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#F 1 Multi-News[4], Multi-XScience[5], MS"2[6] & O Lt

train/valid/test 12381} 2 SEH OB, ANXEOEFTOEX

(HRERD. SRENORE (BFEER0. ANXXE DL novel n-gram DEIGZR T,

dataset train/valid/test total input length target length number of inputs unigrams bigrams trigrams 4-grams
Multi-News ~ 44,972/5,622/5,622 2,103 264 2779  16.87% 55.57% 74.44% 81.23%
MS™2 14,188/2,021/1,667 6930 61 2280  15.24% 62.35% 87.23% 95.27%
Multi-XScience  30,369/5,066/5,093 778 116 442  3528% 81.57% 94.88% 97.89%
Our dataset 79,103/8,217/7,475 1,789 605 7.01  31.28% 80.11% 95.17%  98.09%
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Models ROUGE-1 ROUGE-2 ROUGE-L
LEAD 22.58 4.48 11.54
LexRank 24.14 4.90 12.42
Big Bird 23.79 3.71 15.47
FiD 30.72 7.09 16.05
Ours 34.93 7.86 16.76
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Human Evaluation Results ~ Relevance Coherence Informativeness Factuality Overall score
Human > Machine-Generated 25.6% 48.9% 64.4% 40.0% 68.9%
Comparable 56.7% 31.1% 20.0% 48.9% 8.9%
Machine-Generated > Human 17.8% 20.0% 15.6% 11.1% 22.2%

Title: Deep Learning for Image Super-resolution: A Survey
Chapter title: Progressive Upsampling Super-resolution

The Progressive Upsampling Super-Resolution (PSR) BIB002, BIBO0O4 is
proposed to progressively reconstruct the sub-band residuals of high-
resolution images at multiple pyramid levels. This method does not
require the bicubic interpolation step as the pre-processing step, and
thus dramatically reduces the computational complexity. The key idea of
PSR is that the network upsamples an image in intermediate steps, while
the learning process is organized from easy to hard, as is done in
curriculum learning. To obtain more photorealistic results, a generative
adversarial network (GAN), named ProGanSR, is proposed, which follows
the same progressive multi-scale design principle. This not only allows to
scale well to high upsampling factors (e.g., 8 X ) but also constitutes a
principled multiscale approach that increases the reconstruction quality
for all up-sampling factors simultaneously BIBOOS. ...
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