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A and B are speaking. Create B’s response using the present perfect.

A: Good morning , how are you doing today ?
B: I have been feeling pretty good , Dr. Smith .

A: What’s your plan for your future ?
B: Id like to work in a law firm to enrich my experience and put what
I’ve learned into practice .

A: I’'m going to Japan this year on vacation.
B: Have you ever been to America?

A:<ci >
B:

B1 HERTHEHO oy Fro7>y 7 L—F

503, AU LI RBRYBZLEREN, 2RRMEDIKD
NHFERMEONG. T, HHEERL 2
ML= RN 7OBRICH 2 2 ZBML LT,
ZNH DT ¥ 572d D% early stopping DIEFEE L
THALZ.
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3.1.2 i o HEHBE R R, 2SI W B 4y B AR T U,
SCoORE 77— &Rty MZXoTHEHINETLE
L. BESE T, BFREE, REEoZzhe
OV THEBZFEL, SaFHEDOHMEIX 0.5
¥ L7. SCoORE 7 —&+t v FBXUSHEMDEY,
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|1 OEBESR: BiEE T

|2 AR BARGIAI

EHEE Dist-1 Dist-2 GOAL &6EE Dist-l1 Dist.-2 GOAL
DialoGPT 0.145 0223 0490 0.0964 DialoGPT 0.822 0186 0431 0.1038
w/ Ry 0789  0.111 0279 0.0888 w/ Ry 0911  0.173 0393 0.1247
w/ Ry + Ry 0781 0052 0.127 0.1206 w/ Ry + Ry 0.888  0.156 0355 0.1192
w/ Ry X Ry 0789  0.112 0278 0.0931 w/ Ry X Ry 0.854  0.175 0.415 0.0960
w/ Ry + Ry 0792 0133 0313 0.1078 w/ Ry + Ry 0.896  0.177 0394 0.1398
w/ Ry X Ry 0603 0136 0280 0.1479 w/ Ry X Ry 0.833  0.180 0423 0.1106
GPT-3 w/ few-shot 0753 0.180  0.594 0.0332 GPT-3 w/ few-shot  0.997  0.162 0571 0.0363
i ¥2. Zh% GOALY ¥ MR, KX DialoGPT ®&3 EBR: fOEIR
- . . ZH%EE Dist-1 Dist-2 GOAL
CEDFHT . RBTHEORMICEL, 113 DialoGPT 0.037 0228 0.490 0.0840
5. %7, GHEER, HHEAXPEIXIZEE w/ Ry + Ry 0.566 0059 0.172 0.1012
NBEETH 2. w/ Ry X Ry 0.794 0085 0221 0.0914
w/ Ry + Ry 0941 0064 0.119 02145
5 + w/ Ry X Ry 0949 0030 0.049 0.2414
RBRfER GPT-3 /w few-shot  0.535  0.174 0579 0.0317

R 1LL3IXEEAZ t OEBREREZRT. W
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GOAL fEZ R L, BAREHEICOWVTIE Ry + Ry 23R
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BWTHEW GOAL R L7z, M Z 8% C 12
Y. b E O &R E & iR L E HT O DialoGPT
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BESE T L BRI T, 2D 729 DR
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DML TIEZhEZ T BB L TORWL. Tz,
TG EE RS 5 2T, BENBAAX—DEH
(BEEM R ARZ =& Ry DRAATIE LN Z) B
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EAERT 2 L5 EXEZ 3BT L HER
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L7581 GOAL fHORED R st [Eo T,

3) GOAL: Grammar Oriented Average Likelihood
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AT

Look at the show on TV. I am watching a food show at a very famous seafood restaurant. I really want

to eat at that restaurant. I am a seafood lover.

Daily dialog Speaking of seafood , my mouth is watering. Let’s go to the seafood restaurant in our neighborhood.
DialoGPT I love seafood!

w/ Rg X Ry I’ve never been to a seafood restaurant.

GPT-3 w/ few-shot  I’ve never been to that restaurant for a lunch buffet .

AN Do you have a package tour to Hollywood?

Daily dialog Yes, here is the table, which plans do you like best?

DialoGPT I don’t have a package tour.

w/ Ry X Ry I don’t, but I’ve heard of it.

GPT-3 w/ few-shot

Definitely . In fact, I have been living in Hollywood for around twenty days .

B2 HiERFESB X DialoGPT O o Hik

A SEERODFFHERTE

Self-critic FRILEEICBIF 5 top-k > 7V VT, &k
50 & L7. Ry 2B 3 Distinct-N IZBWT, N=2 &
L7z, 22EFFIC ST X — &% AdamW [23] IZ & » THi#
fbL, 8 F1Z 2, L2 EHHLDHREE 1e2 2 LT
Distinct-N Z#UNCEHE T 272012, M hEEZ 102 L
7z. batchsize 1% 10, &K 1100/ T L —>a > & L.
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LT OWMMBEI R L TEE ST E S 2O HE
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2479 AJIITX LT, BERT O [CLS] F—72 > DDA
ALY > 74 FREBUC L D EEB 2 &0 0
5 hDOHEERITS.

SEER LT8R, FEO007—XtEy b
PWRETHS. 1L, DERTFT—RIINHEERTH 3
WL, SEETLVERIMEE T 256 ¢ LE~NR
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