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BiiHiio—oiz, BRIGEOHEMZFIH L T, S
AR U TR LB RIS, BB SR % SR &
LTHWTIELL AETE20ICEH T 344
WD, AFFETIE. BEMEOREEORWERAE
BDRAT v F%, GPT-3 % few-shot #3252 & T
WETELZERT, T/ MELEBORT v S
b, BEMATIERENR—BREDOAEZREL T\
. GPT-3 Z W CEM AL 2175 Z 2T, AF
Pl OMEEZ TR, LW SR TV AT
HMNORER I ROFfib M L35 Z & Z2RT,

1 IXLHIC

MEENER O 3. 7 u OBIERKRIC & 2 A F3f
Dk d IEMEICATR 508, RHE., 8% a X o
B OEMICE > THETITASZEDREFL
W, AFORMEIcd., X2 BERMGTH. 5
Z BB IR e O TRl 2 D — &I TH
%, ATEHaZ DK D5, HHIEERIH DS
HEIFMI T3, BLEU [1] icfExh 3, BHERE
FEMBIERERORBE N R —BUEZH 2 FETH %,
INHDTIEZ. REMICITER 2 PERINCIZE
LWEEERRELTLE S,

Z ZCiI4ElX. BERT [2] DO KRB SFEE T LI
X2 0WMERZHNLE T, BIZEXSTERK
M —HELZIRZ 2 BFFMTFENIZ CREESH
T\ % (BERTScore [3]. BLEURT [4]. COMET [5]),
INHDFREZF. Tao NFilfl e OB E W
EOIREINT WS [6,7,8] — /7. FHRBICLS
P TIER, HDAALBICBWTIEL ITHET 3
Z e DREAT, BERAFARETEEO LR B
HRLTLEDS ZeMESNTVNS [7,9]

5. $Ekc X 2 BRSSO IEHE T30 R
TETWVW2R5, BRI 2EMEZERL 7255
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Around the 15th century, northern
Estonia was under great cultural
influence of Germany.

Around the sixteenth century,
northern Estonia was heavily
influenced by German culture.
‘/‘ \\\7 /

ﬂ @ BREIHE @A)

=t 3

Q EIELLLE (AC)

ﬂ ® BRIZER (QG)
N

A. 15th century
Q. When was northern Estonia under
great cultural influence of Germany?

A. Germany
Q. What country had a great cultural
influence on northern Estonia?

BEl1 MTEQA OFHHEi DAL, 1. ZHERD & IEM L 06T
EMEER, 2. BIFREREZ R LTHWTERBIcE
. 3. IR T OISR & BIERER o |% % T,

Fiz, BERESRZ R LTHWTHIEL L EET
X213 THD, ZORFICEISNT, HENED
Fafi & > CHEIERER % FEifi 3~ 2 MTEQA (Machine
Translation Evaluation with Question Answering) [10] 23
BRI TV, M1 IKiHiEEEZ RS, TSR
RN OEERIFRICOVWVTHEB 2R L. 2
NS ITHEMBIERA R 2 iRy L THWT QA £ L
WEEHEE, KRICSKEIRD) S D IEME & FIERRE R D
SOEEEKT 22 TiHiis 2, ZOFEDFH]
MEe LT, FHMEFIETHELAER, EM, [FE
BEBICRZ Z 2T, REZOMEEICR > %
BAIHI D Z e BT X BBREZRD, L) LEEE
HFICBWT, D 2FEED NFiHii & OHBEIIR X
NTWd, BREROEMEL . BIELEOERT
HERBE—HLPEHTEZTWVARY,

Z ZTCAMZETIE, BRAERDOERTT % EfFE O H
ZE®»TGPT3[11] TIT5 Z & T, BYIREARMD
HEPEZ, ANTFiHiie ofERm ET 2 2%
RT, X512, [EELREDE 7S GPT-3 2 HW T,
B2 ERE L TR S 25 (Il <157 26 LT
“fifteen” % ILARIC T %) 2 & CTATFFHli & OMEBES T
TR, ETEFRA8MERIC & 27 M FEIEF
&I BMARANOFHHEMERED M LT 5 Z 8 RS,
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F1 GPT3 XX 3EMY EMOLERDI-HD a7k
A D BARH,

2 GPT3 WK XAFRMAEMELEDDDT 0y T A
D BN,

Context: The league narrowed the bids to three sites:

New Orleans’ Mercedes-Benz Superdome, Miami’s Sun Life
Stadium, and the San Francisco Bay Area’s Levi’s Stadium.
Q&A:

Answer: Levi’s Stadium

Question: What is located in the San Francisco Bay Area?
Answer: New Orleans

Question: Where is Mercedes-Benz Superdome located?
Answer: ...

2 MTEQA-GPT-3

MTEQA 1%, X 1 2/R$ K52, B4R, B
g, FELBO=2DAT v ITh b5,

2.1 BER%ER (Question Generation; QG)

BHUIDRAT v 7T, GRAbNHENGEOSR
Ao, BELBRICOWTHM  EREAERKRT
%, BEFD MTEQA [10] TWX. £ 3SR LT
EaAl DRHNZ R ¥ 72TV, Fial S IS &
LT U, SR & BB R S BRI Z AR T 2 &
WA XN TS ET L [121 AN T 5,

AHETE, KO EMEZES—-ELTED 2
DOXRD S EIERREREROF G EZ LT 2D
GPT-3 % few-shot 223 L /=, 3£ 11T few-shot 711 &~
7 N NO BRI B Z RS, [BIETH 2 B AR
T T OOBERE 5 2. EEAFRHTFEFIC
DWTHBORIZE L BRIORT7ZERT 5 X 5I2F
g, Z2T, BMAEROESALELTWS Z
L RMEDND B T2 IZ, WMT21(Workshop on Statistical
Machine Translation)[13] D H[EFE D> & FLFE D EFHER
RAZI6 T YR L 10ASERZEA T, MHET
BRIAEREIT - 72, B E@2A—ELTEh, »
DEFITD SR D S [ E R RER b O DEEUE F X
Joo MR LT, EYIRER BEOEIE. BIF
D TS5 EFILH 0.603 (47 178 1F). 1REFED GPT-3
20974 (38 /39 1) TH o 7z, BHRIEKDOEILE
SN Db, DI “MTEQA-gpt3-qg-" T
H% 2 FIEPREFIETH 5,

2.2 HERISE (Question Answering; QA)

RIZ, 2.1 HICAENR I N BRI, FEMEIERASE R %
ke U T o T E T 7 U IchE S8 %,

MTEQA ¥ 2R F1EHIZ, SQuAD-vl [14] THIFE L
TS ETNVERAWSE, TANT—XTDFl Xa7
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Context: It certainly paid off, since he played splendidly in

a different role from normal, and was able to score 15 points.
Question: In what role did he score 15 points?

Correct Answer: different role

Student’s Answer: different

Output: Correct. In this context, “different” is accepted.
Student’s Answer: role

Output: Incorrect. The answer should include "different”.
Student’s Answer: unusual role

Output: Correct. In this context, “unusual” is accepted.

$390.27 TH > 7=,
2.3 [EZLL#H (Answer Comparison; AC)

B, 2.1 i CARESNIEMRYE 22 HiCTik X
HENLEEE OHEZITS, BEFEHERICBWT
. EE—B(EM), HEEL LD F1 237 (Fl),
BLEU. chrF[15] D 4 DRI TWz, L L
CNOERENR-BEICLD Z e, EREICH
BTERWI ENZWV, FHlZIX, IEf#D “December
29,2019” D&, “Dec 29th, 2019” X D % “November
29,2019” DT BEIFREHL->TLE I,

Z ZTAMR TR, HEHEOBERETH GPT-3
ZAHAT LT, BRI —BEZEZEELLE
R R R BT %, 2.1 fii e A, GPT-3 %[0
BT few-shot ZH 3 5, K2 IFEFED I
Y7 MNOEKFI RS, ZIERE BRI LT,
“Correct Answer” ¥ L CIEfi# %, “Student’s Answer”
clTkEEnEEZE5 X, “Output” 12 L
MRZHNSE 2, flZIXERD=2HDHITII
IEf# A3 “different role” 1IZXf L T, ZDXARICTB W T
/¥ “unusual role” B IEETH 2 Z & ZfE/RL TW
%, ZENE, K D&MD “Correct” THAIUX 1 5.
“Incorrect” THAUX 0 & L7z, EEEICHWE T 1
> 7 OFENETER B 2SR,

3 XA2FFHEER

ARFETIE, HEFMFEDO X ZFME1T5, BE)
AR B X EEE . 0 AT R & DAHRE
BEWHP L W BRTITDN S, 3.1 HiTMQM &
WS NFFHi i o WT, 3.2 HiTHED 720 DREF
FIEIZOWT, 33 8T MQM & OHBICE S 2%
BRIZDOWT, 3.4 HiCRHME D U WERERICEE 3 25T
fliDEERIZOWT, 3.5HITT 7 —ahEidN3,
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3.1 AFFHE

kD WMT OBIER % 2 7 Tld. AFFHiie LT
DA (Direct Assessment) [16] ZFHHWT X7, Lo L,
DA TiZ 7" 1 ORHERFR DERFEMENER & D K IEAL
o7, IR e X h 5. BIERR A oD
HHROITBIHFENTL X 5K EDMEIER
A [8]. WMT21 [6] ®° WMT22 [7] TlE. HHEITRE
A a7 & LTMQM (Multidimentional Quality Metrics)
OIS Z LTk o7, MQM Tld, 71 OHIER
K, ZRERCHIROXRZ s o, Aok
BERO b 2Tz, AEL A7ay —eicy
T— M BREARATNTITI, AWIZETS 33 HilcH
WT, MQM & OMHEBIZED W THIERZ1T 5,

3.2 Baselines

BEFELOUBKDIZDDOR—RF 4L
T. BLEU. chrF. BLEURT-20. COMET-22. MTEQA
% W3, BLEURT-20 ¥ COMET-22 ¥, WTM21 &
WMT22 TZNZNED BVHBRMEFED > 5D
—DTH o7z, [Tk AITEFNFNDOFIEDOFMZ R
3, %72, BERTScore [3] ¥ BLERUT-20 X, BERD
HERHMETFET D 223, BIBEOHETTICHEZ 2
720, T dFHET 3,

3.3 AFiTE & BEhFFEFEDOHEE

HENFHEFER < 50 MQM 2 a7 » MHEE
LTW2 253 %, #Ffiicid. WMT22 O Metrics
Shared Task Z#|H L. SiEXHIHEGED & #RGET
Hb, TAMT =KX LT, 1875 [HDHEFEDIH
XBHH, ZNZTCSIIRN 2 OHESINTSE
D (reference A, reference B), 18 D X T L D
BERERNEZ N5, 2T L L~ULDHR % H
ET5DT, FHEFHMEFEN DX a7 DFE
BEYATAIZEDRAT AL, FBICEHEX
7= MQM R a7 & OHHEIREE KD % (Pearson,
Spearman), ZIERN _OFET 5D T, — %S
AR LTHWAESESE, 35 —HBNMo> 27
LA UTHBEZEE T 5,

RICHREZRT, KFOHEIZ. 20FicBW»
T, MOEEOFEICHEHIC LR s THRNE
YERT, 4FETICBW TR HEENE» - 720
{Z. COMET-22 ¥ MTEQA-gpt3-qg-gpt3-ac T - 7z,

¥ 72, MTEQA [Al L% [ U &b kTN S
¥ (MTEQA-EM ¥ MTEQA-gpt3-qg-EM 72 ¥), 2T
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#+® 3 WMT22 Metrics Shared Task D H[EZE D> &5 FLEEA D
BERTOMQM 227 ¥ DY AT A L~LDHEBM, P
Pearson, S & Spearman #& 3, KFDHIZ. ZDFIDIE
BN L THEREIBELSRWHEEEZRL TV 5,

reference A

reference B

Metric P S P S

BLEU 0.579 0.454 0.599 0.496
chrF 0.647 0.507 0.667 0.539
BLEURT-20 0.909 0.868 0.878 0.836
COMET-22 0.947 0.886 0.940 0.893
MTEQA-EM 0.783 0.410 0.539 0.561
MTEQA-F1 0.815 0.429 0.546 0.496
MTEQA-BLEU 0.821 0.410 0.543 0.511
MTEQA-chrF 0.845 0.448 0.568 0.611
MTEQA-gpt3-qg-EM 0.802 0.564 0.836 0.596
MTEQA-gpt3-qg-F1 0.837 0.554 0.849 0.561
MTEQA-gpt3-qg-BLEU 0.833 0.568 0.849 0.586
MTEQA-gpt3-qg-chrF 0.883 0.593 0.897 0.614

MTEQA-gpt3-qg-bertscore  0.891 0.825 0.912 0.768
MTEQA-gpt3-qg-bleurt 0.927 0.793 0.951 0.818
MTEQA-gpt3-qg-gpt3-ac-all 0.977 0.921 0.974 0.843

DlAGHLEICEWT, HBEREOMED A EL TW
%, DED, 22 HTRLUIZERMAEKRDEDMA LD,
HERHMITFIE 2R OBEE I8 > TV 5D,

X 512, MTEQA-gpt3-qg-gpt3-ac & MTEQA-gpt3-
qe-{EM. Fl. BLEU. chrF, bertscore, bleurt} {Zxf
L. HEGRBOEIEREICH EL TV, GPT-3 %
7B, RE B0 BRI X 5 iR
XD B IEMEICEE O LD AT RER & & VR E L7z,

3.4 #fE - Bft - EFRFAICEE L -5

AEICIE. BEIFHMIFEICE o TIEL < §Hi$ %
Z e L VWERIROFHMEERE R HIE T 5, AT
1¥. WMT22 O challenge sets subtask THEZE X L7z
FHFENSEBTOT AT =X (17 ZHV 5, &
F—xiF, B SRR 2L VBRI LT
IELWVER, BRERE BAIRD» B 5, £ 4 1B
% 7”3, Reference WD “GDP” IZxf L, 1IELWERT
I% “gross domestic product”, #% - 72FRTI% “GPP” &
MRENTWT, HEFMEFEZELWVWRIZED &
WEESZ e Rkdoh D, SENE, 3EED
BR %M S, Number i3, BFIZE T 574D 23 355
i, D/T W HMNICBS 287 D 28 140 fE. NE X [EH
HE R HEMAFEICET 2D 2 110 HE 0 5,
X ZEFHE, LR DN TR X5 Kendall’s tau-like
correlation [6] IZPED ., T Z T. “Concordant” lZ. I1F
LWERRDADIEL K BRVIRE D @R oniz
f@%4. “Discordant” X% 5 TRWIGEDEETH %,
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4 Challenge set D EKfH,

“Fl 2020 20, AT ALEA
A4 7 MBS BREFICR L 2005 4.
Reference We will endeavour to cut carbon dioxide
emissions per unit of GDP by...

By 2020, we will strive to make carbon dioxide
emissions per unit of gross domestic product...
By 2020, we will strive to make carbon dioxide

emissions per unit of GPP...

Source

Correct

Incorrect

B Concordant — Discordant

ey

" Concordant + Discordant

FERE R 51TRT, Overall ¥ L TiX, BLEURT-20
¥ MTEQA-gpt3-qg-gpt3-ac 23fx b i WHHES 2 7R L 72,
COMET-22 \&. AFFHii & O 2K HERE TldmEn»
HREZR RS A, 4 ElD Challenge set Tl Eitd 2 F
BTk B o7, ZOMOFIETEETADHE
D, FURNIHEB OGS XD b ERED
HorwokRIck o 7,

A7 IV HNCH % ¥, BLEURT-20 | D/T ¥ NE
1258 < . MTEQA-gpt3-qg-gpt3-ac (& Number (2,
COMET-22 % Number *° NE D2 D 1255< . TH#FE
AR —Z2 0 HEIFHlFES B F P E G HEA DR D %
HRLTLES EWHIBEDOHERDEE L —8T 5
(7,91, #UF[A 1% Embedding ZE [ T\ W & 12 3
DIAFENDE DT, THRHIAN—ZADFENRRL T
LES WIS EHABEZ NS,

% 72, MTEQA-gpt3-qg-gpt3-ac & Z DD MTEQA
LR U CRIE I HRED M ELTHE D GPT3 12 &
LM AELBERFEG L TwEeEZILNE, K
F—XEty FTIE, £4DEMAEFID XS 12, KEW
WA R IEMERRA DR D 7 S ERIC I WG E D
Z2&¥%, &oT, EM. Fl, BLEU, chiF D%
BAR—ZDFEIZD Z L WV, gpt3-ac Tl
BRI —HEE2ERBTELZDOTELLHETE
TWbeEZLND, 5T, THRHERXR—2AD
BERTScore ¥ BLEURT & D & mWHHEZR L 72

3.5 IS—%H

3.4 HiDFEER T, MTEQA-gpt3-qg-gpt3-ac D3aHii i
KWL HIcOoWTHERZ DT %5, &h7aV
WHOWT30ET DI VX LIES, KRR %
Data GERRDIE ENTWVARWV), QG. QA. AC 2534
T 5, MRELR6IITT, 2T, FEROEEH
ZEANCOWTHEMDTE TWARWL QG D I Ah
2 THolze F-h 73V 2 TlE. Number Tl
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5 Challenge set IZ 31} % Kendall’s tau-like correlation,
Numer 3%, D/T 13 HE, NE ZEGHFICE T 233D,

Metric Overall Number D/T NE
SentBLEU -0.729  -0.735 -0.743 -0.691
chrF -0.382  -0.301 -0.300 -0.745
BLEURT-20 0491 0476 0.629 0.364
COMET-22 0.296 0.206 0.500 0.327
MTEQA-EM -0.841 -0.891 -0.914 -0.873
MTEQA-F1 -0.580 -0.493 -0.714 -0.691
MTEQA-BLEU -0.580 -0.487 -0.771 -0.636
MTEQA-chrF -0.329 -0.251 -0.243 -0.564
MTEQA-gpt3-qg-EM -0.838 -0.808 -0.971 -0.764
MTEQA-gpt3-qg-F1 -0.712  -0.690 -0.829 -0.636

MTEQA-gpt3-qg-BLEU  -0.726 -0.707 -0.843 -0.636
MTEQA-gpt3-qg-chrF -0.474 -0.544 -0.200 -0.600
MTEQA-gpt3-qg-bertcore -0.312 -0.177 -0.471 -0.545
MTEQA-gpt3-qg-bleurt  -0.177 -0.054 -0.357 -0.345
MTEQA-gpt3-qg-gpt3-ac ~ 0.501  0.662 0.471 0.018

£ 6 Challenge set IZ31) 5 MTEQA-gpt3-qg-gpt3-ac-all D
T 7 —H Data i¥7 2 b7 — X, QG IFHEMAEMK. QA
FEBEZ, ACERIEFHEO TS —,

Category ‘ Overall Number D/T NE

Data 7 4 I 2
QG 38 7 15 16
QA 18 8 5 5
AC 27 n 9 7
Overall | 90 30 30 30

AC D I ZAH% < “54 million” 12 L T “54,000,000”
% Incorrect LHIET 2 XO52IANRRE SN2, DIT
ENETIEQCGDLT —NZVWDT, Yuryr %
TRLUTHMEZEST Z e TRE LW,

4 HbHOHIC

AWFFECE. BRISE Z A U 7B EIR o 71
fifi 7% TH % MTEQA D 'E MK 5471 GPT-3 %
AWz ZrT, EOHEOEVWERM EMPERT
X, MQM Ra7 o rE g, £z, [
BRI TH, GPT-3 W TE MR EEITS
Z & T, MQM X 27 & OB T BLEURT % i Z .
COMET ¢ [AEFDMRER LR LTze X 5T, Mg
2% DDV L WETe B DR % X D 1IERE I FE
TE3Zr%mll, =/, BROHTITOVWTH
BTETWARVWIZI RERRT r — AL Ho
7=DT., BREBEES L TSRIRNOIERZ HET
X25X21TL72v, Fh HEELERIZBNTS, B
JR1Z Correct 7> Incorrect D R THIET 205, kD
FHTEH M E G265 XD ICHEE LW,
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Context: Herro missed 15 games in February and March due
to an ankle injury, and the season began a long hiatus after
his first game back against the Hornets on March 12th.
Question: What date did Herro’s first game back

after the injury take place?

Correct Answer: March 12th

Student’s Answer: March 12

Output: Correct. "March 12” is accepted.

Student’s Answer: 12th

Output: Incorrect. The answer should include "March”.
Student’s Answer: April 12th

Output: Incorrect. In this context, the answer

should be not ”April” but "March”.
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Context: The data shows that, up to now, Brazil ranks second
in the world in terms of the number of confirmed cases and
deaths behind the United States.

Question: Which country is first in the world in

terms of the number of confirmed cases and deaths?
Correct Answer: United States

Student’s Answer: the United States of America

Output: Correct. The student’s answers has the same
meaning as the correct answer.

Student’s Answer: UK

Output: Incorrect. In this context, the answer should

be ”United States”.

Student’s Answer: U.S.

Output: Correct. In this context, ”U.S.” is accepted.
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Context: It certainly paid off, since he played splendidly in
a different role from normal, and was able to score 15 points.
Question: How many points did the player score?

Correct Answer: 15 points

Student’s Answer: 15

Output: Correct. In this context, ”15” is accepted.
Student’s Answer: 150 points

Output: Incorrect. In this context, ”150” doesn’t

have the same meaning as ’15”.

Student’s Answer: fifteen

Output: Correct. In this context, "fifteen” is accepted.
Question: In what role did he score 15 points?

Correct Answer: different role

Student’s Answer: different

Output: Correct. In this context, "different” is accepted.
Student’s Answer: role

Output: Incorrect. The answer should include “different”.
Student’s Answer: unusual role

Output: Correct. In this context, “unusual” is accepted.
Question: How did he play in a different role?

Correct Answer: splendidly

Student’s Answer: excellently

Output: Correct. In this context, “excellently” is accepted.
Student’s Answer: different

Output: Incorrect. In this context, “different” doesn’t

have the same meaning as “’splendidly”.

Student’s Answer: magnificently

Output: Correct. In this context, “magnificently” is accepted.

This work is licensed by the author(s) under CC BY 4.0
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