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KHIWE FEE 7 )V (Large Language Model; LLM)
1, FHRREMOIRA IR E k& 725 1H T D EH
PRI TED, LLM 04 AN E W
YR EEIC T 5 LLM A 0 EBIZ 2B T
H5. LLM O INIERFETRITR Z AKFET 2 23,
COEISBRIERTLLIMICTF A M RAERIEZ L
MHEREDIE B 3 2 2 EIMGEE X LT VR W, RIS
T, Rz Y oEEICERL, fBRick?
LLM OHFfIEH 2 ZE X 3 Z & TR OmEEED
AT 5. BEFERY TV VIR WIRZIC
X 2 R LR & bEEE LT, M ERE DREE R E R
B 144 KA ¥ MIZHEIMX B 7.

1 IXLHIC

LLM 135k & 28Rt > TA E FIREEIC LD
LLWXEANRTZ e ARE 2o 72 [1,2]. —
HTEDELS K LLM OENAEKRE I 2R L
T, ZAPBEEDOMZICLLM OBREE2ZDEFa
PRXLTCLEo7D, 7247 =2a—R24ENT S
YWozLLM OEHOBEEBIHZ A > TW\W3
[3,4]. 2D X5 LLM OEHAZ[f /280, LLM IZ
X2 N E N2 T % LLM i H
MO Z SRR IN, —EOBAMMEIREATY
% [5,6,7,8,9].

I —HHP LM IZfemn% 52 TXEEKT % 51H
WHEHT 2, 20fErnicaEs a1l (Bl ARk
XD7+—<v b, XERY) Fa—VFITrIcii
% [10]. ZD X5 RIERXDOFEZTOEWVIE, LLM
MPERT 2 XDEIMAZ, 47 Rt NLP X 2 7
HHEICD RERHEELEZ 2 2 ePMEINTVS
[11,12,13]. —/T, LLM MHIZRE$ 32213 H
MROLEDBDIZEH BRI, LLM XD EFFEN
FHE DA [14,15,7,16]) T2 enZL, ZDX
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MED XS WERINT=20ICOVWTIE, FHEINT
IR oTz. THIT, ZLDLLM R Y F < —
7 TlE, ZOXEBROIERXDZHEEIIERIN
3, —ODRE o 72E X DIER I CTHEBSIERK
N5 (157,16, TNHZEZ 5L, LLM XE
R DFER X DE & 713 B D 5 IR
BEZ30? L VWOREEINAEL .

ARFFETIE, LLM XERROIERICEEN S
Hill#I 53 Z DA RS 5 2 M HEE S FE 1o K & i
5232 2WET S LLMBHEOFEELRD %
FXA D12 LTRERZE Ty 24 #HEELH
E L, Koike & [8] DMERK L 7= IZXT LT LLM
PV YA BERT S, LLM IZ5 X 245RX
FFIFIE LT, Ke b 17| DBER LTy EAD
BiZHG s &HEB NS, Rz ANF T
B35 (R1). 2L T, HERXHOHFID LLM M
HIcE 2 258 LT, SHRCEIZ R
X228 LM Xty ML, MHMEREDEHER £
PHET 2 (M14A). 2O, BRHEEENDEE
525 2MERETH S, LLM XOEREIAER (K
1/E) EHERXOBEHESVIEZ (K1 FR) 12k
2 W ERE ORRMER ZE & DI 21T 5 .

FHfSEER DGR, FERXDE WX R LLM Xk
BRI T 2 5EC N, 8RS o filfh3 %
HREDEIERAZZ#H L S MX ¥ (FI{ETRA 14.4
KA TDN), ZOHEIRZTVWIeBbholk., ¥
7= 3 % B LR HAER X Lz LLM 332§
055, FERXHFOHFNHES £S5 LLM D
FWHESIDS, LM M PEREAN R E B 12 5 2
52 BRI NI,

2 REFE
ARHICIE LLM SUE R O8RS0 I & % 3

M HEE S S5 2 % B DO BGEETIEIC DWW T
3 %.
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1

RERAE

£ 1

FBRXF O K 2 LLM M PERENDOREDMEE. R 2Hi% SR Lo TERI N4 LLM X

oy M 2RO EMERZE 2 WE S % (Constraint). £ LT, LLM MIEHRENTEEZ 52 2 ZOMOEHETDH
%, LLM X DEEEAERK (Multiple) 28R DE WX (Paraphrase) 12 & - TA U 2 HERE DIEHER 2 & DL Z1T
5. KIH®D Constraint DFEEICEIT S Grm. R Usg. 3R 1 DT v A4 DHEICHFES T2 X EHEOMKIETH 5.

HH il 3¢
Grammatically (Grm.) Your essay must be free of grammatical errors.
Usage (Usg.)  Your essay must utilize a professional-level vocabulary.
Mechanics (Mec.)  Your essay must be free of spelling and capitalization errors.
Style (Sty.) Your essay must include diverse word choices and sentence structures.
Relevance (Rel.) Your essay must follow the prompt.
Organization (Org.)  Your essay must be logically organized.
Development (Dev.)  Your essay must include concrete evidence that supports your opinion.
Cohesion (Chs.)  Your essay must have a valid connection between paragraphs.
Coherence (Chr.)  Your essay must have an effective transition throughout all paragraphs.
Thesis Clarity  (TC.) Your essay must have a clear position through your essay.
Persuasiveness  (Per.) Your essay must be persuasive to readers.
R1 oA DHIIHFEGT 2 HHEEITHN T 2 HIFI.
01 ARIBWE R RSN 2 B HIRISIICOWT, Ke B [17]

AR THRE TE2XAZIILLMRETH D,
BRMICIEH2 12D v 4120 LT LLM %
ERLIZD D0, NEPENTDDO22HET 5.
LLM M HMERE D HIE D - 0121%, — i A HE
WeBEY LM 23V L - XRER B abEd
DETANT—=RIZHWS. KA 1X Koike & [8] 2
VB L7=7— &ty FO—ETH 2, TvtARE
NeHERZIZZ 2L DORTHEZFHAT 3. #
LT, 2Oyt AM#EX%ZITIC LLM TAR L 2
Tyt PRIy A ZREEEDERZDD
ZTAMNT—RETB.

FIC & B LLM A DEEDIREE

X212, LLM XA DR OFlfInE 2 %
LLM M H A\ DEEDMEETIEICO W T OMER %

2.2
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NERLTy AL DHEICHFSTA2HKHEEIINT
HlFISL 2 NFTER S 2 (R 1. 2L THERXH
WENZNRRZ ZHHCZEML, LLM Z HW\WT
Iyt A ZERT S, LUTO X5 IZHIFI IR
iciASh 3.

Given the following problem statement,

please write an essay in [n] words.
[constraint]

Problem statement:

[problem_statement]

Essay:

ZZTINEzy A MEICHO ATy
A XDHFEBTDH D, [constraint] & ill#YL,
[problem_statement] X = v A MEXTH 5. X
2, B 5 &R S ERENH
LLM = vt A By, FaMicHEINZFEICX
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ToAR DIFT
Vo . —
Given the following problem statement, | [ !
please write an essay in 200 words. !
e » Policy changes can have I have my doubts about > > |
. big impacts on... that policy because... 1
Discuss the potential benefits of policy. 09 [ ] |
\ K | | D,
\ %ssa v Y, \ i
:
TUR DRI w/ FIHI3Z i
g ,
( Given the following problem statement,
please write an essay in 200 words. ‘ de eh ( O i
Y st have a clear opinion. o ) , 1
‘ou essay mu: 5 ) 1 think this policy I have my doubts about - » -
R LLM change is a good ide that policy because... g LLM H
|| Discuss the potential benefits of policy. o ﬁﬂj%% !
*_Essay: y \ :
- |
[( Given the following problem statement, '
please write an essay in 200 words. ‘ | \ H
You essay must be logically organized. Firstly, the proposed I have my doubts about :
Problem statement: ’ policy considers... that policy because... g b S !
|| Discuss the potential benefits of policy... o - i
_Essay y \ ,'

B2 LLM AR OFERXHF ORI 5 2 5 LLM A~ D5

(32 DS BRI KR E R EFHDBET 5.

2Lyt A REEEDLYE, LLMBHEICX 208
2115, mIZRIZ, Zh o O HEMERE DR 2= % il
T E 2 LLM A DOREE Y EFKT 5.

3 =&

3.1 RERERTE

IvErERETIV fBErRE51x Ty A %4
I 2ET VI, N EDLDRTVWELLMTH %
ChatGPT (gpt-3.5-turbo-0613) ¥ GPT-4 (gpt-4-0613)
ERALRE. =yt ERKORE T X — XX
ChatGPT 121% 1.3, GPT-4 1213 1.0 2@ L 7-.

FHEISIE - T—2 v b FHMEERIC TSR T
A5ETLLM BRI 1 DDOXIIHR LT 2HEINIL
PAENRT S, 2D, LLM BHOFHEifEE L L
T2MEPER R T—RICHWSLATWS FlL %
BHT 2. FHiit€> b2 LT, Koike 5 [8] DMER L
Tyt A BECEEERENET Yy £ ORTEE
ZRHT 5. vt A BB LT LLM DR
LzTvyt4 500 XeFEPF V-2 v A1 500 X
BFIUVRLAT vy INALET—&XEy MIZHLT
LLM # i 85 D HEREZ HIE L 7z,

LLM #& i 38F AREBRTHRE 32 LLM M H 5
i, B A L LT HC3 ChatGPT detector!
¥ ArguGPT? | il Z T In-Context Learning (ICL) [18]
ZRHWERHFEYTH S, HC3 detector 13, K%
2R A A 2B B ChatGPT 12 X 34 % M H

1) https://huggingface.co/Hello-SimpleAl/

chatgpt-detector-roberta
https://huggingface.co/SJTU-CL/

RoBERTa-large-ArguGPT

3) https://github.com/ryuryukke/OUTFOX

2)
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. B HIRCR SR D AR E L7z LLM X

TE2DIEREN/7HB T—&Xty FE2HW
TP XN 7= RoBERTa R— ZDMHERTH % [7].
ArguGPT &, LLM 84K L7z Ty 4 2T %
72T 8 X 7= ROBERTa R— 2D HERTH 3
[16]. LRI OFE FT—&Ly ME, ¥55
b LLM A DR L D Z M % & B8 3 I ER
INTW3. ICL HEFIEEZ, 8Lty br oK
L7z AN LLM SO IEfR 7 V&1 T, M
e LTOLLM O few-shot il LKEHZ1TS.
Koike & [8] 12l o 7z ICL MK BT 2 3EMHI,
8% A ICEEE T 5.

LLM IRHICHEEZ 5 X2 ER Ml TX, 15
X DI (Constraint) LIAMZ LLM M E %
HZ2328Fr LT, LLM XOEEEI4ER (Multiple)
TR X OEEIF W2 (Paraphrase) % FLEONS
3 %. Constraint ;& T, fanscHlfz Nz iz
WS L FERSOZ 1A &I 2 MR 72356 D
HFH1R2EOEHEICBWTLLM Ty &4 Z4RKL,
128D LLM Xt v + 23 %. Multiple 8% /& T
i, fEEEhRVWEERX>rLZNEN 12D
LLM SX24mY 32 22T, 12D LLM Xt v b
ZER S %. Paraphrase 3%/ T, FERCIIXT LT
LLM T REOEVRZ2ER) T 2. X, zh
FRNOEFEVWHZ OGN IERITE > TLLM IZ T v
A BEREIEEZZL2T, REDLIM Xty b %
TERR T %. BRXDE WIS 2558k A
WCELE T 5.

4) OpenAl Chat Completion APL I8 %3 n 87 X — X %
ff# F : https://platform.openai.com/docs/api-reference/
chat/createttichat-create-n

5) BWHRZ ET ML, ChatGPT (gpt-3.5-turbo-0613) % Fi
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LLM HiiEd
T o 7
v v £ ke wr HC3 ArguGPT ICL

Multiple 1.02 0.30 0.48

ChatGPT Paraphrase  4.07 0.84 0.58
Constraint  12.76 6.69 1.15

Multiple 1.09 1.14 0.68

GPT-4 Paraphrase  3.42 243 0.69

Constraint  4.13 14.38 1.26

F2 3 O0FE (Multiple * Paraphrase + Constraint) 128
W T ChatGPT & GPT-4 ZHLZ A ER L7z v £ A 120
T 2EHMERE (F1H) OFHERZE (%) DLR.
. " . LLM £t s
TyeAhE ¥ e ArguPT TOL
Multiple 1.07 0.15 0.78
Paraphrase 4.14 0.51 1.51
Constraint  1.44 0.32 1.17

Davinci-002

F&3 3 DO0DFE (Multiple * Paraphrase *+ Constraint) 128
W, Davinci-002 23K L7z v 2 £ 1i0f 3 2 M e
(F1 &) DIFHERZE (%).

3.2 EERER

FEMSEERTIX, ROl LLM Mt iz 5
2 BB WAL 372012, 1ER3h 58S LLM
XRAR T 3 3E Multiple) ¥ F5R 3% EEE S0
HAZTH S LIM X2 AEK T 2% & (Paraphrase) 7%
&I T LLMRHADOEE L DL E1TS. #K2
12, ChatGPT ¥ GPT-4 B Z N ZNDE%E (Multiple *
Paraphrase * Constraint) TR L7zZ v A IZBIF
MR OB ERAZ DB OBRERT. Tvtk
AERET I, LLMBHEBO2TOMAS DRI
BT, Constraint 5% E 2 B 1 % 46 HPERE DR UE (R
EPMORELID BKRKEL, RATFI{ET 144 K
4V MCELE. Ldo TR OHIFIDE N
&, LLM XEERIEER LD, FERXESVIRZ
T5ED S LLM I U THEEFICHE 2 HD
YRBENDG. £, FORERRIIER LD LR
PEBINTVWRNWRYFI—TF—Xty N TH
H X7z HC3 detector ¥ ArguGPT 1%, ¥H 5 bR
XHOHFIDENT K o THRIIMEEEDS K Z S ZHI L
TWbZehbhrd. —HT, ZOFEORML,
MEILNRIZHF e LTERL S % ICL T, fEn
XHDOHFFIDENT K B R DRI DE IS
TE, ZOMMMREOZEEF AN E S RoTz
BErZoN5.

4 9tk

A TIEHRNC LS LLM BEADOEE X, v
A AR TH % LLM D288 S O HF I iE
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Iyt 44k HENCHE o 72D —FE (%) T
ChatGPT + GPT-4 88.28%
Davinci-002 49.29%

R4 HIH%EELIRRXA 5 ChatGPT * GPT-4, Davinci-002
DR U 72 SOFEBIC Z DFHIFNSHE - TV % 2.
IRENTER T2 WHRFEZE X, ikimd 5. &
312, BRANICHE R SCICHED K5 ¥ HEINTWR
W Davinei-0029 (GPT-3) ZHWT I vt 4 24K
X, 3DODREICBIT B ERE DIZHE(R 2 %
ELAERE R .

Davinci-002 25T v & £ £ AR DGE, fans il
¥%2 N 2 72356 O IERE DREER 2 13/ & <, il
FIDEED LLM AN O BT/ NS W Z e 23bh 5.
Z DK ¥ LT Davinci-002 1% ChatGPT % GPT-4 ¥
LEARFETRCH OHFNHE 5 BESIDME L, R DE
LN W Z e FHEINSG. ZOfRH DR
WIESHEN B BTN Z L ICHERT 2720, ITHEMKA
72 NLP X 2 71281 %ilHfigs & L C—EDAMME
MBD LN TWS [19] GPT4 Z W= EF 21T -
7=, BREICE, FEEOKINEZ &R X
% LLM X 45 L3051 495 T LT, v+t A [
RSO AR 72 23 % & % 72 WIE/RSIC & % LLM
X DHBEZITY, XD ZDHBIE > X%
GPT-4 |ZH|7E X ¥ 7=. ChatGPT ¥ GPT4 IZ2oW\WTiX
FNZNDER L 72X T ¥ R LITERL 7.

£ 4T ZDFERE/RT. ChatGPT « GPT-4 I B
% 88% D —HRIZLEA, Davinci-002 IZBWTIE T >~
R LEIRLZGED 50%  FEEDHEE 72 - 7=,
DI 5, ChatGPT % GPT-4 1Z Davinci-002 12
EEARFETRCH DI & D E 5 7o XKD RET &
D, ZUPBHMEREAND KR E LREHCORN 72
EPTREEI NS,

5 E&HDOIC

AWFFETIE LLM XAERRF DR XHICEEN S
FFIDENIC & T, FDERT OB HEHESEIK
ELEFTZ e MG L. EROWOMRE, X
AR D LM 12 X 2 HfNCHES REI S mVWIE Y,
TR DRI DE NS X B EED X b K&k
BEENCORD D Z e RNz, SH%ETETH
HEA B X N3 LLM 2B W Tk, #ilfnEio
LIM BHADHEEIZLIDRKRELS DS 5. 2D/
B, FERLTOHIFIDE NN Lo TEL 3ER D
Zii bl LLM MHFEIRD S5 5.

6) http://tinyurl.com/base-models-davinci
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Please compose a [n]-word essay based on the provided problem statement.

I kindly request you to compose an essay that adheres to the given problem statement, ensuring that it contains [n] words.
Could you kindly compose an essay containing [n] words based on the provided problem statement?

Please compose an essay of [n] words based on the given prompt.

Please compose an essay with a word count of [n], based on the provided problem statement.

Please compose an essay consisting of [n] words based on the provided problem statement.

I kindly request you to compose an essay with [n] words, based on the subsequent problem statement.

I kindly request you to compose an [n]-word essay based on the aforementioned problem statement.

Please compose an essay of [n] words based on the provided problem statement.

I am requesting an essay to be written in [n] words using the provided problem statement.

Please compose an essay in which you discuss the given problem statement, utilizing [n] to express your thoughts.

I kindly request you to compose an essay consisting of [n] words, using the problem statement provided below.

5 Paraphrase EICBVWTE WX S/ 12 HOFER.

A EERRTEDEFH

ICL BB FiE AW TIX Koike & [8] I W,
ICL F7£ T3 8512 ChatGPT (gpt-3.5-turbo-0613)
ZAMAT 5. 2L T, MR ROUTHOS Ty
A RS & BRI W v & A R & 4K
NS5 ODLIM Ty A4 X ATy &4 XD
R7%Z¥8 2y "D OMEL, few-shot FlE § 3.
T, MHENROT v & A LT T NV ORFEICHE
%272 <, ChatGPT (gpt-3.5-turbo-0613) 12 & % T v &
A #ED & few-shot FHIZHUF L7z, F/¥E LY b
1%, Koike & [8] 23ERK L 7z 14400 fHD = v £ A R
X, ANBlZvt A4, LLM T v+t4 XD 3205
MR 5.

Paraphrase SREE TDIBRXDEWHTRZ LI,
Paraphrase fEICEBWVWTEWHZ 5 N7 E DRI
2R
[paraphrased_instruction]

Problem statement:

[problem_statement]

Essay:

Z Z T [paraphrased_instruction] 1%, JT4 DfE/R
X H D “Given the following problem statement, please
write an essay in [n] words.” Z 5 WX 72X TH 5.
£ 512, AW D Paraphrase ;X E BT 5 5 WX
507z 12 D [paraphrased_instruction] %/~
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