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RU 7 FBEED fo =052 f3=0DHFE, KX (Q)
BRDOESIWRLL Ze B TE S,

ay = ag+ 0B, By =py+0BY

LT, KAl s I2BWT a, B LU B; D77TAIE Gauss
DHERHOCTHRINCRT Z N TE S, Z4HUdd
I B RMRRO R WVERNR) Yy 22T
NOERBECLEEFELL, 20RO RE (4) OR#E

LiE vy 727V ORELFEICHE XN 5.
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