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BL, EFLTRFRNZHERDITS 2 L DIRET
HBZEPREZINTWVWS [6, 15].

BeEE b F Bl R Y W8 R—20n
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KHBEEFBET N X 28BS XA 71T 2558
HiE AT LTl Ans Z 2T, HeeEm Lz K
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What are the 4 steps for the robotic arm to place the rubbish in
the bin? The instructions must be short, informative, and concise.
Please give me the coordinates of where to move it. Coordinates
are given by (X, y, z).

State: bin (0.10, 0.21, 0.85), rubbish (0.23, -0.30, 0.77), tomatol
(0.22,-0.15, 0.78), tomato2 (0.16, -0.02, 0.78)

Instruction:

1. Move the robotic arm to the position of the rubbish: (0.23,
-0.30, 0.77)

2. Grip the rubbish with the gripper on the robotic arm.

3. Move the robotic arm to the position of the bin: (0.10, 0.21,
0.85)

4. Release the grip on the rubbish.

o J
X 2: ChatGPT N5.2 3 7u v 7 b (BF) A
NIIEE R (FF) Dfl.

RUER L, BURCEE RN,
42 KBESHEEFIMCEZZ7OYTH
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DRIZBRRT Y THEe -5 THEGERE
SREBERS X OGO 5N B THEE N EDL & S
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EMRLE., EECHEHR L7 v 7 & ChatGPT
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ChatGPT # Wk 7Ta v 75 4 7 %2{7512H
2o T, 7ay 7 T RBmBEEh TV
WIGE, ERXN 2 FIENTTREICR ZHEHARD S Z
MR IN. Bz, K4 T, TafRy b7 —
LERAWT4RTy P TIIZTIFTANS HE
W hy e EWTE D, ERICAER SN -FIEZX
2 HEMLTVWAS. L2L, BRT v TIIBIFBEX
WA G (“This can be done by...”) & FNT
LEoTW53,

What are the 4 steps to put the rubbish in the bin using an
robotic arm?
Instructions:

1. Position the robotic arm in front of the bin: The first
step is to move the robotic arm so that it is in front
of the bin and in the correct position to pick up the
rubbish. This can be done by programming the arm to
move to a specific location or by manually controlling
it with a joystick or other input device.

2. Grab the rubbish: The next step is to use the robotic
arm’s gripper or other end effector to pick up the rub-
bish. This can be done by closing the gripper around
the rubbish or by using a vacuum system to suck it up.

3. Move the arm to the bin: Once the rubbish has been
picked up, the robotic arm needs to be moved over to
the bin. This can be done by programming the arm to
move to a specific location or by manually controlling
it with a joystick or other input device.

4. Deposit the rubbish in the bin: The final step is to
deposit the rubbish in the bin. This can be done by
releasing the gripper or vacuum, allowing the rubbish
to fall into the bin. It can also be done by using
the robotic arm to place the rubbish carefully in the
bin. Once the rubbish has been placed in the bin, the
robotic arm can return to its starting position and wait
for the next command.

N J
X 4: Aok rary 72V D, ChatGPT
NGz (BF) vrAERINLEFIE (F
) DOl
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B BFEICHEITIZIREBOAAXE
oD LB
AREBRTIE 3 DOFERRET HWTHIEZ M
SEL 72, BFHRICBWT, FEFIC Hiveformer 12 AJ]
L7XEfERSITRT. &b,
instruction, variable instruction D IEIC EARHI 72 F5R 12
o T3 Z EhFHAINS.

baseline, fixed

~

[baseline]
pick up the rubbish and leave it in the trash can.

[with fixed instruction]

1. Position the arm above the rubbish.

2. Use the arm’s gripper to pick up the rubbish.

3. Move the arm to the bin.

4. Release the rubbish into the bin by opening the gripper.

[with variable instruction]
1. Move the robotic arm to the position of the rubbish:
(0.23, -0.30, 0.77)
2. Grip the rubbish with the gripper on the robotic arm.
3. Move the robotic arm to the position of the bin: (0.10,
0.21, 0.85)
4. Release the grip on the rubbish.
\_ /
5: X EERERE (baseline, with fixed instruction, with

variable instruction) 128} % A1 SLZEH.
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