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Algorithm 1 Infference of m, z, z’ by M-H naming game

1: function M-H(z, 7/, 0, m)
2 m'~ p(m'lz.0)

3 r =min(1, %)
4: u ~ Uniform(0,1)

5: if u < r then

6 return m*

7 else

8: return m

9: end if
10: end function
11:

12: forr=1toT do

13: /I Infference of inner state of each agent
14: 7~ p(zlm,a,x)

15: 7~ p(Z|m,a’,x")

16:

17: // Determine the message through communication
18: forn=1to N do

19: /I Agent A proposes to Agent B

20: m «— M-H(z, 7', 0,m)

21: /I Agent B proposes to Agent A

22: m «— M-H(Z’, z,0,m)

23: end for

24: end for
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