SR AR 29I RON S FE R UE (20234E3 /)

HEEICED < HBHEY S 7 DR
SRR I 3 3585

HFmt !

LR 2 2 2

bR FH RS oA B

B

A= YN
FEEEA? R
2 LINE tRX2#t

{t-ide@toki.,s.ryoma6317@akane. ,dkw@}waseda. jp

{takato.yamazaki, shengzhe.li, kenta.

BE

AV a—RIZEBESZ 2720, %2 OFHBM
oo IPRERINTVEY, XREERBLEZDD
A0 REESCTIENEGIC B 2 XRCER L,
i T SR S Er Ve N D A AP S BT A
PRETS. 73V KRRV, MRV =RIT
EERBL, BETH7 77 HARETCHELL. &
LU T 7% LIRS EERZITV, DEI
B 2GR EHRINICE Z 2 Z 212k o TAEKE R
LIVEDREMNENT 2 BR L. HAGETHE
LLIXFEHEHT 7 73N TETH 5.

1 IXLHIC

ANENEEEICBWT, R FEIES & & 20
BRANCHERR (11§ 5. WhIZARIZ, MEFowE#®D %
HOLY EF R 5. FRITHLT, =a— T VR
AT MEEEO AR D 3, RN ZIEER
PO EERT B VIER 212D, avEa—
RIZHEBE G Z AMAIIBAILRINTEBD, 20O
—RY LCHBNGERZ 7 7 B PRI ATWS.

WAk B3 2 HEERIZIRI PRI X > TR 2
2, BHFEOEMAR S T 7 130RZ EH 4] LTWw
5. LIhoT, AT ADPXRIHKIE L 12 Hilk %
w3 57200, XWREERLHERAGKZ 7 70
PRI, HWEEIZIEWL OPFEE[5,6,7] LTW
5703, HAGEIZIZZZ W,

AFX T, DAL LOWHEES 2T LA DFEB
WK T, MEEDHEBRE LD -G HE®R T 7 7 22
RT3, 73V R, MR Vo RITICHE
HL, I NZBEREERT L. FLAHBSE

1) HEHICIE Wikipedia ICREHEIE N2 & 5 RAGKICE S T2 D
DY, HEEEEEFICESHZ DO 5. AL TIEN
FICHELT, BEOWRENRE T 5.

— 126 —

shinzato, toshinori.sato}@linecorp.com

ws [0 [
R BB
ME O Lo chee b=
s C ) RPN
— 1FETE S IBED oy FEROEAB
£ BB RS> mln
#TBSE35 wTRZE [ .
CHBBN DI tag EIBEES
RICESR S
MBS S
oL AL | HTRSESS - > HWHATZS >
- #TES
A THES e BENYAE LT
L[ =Ry 3
B - . —TE e
AL HICBoe—> RENHHEN
[ 39 ~he-)
EHRNERT S

B1 FEGEEZ L2 T 2 RO B

ETNZHOWIRMEEICE LRI LT, MNEhE s
7 7%HHT 2 FEDIRRET 5.
RETINEFEER S 5 7%, HABOHEY L.
Twitter API % FH W CXEGEZINEE L, Yahoo!Z 7w K
V=2 7RG Z e icHm e S Lz, X
SEEE T 7 DT, MEEOEBICEBT AR
DEAEHL I LIz, 512, WELLI I 7%
W TR EEIRE AR % 1T - 72. HyperCLOVA JP [8]
@ In-Context Learning [9] IZBWT, DIEDH#HEGRE 7
oy 7 e UTHRINICEZ . e 5252t
WEoT, AREINZINEDORENZENT 2%
w7,

2 BSEAZE

21 BEHEHEISO

ARy M T 2 HE#MZRDTEBAG S 7 712
ATOMIC [3] 8B %73, ZNTNDA X MEIHR
DIV, ZHUTH LT PARA-COMET [4] 1%, ¥
BT 2 —HOSUIH LTHEmZ 53 5.

2) HARGECTHELZMFEEMRZZ 71%, https://github.
com/nlp-waseda/dcsg-ja I TRBTETH 5.

This work is licensed by the author(s) under CC BY 4.0
(https://creativecommons.org/licenses/by/4.0/).



(b) DME

B2 HMEEHZ Z 7 TR N EBR

GLUCOSE [5] %158 ® 125 % #E&#, CIDER
[6] LI XREIC BT 2 FEEF L OH#HEFmZ % 5. CICERO
[7] MEEICEES 2 HaAER 2 2 77208, 7F A b
ZHEA-EHHOHRE CTERT 5.

ATOMIC D BEfRIE, MRBA XY s DYEEF D
FODMh%ZE X ¥ Others ICX > TXRIT 2. —HT
CICERO DXXJtl%, HIRFELIED & FRY DRI
ERAILTWE D, HEROWNRE R 23EE 2 XBIL
W, AR TIE, X 52 DEEE AT =D
EWVWIHIRITICEHT 5.

22 RKBRUESHETILEXELEER

In-Context Learning [9] Tl&, AL RE X 27 Dl
Znon7ay e LTARHESEE T VICE
Z, TDRRXY %Z#EHHE 5. In-Context Learning %
WGBS B AL [10] DFFFE DRI TV 5. K
FEDRFUCH D IEE R AR T 2884 [11] %, K
72N E RS 23A 121 DD 5.

KBS EEETLVOERZ, 52onb 70y
MCRELSHEEZZIIZ I (1B BHISATVWS.
BRI %@ ITHoT, ZO@ELZHATTRY
7" MZH%E3 % Chain of Thought Prompting [14] % 12
RINTWV5.

3 WEEBHT T 7 DIBE
ARWFFETIX, NEEDOHEMMICRHL L 7=2"F 7 % R
T35, TXFAMIEDPATVWBE DL S

DET, FahZ e HEme 5T 5. il L ot
Aild, & O AHS UWHEHISELEMICEILD & &

— 126 —

R1 MO

BfR| R R EESCERER
Al | 3,060 1.44 6.24
AiHE | 2,728 1.29 5.87
%%t | 3,001 1.41 8.65
WEI3276 154 9.33
Fi& 3,567  1.68 10.58
NEE11,679 0.79 10.34
K& 1,591 0.75 9.94
| 3,564 1.68 8.90

BESNERS(COVT. DR EHNELD
BREDHERAT A,

25

Al: B<ERDO>TLNED

B1: EA'Y 2o SEBENGRVE
A2: ZHUFESRIFERACHEIZI AL

CDWT. ZOANRICER S TEDRE

WTLES,

2:F RS

Al: BLEED>T<NED

Bl: AT CEED S EBTBESH SRV
A2: TNEFTSEFERAICHBTEIAL
B2: ZNRYZTEWN

A3: TNEHERRBEAED

]
A3: Th(FHEKREEAELD

A3DEBEE R TEASADIDE

A2: TNFEDRFERAICHBIZZAL

A20DHEE RO AT ADLIE
ENEDSRNEES

RO ETBS AT AR

[oF -1/}

O BTN

(a) Foid
B3 HmzEss277 8y -2 7ofl

(b) 74L&

z%.
3.1 TILFE—=3EDOINE

Twitter APIY % FIWVWT, <L F &% — VXD 7 *
A ENETS. HEZYA— bR T 2 —HE
DV T4 ZMGEE BRI, WNWERLEXNGFHED S 5,
ZNOFEERRBICGEETHlO AT 2. k2T
FRNDORERMEH ST 2720, 74 LRV BT

352 WtEh (FERIC LT 2,121) ZEE L. W&EdH
72D DFHFEEIIFT 6.03 TH - 7=,

3.2 Hmos

Yahoo!Z 57 Y — ¥ 792 HWT, ik L
it e 53 5. HEmIT R/ LT, X3
KtxkdeIc 2’ =8 BREERT 3.

I iEogbbhTRI -2z (R », *

DrEflozze () 2

2. HEEODRICH o T2Z b, FOHRIZH 5722
3) https://developer.twitter.com/en/products/

twitter-api

4) Yahoo!Z 7V FY =¥ 7% AWVT, MEFEDONENEET

Zrheehd. BEENNETHEMRETE S0, FMAH

ERYLEETEMELLRET 3.
5) https://crowdsourcing.yahoo.co.jp/

This work is licensed by the author(s) under CC BY 4.0
(https://creativecommons.org/licenses/by/4.0/).



o)

3. Baiks o7 N GELF) conwTh, 0k
vz A (BETF) iconTH

s BRIz FR TR, M2 X514 MT 5. BlZE

(R, 71, 56 LF) oA X 2 BIRIEERK & o
&, HEEDRKE 22 B8 0Hw T 7 X A MEAT
573 %.

foik RiGrzoBEEZE5 X, HIEFKICOV
THgmEFEALTH S S, BRI A=
F oK FEUREIBERET 5. BEOHER %ﬁﬁ?
5227 DF%K 3(a) IT/RT. HENR 5581 AND T F
v R —HEEW, 177,276 H%E T - 7-.
TZaIlR2 LTS o MmN LT, 77
TRV =Y RO T4 VR BN, Wik #
DEIE, BXUOHGRCT 2wt 5 %, HEamo
s EHELTH LS. HEwmIT 2ic3 ANics
R, ZERICE > TRERZRTET 3. ﬁ%@%%
ZAMELTH 55X A7 DHI %X 3(b) I2/RT. T
NR4524 N2 Z9 KU —h%ZEW, 171,236 %%
ho =,

ﬁ%ﬁﬁﬁi?@%ﬁ%%lmf? DT IY
RY =2V 7% fTo 78R, RRIIRPHRDZEE I

B3 2BhnE Aonr. ICGEELFLLHEEF
DL HICHETAHERPBIERZINTNE ZHRE
Motz TNSDEHIE, SHROMETHS.

4 J3537ZRBVIREREER

KIS FEE 71 D In-Context Learning [9] % W\
T XA EEINE AR LT, ML I=MEEEHRT T 7
%A 3 %. In-Context Learning (2% & M EHIEE
AT, WSO NEFEZS ay P LTET L
WEZ 2121, EFLVETFRA b LickEnzz
Y LUANVEBIICHI S Z e ST ERWY . — 5 TAM
E, PATTFRAMNIEDIPRVILIEERLEDLS
WEEZITS. b AMS LW EESEE I
T, 7F A+ EERBRWE#BREDZTETALICE
Z5.

AR TIX, XLD S BOEOAIERT 5. D
BT 2H#mEHRICEZ 22212k o T, G
EDREE R TP T 2BORMNEZETVICHZ S
ZEWTES. Thbb HFERIZIHIE-LESLS

L, BRI Bo%hs, T5FB5) Lotk
BETH 5. Z4UX Chain of Thought Prompting [14]

6) EFETNLDNRTRX—XK
HBLEZLNBD,

I, HAEE TS BRI AR
ZNLIEFEHNZSDTHS.

— 127 —

BAREEBODZANREL TV,

ERE % > TwwwhRESR R T IEREAUSE Tawww)

#BAR [ZZABATEE]

1ERE [YEBRITCRIICR TR O IRBRAE LAL T EZDRICI 2> Twww)
AR [ROWAEET A L LWEEK)

EE TWRIEFA LT D LD > Fawww]

(a) HEERZR L

BAREEBOZANREL TV D,
BARADNEAEBoTWD, LIERIEERS, T L 1Bk
1&)13% fio’(wwwﬂ&%ﬁ&ﬁ’( CEREARUC SE’CT_WWWJ

"*'Z't hFvIHE B - CIERRIEER B, £ LT, A

BT LOERS,

Ttﬁgmﬁzﬁbthtwt%
WEEDB TS L EB ST, &Rk

0 tB%EL’g"iJ [,h %%J
,/ cﬁ & 71 (&

e 5
FL\-‘M&/»US‘JVJ L7§ > fewww ]

Foadns, EB->TWD, LIERIIER %,

(b) TRTOHER
B4 HEESBERICBITS> 3y ol
EBERD.
4.1 [IERE

XEEH 7 7 7188 ENDXEHTONWT, KD
LoH/HETORMZEEL L, REDHEZ LK

35, ZOEBIZOWVWT, TarFre L TOMED
Himzr 52286, v HERESZRVWES
b3 5.

¥ a vy MEIEBRTROXEZ R W23 X Toxt
Eo, FUXMIBIRTED. £rav M, K
MOFHE —HOHGE, SR 5. RNOFHTIX
HEOHE RN T 5. %nﬁci%m%mﬁ%@%
A $FEcHEE N T F A Mo 5. AR
DOXFETIE, REOREFEICB T 20X NE T
BEY 35, e IH@RESZRVEGICBIT 2
av bOfEK 4a) ITRT.

MR LW T 7 71, TN TORGEIHER
ZHES. FRASEHWT, Yayv FRHORFICET
LHEREIIRINICE 2 3. RBEDOHMEE S o ibdE
WOWTDA, THROLEREDSFABIEEDHEIC
B2 MEOHEERDO ARG 2 5. ZHUIABOXTEE
LREUT &S, HFOREICHE T 2 HFOHEmIIA
DZRVWEWIREICES L. hBhioitsn (@i
YEE) 133EE DR, HBoHEm (KA L KG) 3R

7) In-Context Learning Ti&, “E7 /L% Finetuning § % L3742
W, JIffT =2 T AT =2 EXATE2RHES RN,
V— 7 3RE LRV,

8) HAT - ZWVL20MHMOHFrS, 2@TOo%2T
R LITEIRT 5. HFO—EIX https://myoji-yurai.net/
prefectureRanking.htm 2> 55| L 7=.

This work is licensed by the author(s) under CC BY 4.0
(https://creativecommons.org/licenses/by/4.0/).



®R2 77 7% HAVIAEERELERD E B

EFL PPL BLEU distinct-2
Heamiz L 8151.92 1.29 63.75
iy K& |5785.54 138 66.54
E L RS 832878 1.35 65.93

FTRTOHERR | 5252.39 1.37 67.49
IEfRIGE 4046.46 - 82.64

K3 77 7 HWTERIRELRD N T

ETIL Bs Al slEa
e KAB VSt L |43.37 49.84 6.80
Y KIS VS #Egma L |51.26 39.94 8.81
TR TOHERN VS #EFiiZz L [ 40.95 52.70 6.35

FRDRICHAT 5. DIFOHERE S 2 25818
5> ay bOFIZEK 4b) ITRT.

KIS EEE 7 1121%, HyperCLOVA JP 39B £
NI EHAVWS., Turrroray v E2ET
29 EENEE S L2 3 AT AT .

4.2 FHfE

AR L2 LT, 7L BIRO Mot 274 &
ETVELOEXNFHEIZITS . BT 5 TXT
DHEFmE 5 2 5T LT, #EmEHRINICE
ABVR—=ZA T4 VET LN RE TS, £/
DB T 2D S BEE LFICHT 20 (1%
YIRAB) PS5z ET L, BEFINTED
D (NErRE) 235252257 1V35H0T 5.

BEEEM iEFEE LT, =L F> T4
(PPL) ¥ BLEU [15], distinct [2] ZEIE T 2. Zh
5%, HAFEFIERMHTS 2 7 4 Juman++'? % v
THrbEXLENEICHLUTEHEST 2. PPLIZ
GPT-2 HASZE Pretrained E 7LV 2 W CEHE T 3.

AFFFME Yahoo!Z 7V FY =2 Y 7 E2HWT,
2ODIRELLLEERTZETNVE XY RFEER
G20 R ANCEHES 5. IEEHD 5 NI
R, ZERZITS. ERTBANDTZFTT R T —H %
W, 15,350 M%E XA - 7=,

43 EEBRER

HEFMl OS2 3£ 2 127”9, BLEU ¥ distinct
X, #EmEART 2 A0E L RAMEANH L. OF
D HZ THEREHRINC S X 7250, EFLEED
ANENSGEWIRE R ERT 5. AFiHMiiofE R %% 3

9) ITRTOHREFRINICGEZ L5 T2, b—2 VB
KEL &%, AW TIE HyperCLOVA JP D KR E 28
AT, HROBEII»DPDLT Y 2y MIE 2 TH—L 7=,

10) https://nlp.ist.i.kyoto-u.ac.jp/?JUMAN%2B%2B

11) https://huggingface.co/nlp-waseda/gpt2-x1-japanese

— 128 —

WWRY. NERIGEGE2E5Z5FETVIER—-ZF
A YETFTNAMRE> TWB 0, ZRLAMIAT TV
5. L7hoT, BMEFIINT IR 522%E
TMT X DI RINE R ERT 5208, & LFICH
FTAHGRIDL LA G ARV LW,

F2orRIBUET 2L, ERSEL OELER
3 BLEU TREIk e KRED R a7 Emws, AF
PN E e IO BB KE W, D% D AR
ZEBEMTE2EDS, KOHFLZE-IBELE
BEXEBTH, 2—FDLr7 AR T RAFEL I
5. F7FEEBICH WX EED Twitter D 7 ¥ X MU
HEo ey, AFNSEWEDRE TR 2]
EXINBFEHREEZOLNS.

B & AN FiHiiofiEE X, ANFiHiis+9T
RWAREME 2 F#im X w5, AFFHiTlE, MEE0E
JEE BT UDBER L INEZ, MIICFHME L. D
FHII7TRY—HE, ARITRZaI 25—
Parvdirb—EYI Do THELTWS. Lk
BoT, HFOZ@E» Y Z2iE L DHFELE-> T
B ZohT3EFLTY, MO Ebh>S
3. bo b REEHITIIFVEEZZETFTALRIELL
ST 2720121, EFALEOEMZSh EDIC
EHT2E5%, &b IWAFFHIGDREREI KD 5
ns.

5 &hHOHIC

Wik T 2 MEE S 27 L ORBUCHENT T, 5t
FERICHEHOD K ERHAR S 7 7 R IRR L. MEGIcBY
23D0DRTTICHEHL, HmINTEBEzEEL
7=. Twitter API ¥ Yahoo!Z 77 RV —> ¥ 7% W
T, NEEH#RT 7 7% HARECTHEEL -

EHITHE LTI 7%, KEEEEETLVEH
W REINEAEBUIE L7z, HyperCLOVA IP % f
U7z In-Context Learning 1238\ C, HEERIY 22 HEdm %
ETNMCEZB2FEBREITo 7. FELFRPHEHEFOL
Biext§ 2R 2 HRINICE 2 3 28T, ElEh
3I0EDFRHESZE L 7.

AIFGETIT o 7o MEEIDEE RO FERRIZ, [EfRE 72
RO TFITICH DHHRD D &AT o 723, Z D
WFEANTRY. #a2iT5FIEDED 1T F
4 VORI, SHBROFETH 5.

ARFZEI% LINE MR 24t & BRGHE KO H RS
WK DFEREL .

This work is licensed by the author(s) under CC BY 4.0
(https://creativecommons.org/licenses/by/4.0/).



BE Xk

(1]

(2]

(3]

(4]

(3]

(6]

(7]

(8]

Deepanway Ghosal, Navonil Majumder, Alexander Gel-
bukh, Rada Mihalcea, and Soujanya Poria. COSMIC:
COmmonSense knowledge for eMotion identification in
conversations. In Findings of the Association for Com-
putational Linguistics: EMNLP 2020, pp. 2470-2481,
Online, November 2020. Association for Computational
Linguistics.

Jiwei Li, Michel Galley, Chris Brockett, Jianfeng Gao,
and Bill Dolan. A diversity-promoting objective function
for neural conversation models. In Proceedings of the
2016 Conference of the North American Chapter of
the Association for Computational Linguistics: Hu-
man Language Technologies, pp. 110-119, San Diego,
California, June 2016. Association for Computational Lin-
guistics.

Maarten Sap, Ronan Le Bras, Emily Allaway, Chandra
Bhagavatula, Nicholas Lourie, Hannah Rashkin, Brendan
Roof, Noah A. Smith, and Yejin Choi. Atomic: An at-
las of machine commonsense for if-then reasoning. Pro-
ceedings of the AAAI Conference on Artificial Intel-
ligence, Vol. 33, No. 01, pp. 3027-3035, Jul. 2019.
Saadia Gabriel, Chandra Bhagavatula, Vered Shwartz, Ro-
nan Le Bras, Maxwell Forbes, and Yejin Choi. Paragraph-
level commonsense transformers with recurrent memory.
Proceedings of the AAAI Conference on Artificial In-
telligence, Vol. 35, No. 14, pp. 12857-12865, May 2021.
Nasrin Mostafazadeh, Aditya Kalyanpur, Lori Moon,
David Buchanan, Lauren Berkowitz, Or Biran, and Jen-
nifer Chu-Carroll. GLUCOSE: GeneraLized and COn-
textualized story explanations. In Proceedings of the
2020 Conference on Empirical Methods in Natural
Language Processing (EMNLP), pp. 4569-4586, On-
line, November 2020. Association for Computational Lin-
guistics.

Deepanway Ghosal, Pengfei Hong, Siqi Shen, Navonil
Majumder, Rada Mihalcea, and Soujanya Poria. CIDER:
Commonsense inference for dialogue explanation and rea-
soning. In Proceedings of the 22nd Annual Meeting
of the Special Interest Group on Discourse and Di-
alogue, pp. 301-313, Singapore and Online, July 2021.
Association for Computational Linguistics.

Deepanway Ghosal, Siqi Shen, Navonil Majumder, Rada
Mihalcea, and Soujanya Poria. CICERO: A dataset for con-
textualized commonsense inference in dialogues. In Pro-
ceedings of the 60th Annual Meeting of the Associa-
tion for Computational Linguistics (Volume 1: Long
Papers), pp. 5010-5028, Dublin, Ireland, May 2022. As-
sociation for Computational Linguistics.

Boseop Kim, HyoungSeok Kim, Sang-Woo Lee, Gichang
Lee, Donghyun Kwak, Jeon Dong Hyeon, Sunghyun Park,
Sungju Kim, Seonhoon Kim, Dongpil Seo, Heungsub Lee,
Minyoung Jeong, Sungjae Lee, Minsub Kim, Suk Hyun
Ko, Seokhun Kim, Taeyong Park, Jinuk Kim, Soyoung
Kang, Na-Hyeon Ryu, Kang Min Yoo, Minsuk Chang,
Soobin Suh, Sookyo In, Jinseong Park, Kyungduk Kim,
Hiun Kim, Jisu Jeong, Yong Goo Yeo, Donghoon Ham,

(9]

(10]

(1]

[12]

[13]

(14]

[15]

— 129 —

Dongju Park, Min Young Lee, Jaewook Kang, Inho Kang,
Jung-Woo Ha, Woomyoung Park, and Nako Sung. What
changes can large-scale language models bring? intensive
study on HyperCLOVA: Billions-scale Korean generative
pretrained transformers. In Proceedings of the 2021
Conference on Empirical Methods in Natural Lan-
guage Processing, pp. 3405-3424, Online and Punta
Cana, Dominican Republic, November 2021. Association
for Computational Linguistics.

Tom Brown, Benjamin Mann, Nick Ryder, Melanie Sub-
biah, Jared D Kaplan, Prafulla Dhariwal, Arvind Nee-
lakantan, Pranav Shyam, Girish Sastry, Amanda Askell,
Sandhini Agarwal, Ariel Herbert-Voss, Gretchen Krueger,
Tom Henighan, Rewon Child, Aditya Ramesh, Daniel
Ziegler, Jeffrey Wu, Clemens Winter, Chris Hesse, Mark
Chen, Eric Sigler, Mateusz Litwin, Scott Gray, Benjamin
Chess, Jack Clark, Christopher Berner, Sam McCandlish,
Alec Radford, Ilya Sutskever, and Dario Amodei. Lan-
guage models are few-shot learners. In H. Larochelle,
M. Ranzato, R. Hadsell, M.F. Balcan, and H. Lin, ed-
itors, Advances in Neural Information Processing
Systems, Vol. 33, pp. 1877-1901. Curran Associates,
Inc., 2020.

Andrea Madotto, Zhaojiang Lin, Genta Indra Winata, and
Pascale Fung. Few-shot bot: Prompt-based learning for
dialogue systems, 2021.

Chujie Zheng and Minlie Huang. Exploring prompt-based
few-shot learning for grounded dialog generation, 2021.
Young-Jun Lee, Chae-Gyun Lim, and Ho-Jin Choi. Does
GPT-3 generate empathetic dialogues? a novel in-context
example selection method and automatic evaluation metric
for empathetic dialogue generation. In Proceedings of
the 29th International Conference on Computational
Linguistics, pp. 669-683, Gyeongju, Republic of Korea,
October 2022. International Committee on Computational
Linguistics.

Yao Lu, Max Bartolo, Alastair Moore, Sebastian Riedel,
and Pontus Stenetorp. Fantastically ordered prompts and
where to find them: Overcoming few-shot prompt order
sensitivity. In Proceedings of the 60th Annual Meet-
ing of the Association for Computational Linguistics
(Volume 1: Long Papers), pp. 8086—8098, Dublin, Ire-
land, May 2022. Association for Computational Linguis-
tics.

Jason Wei, Xuezhi Wang, Dale Schuurmans, Maarten
Bosma, brian ichter, Fei Xia, Ed H. Chi, Quoc V Le, and
Denny Zhou. Chain of thought prompting elicits reasoning
in large language models. In Alice H. Oh, Alekh Agar-
wal, Danielle Belgrave, and Kyunghyun Cho, editors, Ad-
vances in Neural Information Processing Systems,
2022.

Kishore Papineni, Salim Roukos, Todd Ward, and Wei-
Jing Zhu. Bleu: a method for automatic evaluation of ma-
chine translation. In Proceedings of the 40th Annual
Meeting of the Association for Computational Lin-
guistics, pp. 311-318, Philadelphia, Pennsylvania, USA,
July 2002. Association for Computational Linguistics.

This work is licensed by the author(s) under CC BY 4.0
(https://creativecommons.org/licenses/by/4.0/).



&4 N5 DH

R5 RSN EDH

Bl | HHEam

£ 7:\}1/ )D%

FHR | {BVWaun}

A | { FEICERIMTH TRV }

®hE | { TEREIR D S )

WE {L2DRTHEETIUEL x5V RA,
?K&ﬁbfl7ﬂyﬁ%b:%ﬁfﬁi?

| { BT Cx VA, B0RDORVERNS }
PEE | { B W, BT C#b 3 BN & 7
T3 }

RE | { B2 W3S BETROE )
RIG|{Z5hdbd, O}

A ¥EEEHEYT 57 DM

A1 HEEEDHI

3.1 JiC BT, Twitter 7> & IVE L 725158 0 6 %
RIS .
B ERD > T D
BN b obig#Bbh oy
ZRIZS R ETRACHBTELAL
T~ TEV
ZAUSHIERIE R (LA Wb

DB 3BFBHDOFEFICOWT, 32HTHE L
Heimr R 4 187

M N

A2 TS57059h
B BFEETBT 2B OHER w@%ﬁuzw
5 RIGDOHERE, F— @u'%h?.ﬂﬁu,

%%mﬁﬁ&ﬁ%wﬁ%tﬁ%w%%mﬁﬁéﬁ
Eofimd, F—0DEEET. WhidEke K&
BEE LR EBRICE -2 e T, NMERKE, Kb
BERKIC T 2 EFEro0TFHTHS. ELED
B oz, Zhsicd 2 EFoTHl
D, TN VKT 0TS,

FERE LT, BONEINFED T F X MicED
NTWa5E, NELRIGDZNZIUIEIKE KE
W—H LR T W e bho .

B XEEIE R D

B.1 /N\TININT A=A

Twitter [ZIXFFATREZR 7 F 2 b DEASCFEDY 140
TH3ILICEAT, EROBRKN—7 v HE
140 3 %. b= UHbOXFHIF 1D ER
DT, FEDHZD D=7 VBIIHT 140 LR &

— 130 —

HERm 72 L {THEEEAKOWTEDL > LATL
RIK, LrdSHRKGELHESHEL TR
LK ®obeRbh LSHENRWY
A2 Z i}

e KE |[{EHTHINSDVERLINIKRILRS
AVE HTTHBE 72 wow, LB D
rﬂ%%@*ﬂ@fﬁotﬁ)%ﬁﬁsﬁgiﬁ
www}

NEYRIG  |[{ W77 > TEFAZ OBEFTHB N T2

LAME, ZARIEEDLNTHE, TD
BRAPHICHBASEUTERLE Y
FTRTOHEGN | { FUTEZARQAT EBE, [H S fiE
RBLIDICh———, FARATED
NEBRATE - 2RV d AR}
WRIZA X T LD o2 www

IEfRICE

Bcﬂlﬁ‘zé’)’“%i:.”v“t

WTIH 2 T2 LASLR!

B 5 MHEMFHDZDDT 5T Ry —2 v 7D

7% %. 7 a— K TIX Softmax @ Temperature % 0.5,
Top-P & Top K ZZNZFN08 0T 3. EHIZ
Repeat Penalty % 5.0 £ 5 5.

B.2 EDH

RISTRTHERCDONWT, 4 FHETOHREZIBIE,

SEHOHFEZIDE LTERT2HI2EZ 5.

1. FoTwww REZERNTIHRENIZEKR T
WWwWWwW

2. RAMATEE

3. AT RNCE Th 6 RS 2 1E
FORFIZ I X5 T www

4. [V LWERE

5. WRIFA T T UL o7 www

Z Dk =, HyperCLOVA JP 39B E 7 /LIZ & » THEMK

SN EERSITRT.

B.3 S

Yahoo!Z 57 K Y — 3 > N2 F-0 < FHEH D il
X 5127

LIzARZTE

This work is licensed by the author(s) under CC BY 4.0
(https://creativecommons.org/licenses/by/4.0/).



