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|1 HFITRD 0D 5 EHHI
JFXFE  Sir Bruce hosted Strictly ...
to co-host Strictly§ Children In Need special ....

recover in time

Actors Jenny Agutter, Laura Main, Stephen Mc-
Gann and Jack Ashton will compete in the one-
off contest as part of BBC Ones$ Children In Need
telethon. ....

EEH Former Strictly Come Dancing host Sir Bruce
Forsyth is to return to the BBC for a one-off

special.
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#+ 2 FEQA * Entailment * PLL

FEQA Entailment PLL
SHIEH 0.2636 0.1147 -1.585
Mz L 0.2679 0.1571 -1.233
l-gram B 0.2579 0.1697 -1.677
2-gram ¥R 0.2739 0.1757 -1.639
3-gram FREH  0.2525 0.1833 -1.548
4-gram ¥ 0.2823  0.1809 -1.992
S-gram R 0.2668 0.1808 -1.654
6-gram M 0.2654 0.1689 -1.640
&3 IHEWME
ROUGE-1 ROUGE-2 ROUGE-L
s L 0.4099 0.1812 0.3311
1-gram R 0.3755 0.1505 0.2934
2-gram A  0.3733 0.1506 0.2937
3-gram A  0.3562 0.1323 0.2688
4-gram TR 0.3525 0.1357 0.2727
5-gram R 0.3705 0.1490 0.2923
6-gram ¥  0.3769 0.1527 0.2977
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T4

ZREN N—RF74 > REFE
l-gram  0.7250 0.7128 0.7524
2-gram  0.2983 0.2859 0.3402
3-gram 0.1426 0.1373 0.1658
4-gram  0.07455  0.07220 0.1526
5-gram 0.04085  0.03985 0.06183
6-gram 0.02385  0.02345 0.03598
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