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4.3 ¥

AREFFETIE, MR DFH T — & % W T Sacre-
BLEU [11]Z & b M L 7=.

* D2F test : JEMGMEZ B LH A H G2 B
SRRTF A b
* D2D Norag test : FETRGTEZ ST E FH D 6 IR
Wtk % 72 BRI BINSFET R b
* D2D7yg test : IEVRMGME 2 & L H D & IF T
MWk 72 ECHNEET XA b
D2F test, D2D NoTag test & W 2 BI121%, THIGSER
DIETRWIE & 7 FBRE L.

5 RERFERCER

N—=2 74 v eREFHED BLEU DR Z K 4 12
Y. EBERD S, REFEICK2IERGEX S
DEREHCET VTG TF A MTEE L
EF VT, D2D7ug + D2F,D2D Norag + D2F, D2D +
AD2FNoTag + D2F 28, WINHR—2F 4 > ¥ LK
L C D2F test TD BLEU DA EX R SN2 Z &
bhroi. ZOREERED S, IERGNHE X 7 DEHR %
DANTZIERGHEE G0 T F 2 PAOREREFHE L
7S EDRH D, R ENSET ¥ A PADRERIC
BOWTHEMPZE wh oz,

—J7C, M%7 7 ¥ A b T Fine-tuning % L
ZWEEGO, ERBELX 7oBHRE H WL
E TV D2D74g, D2D + AD2D 744, D2D NoTag, D2D +
AD2D norag &, D2F test TOFHMifEA N — 2 F
A > T¥®H% D2D + D2F OFHifE% L6 & 7272 - 7=
oz ehs, ERGEEX 7 EMNEG LT, LI
FRoTHEE L E7 U, FERGEST S TR N
52&9, BLIERINZ L5FFINDDOD,

This work is licensed by the author(s) under CC BY 4.0
(https://creativecommons.org/licenses/by/4.0/).



3 D2F test Tl L72BRDR— 2 5 4 >~ 1ERTFEDOHIL.

RN—ZA 74V

D2D yes sure that’s that’s that’s that’s it that’s it’s an advantage that’s true that there’s less cold
D2D + D2F yes that’s that’s definitely it’s an advantage that there’s less cold

RETIEL

D2D7qg yes sure < # >< # >< # > this is definitely it’s an advantage that there’s less cold
D2D7q4q + D2F  yes sure that’s definitely it’s an advantage right that there’s less rules

D2F test that is definitely an advantage
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R—=ZAF A4 ¥ & FHfED A E LS D).
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D2D + D2F 11.8 22.0
RRETE

D2Drq" 9.3 21.1
D2D7y4g + D2F 122 224
D2D NoTag' 9.8 234
D2D Norag + D2F 12.1 22.1
D2D + AD2D74 5.1 16.6
D2D + AD2D7,4 + D2F 11.5 20.7
D2D + AD2D Notag 10.4 25.1
D2D + AD2D norag + D2F 121 21.8
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b C Fine-tuning U7z D2Drqq + D2F T, NX—ZZ
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