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DTF—ZDY VT EK 1 I1TRT,

Sample 1 BAHIA COCOA REVIEW
Showers continued throughout the week in ---
Labels 1 cocoa
Sample 2 NATIONAL AVERAGE PRICES FOR FARMER-
OWNED RESERVE
The U.S. Agriculture Department
reported the farmer-owned reserve ---
Labels 2 sorghum, oat, barley, corn, wheat, grain
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Reuters-21578 | 10,788 90 127.59 1.23
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|2 FHEER

Reuters-21578 \ AAPD 20 Newsgroups
Methods/Metrics macro-f1 micro-f1 macro-f1 micro-f1 macro-f1 micro-f1
total / low total / low total / low total / low total / low total / low
BCE 0.586/0.269 0.903/0.421 | 0.499/0.277 0.701/0.356 | 0.885/0.821 0.899 / 0.822
FOC 0.549/0.173 0.899/0.281 | 0.491/0.251 0.703/0.337 | 0.879/0.816 0.894/0.816
CBL 0.589/0.196 0.899/0.327 | 0.500/0.276 0.704/0.340 | 0.882/0.818 0.897/0.820
CBL-ntr 0.611/0.283 0.899/0.407 | 0.554/0.352 0.721/0.426 | 0.882/0.817 0.897/0.818
DBL 0.623/0.317 0.898/0.445 | 0.556/0.363 0.717/0.423 | 0.880/0.813 0.894/0.813
ASL 0.644/0.345 0.904/0.487 | 0.596/0.433 0.733/0.465 | 0.884/0.821 0.898/0.822
ASLWC 0.669/0.383 0.911/0.547 | 0.601/0.449 0.736/0.483 | 0.882/0.818 0.897/0.819
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A SNIEET I —TRIDER

FBRIHERA LT —RDBE IV —TRIORRZEK 3, K4, 5 2ENLTIURT, 7—Xty PHDOINR
V7% MIRBEE IR - ¥ & O BN % High, 1% Middle, FL% Low IZ7E| L., MEREZR L /2. 2B,
BITN—=T DI NVENIITEFEIT 5 X 51275F L. Reuters-21578 ¥ AAPD, 20 Newsgroups D557 L— 713 %
NN 30 181, 11D TSR EN TV S,

K3 FHEIL—TTL DI BIT B EBRER (Reuters-21578)

Reuters-21578

Methods/Metrics | macro-f1 (high) micro-f1 (high) | macro-fl1 (middle) micro-fl (middle) | macro-f1 (low) micro-fl (low)

BCE 0.8249 0.9220 0.7077 0.7465 0.2686 0.4209

FOC 0.8263 0.9215 0.6465 0.7088 0.1732 0.2810

CBL 0.8100 0.9175 0.6633 0.7137 0.1957 0.3269
CBL-NTR 0.8205 0.9191 0.7283 0.7556 0.2827 0.4065
DBL 0.8243 0.9180 0.7269 0.7522 0.3173 0.4448

ASL 0.8349 0.9213 0.7533 0.7838 0.3446 0.4869
ASLWC 0.8446 0.9256 0.7793 0.8063 0.3833 0.5473

R4 FHEIN—TIT DT UICEIT 3 EBRER (AAPD)

AAPD
Methods/Metrics | macro-f1 (high) micro-f1 (high) | macro-fl (middle) micro-fl (middle) | macro-f1 (low) micro-f1 (low)
BCE 0.6756 0.7586 0.5438 0.5859 0.2770 0.3564
FOC 0.6687 0.7584 0.5526 0.5988 0.2513 0.3370
CBL 0.6703 0.7597 0.5530 0.5960 0.2762 0.3399
CBL-ntr 0.7088 0.7753 0.6006 0.6282 0.3517 0.4261
DBL 0.7017 0.7675 0.6034 0.6301 0.3626 0.4232
ASL 0.7274 0.7857 0.6286 0.6464 0.4328 0.4650
ASLWC 0.7299 0.7869 0.6227 0.6429 0.4487 0.4826

K5 FHEIINL—T T DT OB B EERER (20 Newsgroups)

20 Newsgroups

Methods/Metrics | macro-f1 (high) micro-f1 (high) | macro-fl (middle) micro-fl (middle) | macro-f1 (low) micro-fl (low)
BCE 0.9167 0.9189 0.9158 0.9160 0.8213 0.8219
FOC 0.9142 0.9153 0.9065 0.9074 0.8156 0.8160
CBL 0.9160 0.9178 09114 0.9119 0.8180 0.8195
CBL-NTR 0.9172 0.9181 0.9100 0.9105 0.8171 0.8175
DBL 0.9135 0.9153 09110 09111 0.8126 0.8129
ASL 0.9169 0.9178 09114 09114 0.8212 0.8219
ASLWC 0.9159 0.9179 0.9109 0.9109 0.8183 0.8189
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