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(1) Finetune on many
summariztion tasks

(2) Summarization
for new instruction

Instruction: 1 Instruction:
First, include A... First, state X... If Y
Next, indicate B... is ..., mention Z...
Training set: Source Text
<sourcey,
<source,, > ¢
Target Text
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Cluster: Climate change in ____

Instruction: 1. Firstly, indicate a particular U.S. State
which is being affected by climate change.

2. Secondly, mention whether climate change in this
state encompasses the effects of climate change.

3. ..

[Title: Climate change in Utah

Abstract: Climate change in Utah encompasses the
effects of climate change, attributed to man-made
increases in atmospheric carbon dioxide, in the U.S.
state of Utah...

Source Text: As the climate warms, less precipitation
falls as snow, and more snow melts during the winter.
[That decreases snowpack—the amount of snow that
accumulates over the winter. Since the 1950s, the
snowpack has been decreasing in Utah ..
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K2 HEFHME. Zero-shot I InstructSum IC X % ¥E %
fTH 7. NoInst. 1ZFE77R I 2 AN LW, Full l 3@ D
Transformer &5 /L (full self-attention) T&H 3.

#Param. | R-L B4

FLAN-TS5-Base (Zero-shot)
FLAN-T5-Base (Trained, No Inst.)
FLAN-T5-Base (Trained, Full)
FLAN-T5-Base (Trained, Proposed)

250M | 13.35 0.61
250M | 36.60 7.63
250M | 42.38 13.53
250M  41.11 12.37

FLAN-TS-Large (Zero-shot)

FLAN-T5-Large (Trained, No Inst.)
FLAN-TS5-Large (Trained, Full) 780M | 45.56 16.40
FLAN-T5-Large (Trained, Proposed) | 780M  44.93 16.31

780M | 20.05 2.00
780M | 38.41 11.12

FLAN-T5-XL (Zero-shot) 3B 21.06 2.68
FLAN-T5-XXL (Zero-shot) 11B 27.90 5.32
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Instructions:

1. Firstly,mention what kind of camera it is.

2. Secondly, indicate the date the camera was announced on.
3. Indicate this camera's feature.

e
Source (acutually plain-text): bl i o]

Overview
Maker Fujifilm
References [edit] Type MG
1.4 @ bUFUJIFILM X-T2" 2 Fujifim. [7 July 2016] Released  [7uly 20T6]"

USD 1,599 (body)

USD 1,899 (kit)
Lens

Lens moun t Fujifim X

Titerchangeable lens

Sensor/medium

Sensor type  [X-Trans CMOS I

Sensorsize 236 mm x 156 mm
fAPS-CY

Sensor maker  Sony

Maximum

resolution (243 megapirels)

2. A"FUJIFILM X-T2D4EEB VD1 S 8RN EDEL THEZ | Intro price
SEIE' ¢ [Fujifilm cannot keep up with X-T2 production
Unexpected order volume delays delivery] (in
Japanese).

B A"TS—LRAFIZIAAT FUIIFILM X-T2, &/EFHEIE Lens
DEFEV EEH 5" [Apology for delayed deliver of
[mirroriess digital camera] Fujifilm X-T2"). Fujifilm.

4.4 Building on the popularity of the elegant graphite
silver version of the X-T1 Fujifilm launches the X-T2
Graphite Silver Edition With dedicated accessories
including a premium leather strape

Prediction with Instruction 1:
The Fujifilm X-T2 is a mirrorless digital camera from Fujifilm.

Prediction with Instructions 1-3:

The Fujiflm X-T2 is a mirrorless digital camera manufactured by
Fuijifilm. It was announced on 7 July 2016 as the successor to the
Fujifilm X-T1. It features an interchangeable lens system, a X-
Trans CMOS |ll sensor, and a high-resolution 6000 x 4000 pixel
APS-C sensor. It is available in either a body only or a kit with an
XF 18-55mm R LM OIS lens.

Target Text:

The Fujifilm X-T2 is a DSLR-style weather-resistant mirrorless
camera announced by Fuijifilm on July 7, 2016. It uses the Fujifilm
X-mount and is a successor to the Fujifilm X-T1...

B4 BEEFVOERD. Y- Z—F v FFE AP
DA https://en.wikipedia.org/wiki/FujifilmX-T2
WWTHERET & 5.

_| ~@ Proposed
80 @~ No Inst.
-@- Gold

1 2 3 4 5
#Instruction Sentences
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precision D A Tal# 3 % BLEU-4 THEWIEMERNIC
B UTHRER BN Z b2 5, R L TRRICHE
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XY —RATF X MOARIMKIFET 2720, FEHNLE
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g 40.0 w
g Y F12.5 3
o .__—.4-0— Proposed (Rouge-L) o

=&~ Proposed (BLEU-4)
@~ Nolnst. (Rouge-l) | 10.0
=&~ No Inst. (BLEU-4)

1 2 3 4 5
#Instruction Sentences
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HF—7—F[18,19] R X [20,21,22] B L THE
DA R HITE S 259803 H 2 53, InstructSum 13 H
AL TENONAERTHIEF 2R TE 2 /RUSH L
EWH B, —HT, £IIXIERECCREIBEINHIE S
DB THDD, SHOFELEERS.

Instruction Tuning Instruction Tuning D 7z 2%
CDRRIZZEGLT -ty "DPIRREINTSEH
D [2,23,24,25,26,27,28], N5 TIXENT—X
ty FPHHVLATWS. LAL, THLHDOHERT
FEN R A7 BIEANDOHEE %2228 3 %. InstructSum
FER DI D 7z 8 D Instruction Tuning IZHL D FH A
7ERIDTOMGETH 5.
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ARWFFETIE, BRSBTS Instruction Tuning % 5
¥ 279, InstructSum ODIERK & NIRRT T
NOREZRITo 7. AMFROEZ L NIRRT,

AHAZEOMEM. InstructSum 1%, X—% v b7
FAMNDIIRARY T HAEGDLES Z & TEN
12813 % Instruction Tuning {Z#]H THL D FHATZ.

ARROEEM. Rk 2ENOHIEOREE
WED, BEIENOFHEFMZNT 2N TE 5.
InstructSum M ONERRBRFFE T M, ZOEBIC
BE$ % #& X 5. Instruction Tuning (& ChatGPT [29]
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