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Use the following tools at your disposal and answer some questions:
+ << Calculator >>

+ << Chemical reaction predictor >>

+ << Molar mass list >>

/—| Few-Shot =l

Q: Find the amount of H2CO3 formed on combining 2 moles of CO2 and 2
moles of H20.

A: First, use the chemical reaction predictor to determine the chemical equation
for the reaction.

Reactants: 2C02, 2H20

Products: ?H2CO3

<< Chemical reaction predictor >>

2C02 + 2H20 — 2H2CO3

Second, use the molar mass list to determine the molar mass of H2CO3.
H2CO3 << Molar mass list >> 62 g/mol

Third, use the calculator to calculate the amount of 2 moles of H2CO3.
2 x 62 = << Calculator >> 124

Therefore, 124 g of H2CO3 is formed.

o } s> Few-Shot %l

/—| FIREC

Q: Find the amount of Calcium hydroxide that is required to react with 2 moles
of Carbon dioxide to form 2 moles of Calcium carbonate along with 2 moles of
Water.

E= (CAL)

L2 R F488 (CRP)

GPT-3

v

-

I ELEEBRFRSE (MML)

& H \

A: First, use the chemical reaction predictor to determine the chemical
equation for the reaction.

Reactants: ?Ca(OH)2, 2C02

Products: 2CaCO3, 2H20

<< Chemical reaction predictor >>
2Ca(OH)2 + 2C02 — 2CaCO03 + 2H20

Second, use the molar mass list to determine the molar mass of Calcium
hydroxide.
Ca(OH)2 << Molar mass list >> 74 g/mol

Third, use the calculator to calculate the amount of 2 moles of Calcium
hydroxide.
2 x 74 = << Calculator >> 148

Therefore, 148 g of Calcium hydroxide is required.
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Find the mass percentage of C in Aluminum carbonate.

«—| Zero-Shot

Aluminum carbonate is Al2(CO3)3. The mass percentage of C in Aluminum
carbonate is 45.45%. x

—| Few-Shot
0.33 x

/—| Zero-Shot + CoT

Step 1: Calculate the molar mass of aluminum carbonate.
Aluminum carbonate has the chemical formula Al2(CO3)3. The molar mass of
aluminum carbonate is 342.14 g/mol.

Step 2: Calculate the molar mass of carbon.
The molar mass of carbon is 12.01 g/mol.

Step 3: Calculate the mass percentage of C in aluminum carbonate.
The mass percentage of C in aluminum carbonate is (12.01/342.14) x 100 =

3.51%.
\ X

—' Few-Shot + CoT

First, use the molar mass list to determine the molar mass of Aluminum
carbonate.
Al2(C0O3)3 << Molar mass list >> 342 g/mol

Second, use the molar mass list to determine the molar mass of C.
C << Molar mass list >> 12 g/mol

Third, use the calculator to calculate the mass percentage of C in Aluminum
carbonate.
12 x 3/ 342 x 100 = << Calculator >> 8.76

Therefore, the mass percentage of C in Aluminum carbonate is 8.76%. x

~—{ Few-Shot + CoT + Al ] N

First, use the molar mass list to determine the molar mass of Aluminum
carbonate.
Al2(CO3)3 << Molar mass list >> 234 g/mol

Second, use the molar mass list to determine the molar mass of C.
C << Molar mass list >> 12 g/mol

Third, use the calculator to calculate the mass percentage of C in Aluminum
carbonate.
12 x 3/234 x 100 = << Calculator >> 15.38

Therefore, the mass percentage of C in Aluminum carbonate is 15.38%.
\ J
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