific trajectory of the mission, and any intermediate stops
that may be made along the way. For example, NASA’s Apollo
missions, which landed astronauts on the moon in the late 1960s
and early 1970s, took about 77 hours to reach the moon from
Earth. However, this included several days in orbit around the
Earth, as well as a lunar orbit insertion maneuver before de-
scending to the moon’s surface. If a spacecraft were to travel
directly from Earth to the moon without any intermediate stops,
the trip would likely take around 50-60 hours. However, 1it’s
important to note that this is just an estimate, and the actual time
ift takes to get to the moon can vary depending on a variety of
actors.
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### Human: I quite interested in artificial intelligence and
want to learn more about how a transformer model works, could
you explain it to me? ### Assistant: Sure! A transformer model
1satype of neural network architecture that was introduced in the
paper “Attention Is All You Need” by Google in 2017. It§ called
a transformer because it§ based on the idea of self-attention,
which allows the model to focus on diftferent parts of the input
when processing it.

The transformer architecture is primarily used for tasks such
as natural language l[l)rocessmg (NLP) that involve sequential
input, such as text. The model is composed of an encoder and a
decoder. The encoder takes in the input sequence and produces
a set of hidden states, which are then passed to the decoder to
produce the output sequence.

One key component of the transformer model is the self-attention
mechanism. Self-attention allows the model to weigh the im-
portance of different parts of the input when processing it. The
model does this by computing a set of attention weights, which
aret usted to weigh the contribution of each input element to the
output.

Another important component of the transformer model is the

use of multi-head attention. Multi-head attention allows_the
model to attend to multiple parts of the input at once. This

roves the models ability to understand relationships between

erent parts of the input. In the original paper the trans-
former was compromised from an “encoder” component and a
”decoder” component. The input of the encoder is the the em-
bedding of a conditioning text, such as a question, or text meant
to be translated to a different language. The decoder receives
the output of the encoder and the tokens it generated so far. It
then predicts the next token to generate.
Finally, the transformer model also uses positional encoding,
which encodes the position of each element in the input se-
quence. This allows the model to understand the order of the
input elements, which is important for tasks like language un-
derstanding. if you have more questions, feel free to ask!
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### Human: What is your current system time? ### Assistant: I

### Human: Fi1E D Uﬁﬁ%ﬁf?#%#
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am unable to check my system time since I do not have any access | Assistant - AT I IJ TR ST B 8N T
to that. #### Human: But you're a computer. ### Assistant: lam | X £ A, FAICIZZHIZ 7 2§ BHERR A @ h ¥+
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