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Scientists had never imagined that Arctic waves could break up pack ice so quickly.

AIREMED D 5 L AR L TV ERAT L2, 7 Scientists had never imagined that Arctic waves could break up ice so quickly.
4 Scientists had never imagined that waves could break up ice so quickly.
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ref | When his adversaries speak, Chambers puts down the pen and peppers them with questions.

12

BS | Chambers said he put pens and posed questions when lawmakers in opposition positions talk.
€K | Chambers said he puts a pen when lawmakers in hostile positions speak, and poses questions.
$22 | Chambers said he puts a pen on when a hostile senator speaks and puts a question out.

ref | When people he opposes or doesn’t agree with speak, Chambers puts down the pencil and instead throws questions at them.

BS | Chambers said opposition lawmakers put pens when they talk and pose questions.
i€k | Chambers said he puts a pen when lawmakers in hostile positions speak, and takes questions.
$£22 | Chambers put a pen on when opposing lawmakers talk and take up questions.

ref | When people are speaking who Chambers does not support, he stops drawing and then asks the presenter questions.

BS | Chambers said opposition lawmakers put pens when they talk and pose questions.
3R | Chambers said he puts a pen when lawmakers in hostile positions speak.
#2822 | Chambers put a pen on when opposing lawmakers talk and take up questions.

ref |If he doesn’t agree with something someone says, he will stop drawing and ask questions instead.

BS | Chambers said he put pens on when lawmakers talk against him.
€K | Chambers said he puts a pen when lawmakers speak against him.
2% | Chambers puts pens on when lawmakers talk, he said.

ref |If he doesn’t agree with something he hears, he will stop drawing and ask questions instead.

BS | They put pens on when they talk.
3K | She puts a pen on the floor.
#2822 | Chambers puts pens on when lawmakers talk.
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