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Fik overall OutKB F1 InKB acc
S2abEL (F5E2%)  0.605 0.715 0.268
REFIE 0.661 0.764 0.373
S2abEL with DR([3]) 0.582  0.714 0.334
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accuracy @topl accuracy @top5
Fik all method dataset all method dataset

GPT4 zeroshot 0223 0300 0.010 - - -
S2abel(Ff 522%) 0419 0.505 0.218 | 0.551 0.606  0.420
BRSOk 0.536  0.565 0.465 | 0.736 0.742  0.702
ChatGPT 12 X 2 HIFk#H5E | 0434 0456  0.386 | 0.639  0.637  0.635
AR 0.403 0431 0.334 | 0.606 0.603  0.603

728, topl accuracy DA Tl 5. FtriZid
method, dataset D 2 FEEN D 572, T ZHITD
WT b accuracy ZatH T 5.
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(Long Short Term Memory)
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BRI’ T — & 4R ChatGPT3.5-turbo-16k % H
WTiTo7 EFAADANZUTFTD 7 + —
~ v bt DFT F X b+ (CELL.CONTENT),
WX & A M (PAPERTITLE), 7 7 X + 5 %
I (PAPER_ABSTRUCT), M UF A& X ik IF # (PA-
PER_CONTEXT) %A,

(prompts \

system_prompt You are a researcher in the

field of machine learning. You are provided with a
word that appears in a certain paper and information
in the paper related to that word. Please explain the
word based on the information provided.
user_prompt
{CELL_CONTENT}. The title of the paper in which
this word appears is "{ PAPER_TITLE}”, and the ab-
stract is "{PAPER_ABSTRUCT}". The category of
thiswordis {CELL_-TYPE}. The relevant descriptions
in the text are written below. {PAPER_CONTEXT}

Please explain the word

Please provide your answer as concisely as possible.

/

B EFILINAIN—NFA—4A
EBICHFI A LB s | HcEtomB T v DA
R—=RTRXA—RBHWT 3.

&3 WS OMEET LDANAL N—F X —&

parameter

value

pretrained model  gpt2
learning rate 2e-5
batch size 16

max token length 1024

C ChatGPT zero shot-learning

5 BEOFEBRIZEWT, Hllg|H o 2 2~
WZF LT GPT4 % zero-shot THW/=. BRI
TOXBEIWZFHLDOARERE 251 HXE D X A b
Ve FTANT T P HDAATANTS. Hht
LTl R 25[HXERD id &,  LEIDFmH
TREINLFHMENE S 00 7 7 72T
5. X TREIN 7 I 7 an s 55
WE5 1 HSCHR id % #1253 SourcePaper % Hi#l ¥ 3 5.
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-~ prompts

system prompt You are tasked with iden-
tifying the source reference of the concept indicated
by the cell text in a table within a machine learn-
ing academic paper. This paper is referred to as the
”Source Paper” and its cited literature as ” Reference
Papers”. The concept indicated by the cell text in
the table is either a dataset or a method, which was
proposed either in the cited literature. Your task is
to estimate the paper in which this concept was pro-
posed.
provided with the cell text of the table, the type of

For making your estimation, you will be

concept that the cell text of the table is indicating, the
caption of the respective table, and descriptions in the
”SourcePaper” that are relevant to the respective ta-
ble. You will also be presented with potential choices
which include the title and abstract each of the cited
literature. Please make a selection from these op-
tions. Your response should be in the following JSON

format: { "estimate_result”: ”ID of a ReferencePa-

per”, “is_source”: "True or False” } Please input
that ReferencePaper’s ID into the estimate_result field.
Also, if you believe that the content indicated by the
cell text in the table is something newly proposed in
the SourcePaper, please enter True in the is_source

field.

user prompt
o Cell Text: {CELL_CONTENT}
o Concept Type: {CELL_TYPE}
o Table Caption: {TABLE_CAPTION}
® Paper Contents related to the Table:
{table_context}

Please make a selection from the following options.
Source Paper: "{PAPER_TITLE}”,
”{PAPER_ABSTRUCT}”

Cited Papers: ID: "{PAPER_TITLE}”,

”{PAPER _ABSTRUCT}”

\_ Y,
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