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MEDEREEGERI L3, BMEOFETIEZ
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BT FAMIKMTE S X527 F A MK
WHLD T, & 27 IKFE L2 WA R FIEIC &
D, BXR T EVRBERR A7 ICBNTHF—T —
FeZzofMBZHIEHTE 2 Z2RT.

1 EA

THFZAMERICBI 2FEDO—2IF, 21—V ODE
Mo 72T FRAMEERTEZTHS. 24D
BEEMZEE, ¥—v—FZ2FHL T X MEKE
HM S 2 HE2ZRELTVWS., 7F 2 PEHTIE,
B TEFRAMNDREOREXF—V—REETLICE
252 T, RXEOREDEHNTER LY TT
FAMNERERTZZENTES(IL,2,3]. WRE4ERK
T, ¥F—v—FrFrE\WIary v 2EHLT, ¥
FEDA M=V —%iil#l 5 [4,5,6]. ZTOMDE
PSR, L a—4EmK, BRERZEDX R
JIBWTH, ¥F—V—FEHAVwW3ZrTca2—¥F
WEsTHEELWTFAMNRERTZ2 N TE
% [7,8,9, 10, 11].

L2Ll, F—7—FOAIZLBHITIZ2—FD
BEXICH-> 72T FAMEERTZ2CEA T TH
5. I—YOEKZ LD KM EELHEL LT —
7 — RO EZGIET 2 5ERH 5. flzF, EE
RE—T—REIHREDEREZFIK12DITHFAD
SeEL K WECE L, — /A CHBWEE TRV TF
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PIHLEST AN TES. £z, #BOF—7—

RONEFRZIEETEUIFEOMNZHIFT 22
TE3. MEFFEZRHICXF—Y—FEREETI0A
TH5DID KD BRFRLGFENEZTES, HFTL
b1 —FOENTZ7TFAMNPEREINS L IFR
S, —EOREFEZEE X — 7 — F DJEF O HlfE
WHUDAHATWE A8, 12], ¥F—V — FOLEZEHE
HE S 2856 e B L TREDBFEET S, (a) F—
vV — FOJEFZHIH T 2 72DIEBTHEDF —
V—REEETIRENDD, B—DF—T—FOD
NMEZHIEST 2 Z e TERWY. (b) EEHIEO A
Tl % DFx—7 — FOEKRNLEEMEZ LT L
HHlECcERV. FIZE, BELLETOXF—T—
EHRTFX 2 FOBFICHBXNZZH 3.

AWFETE, F—T—ReEF—T—ROMER
HE3 27 % X MAERICED . BEHEMETIET
FAMERXZRZITBWTTFAMZRZAL, TF
2 MEBLOREE, TFRAVREREDTF A MNEM
ZHlfE S 272 DIWRR b — 2 VOB IRES N
TW53 [13,14,15]. ZOFEEF—7 — FAEDH
HEHAL, F—v—Fe&F—v— FOMEXNIE
ERIFKRN—TVEETNICEZSBZET, F—
7 — FERIEZITS. 2Oy FARFERICE
D, X —V—FEHELLMNEICEET 2 Z H
AlREE 12 5. %7, (UEH#EOMEZM X8, X
D2A—HFOERICHR>T=TFA I 2EMT 2729
W2, =T v’ TFXFAMNORIZRIREKN—F
bET MG ZTHIEZETS .

TR 2 7 L WIREAE R R 2 7 TEHMtiZ TV, 2D
RA VT LR WA RFEC L > THF—7 —
R ZDONMBEZFIETE 2 Z & /R (Section 3.2).
7, RFEENEHEFELHEBRL A -y ME
PNGEWTF A b, 22—V OEKIEWT
FRAMEERTE S Z L %Z/RT (Section 3.3). F7=,
F—U—FOMNBEZHIETEZ TREDXF—V—
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2T 412 & o T/RT (Section 3.4).
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A7 TIEGPT €T [17) 23 5. 7F R ME
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THFAMOF—T—F, 2)&FF—7— FOE,
B EX—F Y TFRAMNOEX, BETNICEZ 3.
INLDHIE =27 23X =5y b TFANRLIE
53 %. BART EF L EZHVIEARK 1 ITRT X
ICHIE b — 2 Y2 EF L EMGE L Ty a—XIZ
52%. GPTETAZHWBGETHIE s —2 %
Fa—XIZ5%2%. BART E7/LL GPTET /L%
WAHEE DT F R MERE RIS, ETLEI R R
TV hr—BREHOCTEEN 2R p(yily<,x)
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true miracle dog (0%)

"She’s a true miracle dog and she deserves a good life," foster mother says. Theia was apparently hit by a
car and buried in a field. Four days later, she was found emaciated and dirt-covered by a farm worker. A
fundraising page has raised more than $10,000.

true miracle dog (40%)

A stray dog apparently hit by a car and buried in a field survives. The dog, named Theia, is "a true miracle
dog," her foster owner says. She suffered a dislocated jaw, leg injuries and a caved-in sinus cavity. A
fundraising page has raised more than $10,000.

true miracle dog (90%)

Stray dog apparently hit by a car and buried in a field survives. Four days later, she is found emaciated and
dirt-covered on a farm. She has a dislocated jaw, leg injuries and a caved-in sinus cavity. A good Samaritan
has set up a fundraising page for "the true miracle dog"

hit by (40%)
bully breed mix (60%)

A stray dog in Washington State apparently died after being hit by a car. Four days later, she was found
emaciated and dirt-covered in a field. Theia, a bully breed mix, has a dislocated jaw, leg injuries and a
caved-in sinus cavity.

hit by (10%)
bully breed mix (0%)

Theia, a bully breed mix, was atpparently hit by a car and buried in a field. Four days later, she was found
emaciated and dirt-covered by a farm worker. She suffered a dislocated jaw, leg injuries and a caved-in sinus
cavity. A fundraising page has raised more than $10,000.

F—U— N ZDNE

ARER (27— —2R)

Stray dog apparently hit by a car, apparently killed and buried in a field. Four days later, the dog manages

buried in (80%) to stagger to a nearby farm. She was found by a farm worker, who took her to a vet for help. Theia is now
receiving treatment.
A stray dog in Washington State apparently died after being hit by a car. Four days Iater, she was found
whacked (70%) emaciated and dirt-covered by a farm worker. She suffered a dislocated jaw, leg injuries and a caved-in sinus

cavity. A fundraising page has raised more than $10,000.
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