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(source) G Q P D T
(target) | Q P D G P D G Q D G Q P

BL1 .807 784 765 |.741  .837 .769 | .789 850 773 |.737 .821  .809 | .790
BL2 804 .809 .757 |.731 .850 .765|.773 862  .788 |.756  .831  .803 | .794
CARG1 | .807 .803 .780* | .744+ .850* .769 | 768 .865* .788 | .770* .833* .806 | .799
CARG2 | .812 .800 .780* | .746+ .853* .765|.779 .862* .796* |.772; .829% .815 |.801
CARG3 | .816 .800 .780* | 744+ .846 .773 | .779 .855 .788 | .768* .829* .815 | .800

G: general, Q: quality, P: performance, D: design  *, + 133 3 L[ U,

F P Am An Sy
(target) | F P Am An S P Am An |S F Am An |S F P An S F P Am

BL1 776 667 .687 .533 | .765 574 .674 .607 | .679 .697 472 421 |.771 .758 .620 .526 |.577 .707 .537 .614 | .633
BL2 795 676 .687 537 | .771 .620 .687 .607 | .711 .735 .459 .446 | 762 .794 .639 .540 | .574 730 .528 .597 | .645
CARGI | 798} .694 .682 .540 | .783% .630* .704* 585 | .708 .731* 472 .461 | .786 .7893 .630 .531; | .571 .756% .546 .597 | .650
CARG2 | 791} 731 .691 541} | .802% .657* .691* .590 | .705 .754; 464 433 | .798F .794; .639 .558; | .563% .727 .574} .597 | .655
CARG3 |.799; .713 .691 .5427 | .815% .657* .687* .602 | .717 .747; 476 451 | 7957 795 .639 .556*% | .574 .731% 574 .605 | .658

S: service, F: food, P: price, Am: ambience, An: anecdotes.
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Domain ‘ Review sentence

service | The service was attentive and her suggestions of
(source) | menu items was right on the mark

food the food was good and her choice of menu items
(target) | was great on the menu
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