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Train dataset: MJ + ST | Batch size: 192

Iterations: 300k

Schedular: Cosine learning rate scheduler

Optimizer: Adadelta |Learning rate: 1.0

Adadelta p: 0.95 Adadelta e: 1e3

Loss: Cross Entropy | Gradient clipping: 5.0

Image size: 224 x 224 | Channels: 1 (grayscale)
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K2 THFRAMVEHOBRE (FEFT— X 100%)

Pretrain Method Regular frregular Avg.

T SVT IC13 IC15 SP CT

819 819 894 70.7 719 61.8 76.3
82.7 822 89.8 713 746 65.6 782
Random(50%)[5] 83.5 83.5 89.3 724 74.4 66.0 74.4
Random(75%)[5] 81.7 80.1 88.0 66.4 69.3 61.1 76.0
Span(25%)(Ours) 82.4 82.5 88.8 69.1 71.5 61.5 76.0
Span(50%)(Ours) 84.3 83.5 89.7 70.8 75.2 66.0 78.2
Span(75%)(Ours) 83.8 84.5 90.2 724 753 67.7 79.0

Scratch
Random(25%)[5]

R3 THFRPFROMR FEET—X 1%)
Regular Irregular
T SVT IC13 IC15 SP CT
Scratch 58.0 543 713 37.1 37.8 28.1 47.8
Random(25%)[5] 59.5 529 69.8 38.4 40.6 28.8 48.3
Random(50%)[5] 63.1 59.2 734 44.0 447 319 527
Random(75%)[5] 55.7 51.3 652 342 347 229 44.0
Span(25%)(Ours) 67.2 65.1 76.0 47.2 474 34.0 56.1
Span(50%)(Ours) 74.5 74.3 83.5 57.8 60.6 48.3 66.5
Span(75%)(Ours) 75.2 73.6 83.1 57.4 59.2 444 65.5

Pretrain Method Avg.
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