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(1a) Many teenagers were helping themselves.
(1b)* Many teenagers were helping herself.
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(6a) The forgotten newspaper article was bad.
(6b) * The forgot newspaper article was bad.
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(2a) Joel discovered the vase that Patricia took.

(2b) * Joel discovered what Patricia took the vase.
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dropout, attention_dropout 0.1
accumulate_gradients 4
emb_dim 256
gelu_activation True
Optimizer adam_inverse_sqrt

1r=0.00020, eps=0.000001
warmup_updates=30000
betal=0.9,beta2=0.999
weight_decay=0.01

epoch 100
n_heads, n_layers 8,12
amp, fpl6 2, True
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