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3.3 Classifier
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K1 Fx 7Y a VEROERER

Bleu-1 Bleu-2 Bleu-3 Bleu-4 Bleu-4 com ROUGELpre ROUGELrec
OFA 0.8013 0.5510 0.334 0.1952 0.3067 0.4836 0.4524
REFIE 0.6338 0.3253 0.1742 0.0906 0.1557 0.3264 0.2534

K2 Fx 7> a ERN

Gen.: A bathroom with a toilet ,

Gen.: A man holding a tennis racquet on a court .

a shower and a sink .
GT: Small bathroom with a toilet,

sink, shower, and mirror.

Gen.: A red and white train on a track .
GT: A train parked in a train depot

loading passengers.

Gen.: A zebra standing in the grass

in a field .

GT: A zebra standing on a rocky dirt
field with no grass.

Gen.: There is a man sitting on a bench
with his dog on the beach .

GT: a person sitting on a bench

on a city street
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GT: A man holding a tennis racquet

on a tennis court.

Gen.: A small cheese pizza is sitting on a plate .
GT: A plate topped with a cheesy meaty pizza
on a table.

GT: A vase of flowers sits on a table.
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GT: A very tall clock mounted to the side
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Gen.: A man riding a wave while riding
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GT: A man on a bike carrying a surf board.
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