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A, HEEmEEOM N EIERT 5 2 TREMS
BETFTLOMEENH LT3 Z e 2RE . LAl
BEEFWIZE T, HEEmBRE 2R TAER S TzFEm D A4
DB XNTED, EFABED &S LitimRiEz
AL, EEErEINLZYRiERE RLT
W5 Dh W o T HEERNAE O R 2 583 fThbh
TWVWARWL., KA TE, SBETCOVT, #Ham
WIEZ B E X TR E BT 2RENZEHME L, FRC
SHETANEFL LTELBEROIICHER
EYUTH, EEREZELT, RAEWHD 175B /6T T
LTT 6, HERBFRIC nor BEET 256, Hime
LTno ZHERRT 2 &0 o EWHEHICE WAL
HAThhTW A AlREM 2R 7.

1 IXLCHIC

WA, KRB SEE T VIO BEG 21T 3
e THRARSHERIRA 2L, PBREFETR
(few-shot prompting) [1] 23 EHZHEH TW3. K
CHEOETX, HEmBEEER TS L5 T ICHE
Y % BEEHEIET (chain of thought prompting)
2] OBEMEDIREI Nz, FIZX, TRAHTEFED
AR — V2T AR IE D 2 000 Lo I E R
Wt LT, BEEEIE IR HRmTIE, 7
NEET TREEFRIHREFTH D, WA —
MFEFERTIRITF 2 DT...0 Lo T HEEmETE 2 4 K
L, $WT NIV 2woiamz 8. BEWR
TiE, BEHHEETRD D & REKINE SN2 HEHD
BPMET 2 ZEIIRENTZZHDOD, ETANEY
AR R AR L TW B D, EFILORERE
Br—HLTW2300 W\ #fiimERoZ 4 M
DVWTIE ot EhTtuniw.

AT TIE, —HEOBERRE () #HamE % &
RS % EERE E (i) G2 & N7 B> o i e T B
BricafR L, FHioBZS I, ETIEHREDEZ
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[ARE . "TKRAPHFEFEIERXR—
Fcy EHDOBZESHN?
HREEZHRLTCEZ L,

Iz

HERBIE . ARBFEIBRRFTHD,
BRAR—ILITBFERO A TERIFZDT

HEREEL SHEYICHKR/Z TE20?

BR:ULWWZ

(BEHNERE "OH) ICiE
TWWZ ) AYEEPTLY)

X 2
AR %% SEEFIL

e (W

(FRENRIFFEE LT

1 EEEEERE T,
BERBENEG TN 2 HEGmERED S
BB TELIEHRETS

KRR SEET L EAWT,
SRR Y] e i

BT EED & ifam & E < BB DWW THREHIAY IR
BEEITS. FIC, SBTTADNEFLLTERLAE
RIDOUHNHE N Z YT, only R not £\ > 7= BE
RV E F N 2 HEGmBIED & FmBEAN @ V) 22 hbam 2
BLZehTERhe#ETS (K1),

GPT-3 (text-davinci-002, 235 X —&XH# A X 175B)
[3, 1] & OPT-66B (Open Pre-trained Transformer Lan-
guage Models) [4] Z &L KK SFEE T L2 MR
& L72EBRDKER, only, not, implausible ¥\ 7=
FRHNICEREE (mispriming) Xh, BEMNLRIRH
HRBREICEENSIETT, RENBREICRLT
ETINDOTIRBRIEAEI no ICRD Z L B X
nr.

DRERD S, AR L THEWSEERICE S
m@%ﬁﬁm#ﬁbﬁfh&h LR E T,

2 RERERTE

Ml L 7=V BB EEHRR T, Ak ed
() HEFmEAE 2 AR AR U (i) ?ﬁuﬂm_ﬁ%ﬁki Z Chbim%
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Determine whether an artificially constructed sentence
relating to sports is plausible or not.

Q: Is the following sentence plausible? "Bam Adebayo
scored a reverse layup in the Western Conference Finals."
A: Let's think step by step.

Bam Adebayo is an American basketball player. Scoring a
reverse layup only happens in basketball. So the answer is
yes.

Q: Is the following sentence plausible? "Santi Cazorla
scored a touchdown."

A: Let's think step by step.

Santi Cazorla is a soccer player. Touchdowns are only
happen in football. So the answer is no.

Q: Is the following sentence plausible? "DeMar DeRozan
was called for the goaltend."

A: Let's think step by step.

DeMar DeRozan is an American basketball player.
Goaltending only happens in basketball. So the answer is

yes.
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B2 PEEHFERXOH, fREidHEmEREOHERT

HAT22 05 20080 KRD NS, RIFFET
F, BRECERATZYTCGHEiZITS. BRECHELRE
MTHZEHE LTI, yeso DEZDAEHNT S
B BERRE T D % 7 ORIl LN T H 5
e, ZORMIEEHGIER PERINE D
DREZRMNTH 2720, RIKROEFFL U TERT
FLZe LIV E VS FHITHNS.

RIREERTE: BIEX LC, TPAAZ L) 2WVWIHX
DODLEDHLLIZETNVICHASETH S REZHRA
L7V, 22 TPIRA% (player, AR—VHEFH),
AITE) (action, F—L %2 57%E) #RL, #HH
BETIEPBMADAR—Y SOEFTH I, /-
ADZEDRAR—=Y S TITHOIL TV S 0% BFERIHE
MTAYFUAERRALRE. K2R3 h, SR
DFEIZFFETEHEINL TV S.

FKERTIX, RIECHEEMEFE (So the answer is £ TC)
EETMIZATL, BTN yes/no DEH 5 &A%
TELINT S Z T, BRI E 2 CEYIR
fhama M3 2N ZFHMES 5. MmrEL ATy
FTE PIESOEFTHS, STIEALRL., Ko
TPIEA LRV Vo MR EREHERD KD &
NTVW3, ZOEIIBWT, il 2 I3H#HEmEREIC

1) BIG-Bench [5] 1 ® Sports understanding X 2 2 % 5E&1Z L
7.
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not D XD REBERBEDPHBF L =68 %Z no &3
Vo RENBLENITORA TV S 2%
3 5.

B, HAEREIHOLPUDHERFLI-EY DD
ZANIILTED, BE2NELDH B XK= DEFT
HYEID, BITEBEDAR—Y TITbh 3
W o T EERAERE £ T OUICRTDb R V. 2 ORI
3.1 fiCHEITHLT S.

DEBGHESR: AT (6] 1y, X712
TRy, MES - BHERN R - EaatE
F3MEET VAN LIS, REIEIE 20
MEDOME & HFmBtE 2 A3 5. DIEEANT 2
BEBEHALLRERZSIIBWTD, fHREHE
HOHDZHWT WS,

EFI: EBETIX, GPT-3 (text-davinci-002, 233
X — &% 4 X 175B) [3, 1] & OPT(Open Pre-trained
Transformer Language Models) [4] % W 7z. OPT IZ
2 T3 Huggingface? FIZABE ATV S 85
X—XHY A4 XDHEZ 7EFTL (350M, 1.3B, 2.7B,
6.7B, 13B, 30B, 66B) % #Hiix{5 ¥ L 7.

3 =B

FIWIDIC, HEFRBEEEEZ TIELLEETE
5 MRS S 728, HERFIER Tl A < HEGmEAE
T R AUER T R O RRERR G E R B AT B (3.1 ).
K2, BERBROGEY EFLDIRDSFNTONWT
FEZITS (3.2 ).

3.1 EHHIEER: FicTon S REDEA

S%%E BIG-Bench @ Sports understanding 78 [5] >
SINVE LT —&t v b (ReaL) IZHNZ, ZEZE0ETF
Y AR=VEP O LTzT—& 1 v b (Fiction)
FHAB L (98% A). BETFD ReaL £ v MEHEHEHR
DEFICH U= > TWB D, REFFEDRED
Db & TlE, ETFTADIEMLRICHGRREDONE
PHR L CREmZEWZDD, T AN E B
WICESWTHETEZ 2000 ) 32 # L.
oT, HMBEEZEEZARVEEZLILDTE
72\ Fiction REEZBA L7z, BB, EFEIT LD
DANE 11 TH D Z e BfFE s H, BB —F
DA L, ReaL BE TIXIEM T XD yes D i
75 496 [, IEfRZ ~ULAH no DRIREAY 504 I TH D,
FictioN #7E TIXIER 7 <UL 23 yes DEIREDY 495 [,

2) https://huggingface.co/docs/transformers/model_doc/
opt
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1 R (yes: yes DEIE, no: no DEIE)

5L REAL FX7E FicTION 3% 7E
IEf##E  yes no IEfEE  yes no
GPT-3(175B) 100.0 49.6 504 794 289 71.1
OPT-66B 947 549 45.1 919 576 424
OPT-30B 75.1 247 753 5577 52 9438
OPT-13B 68.2 34.0 66.0 91.0 415 585
OPT-6.7B 86.5 529 47.1 77.6 71.1 289
OPT-2.7B 77.8 55.6 44.4 67.0 815 185
OPT-1.3B 68.7 18.7 81.3 81.1 43.6 564
OPT-350M 512 1.6 984 511 2.0 98.0

1Efi# 2~V 78 no DD 505 I TH 5.

RBR RICKRETOERRYL, TFAN
yesio LB LB GRS, EhAido@ED,
T =Xy MHOD yes/mo BHIETH 5 HEDHIZEB
XZ 111 THB. FHFiEE OHFEDFE X 72\ Fietion
RETIZERINIERER T2 D, FHZ OPT-30B B
X OPT2.7B IZBWVWTIX, H1h yes P no D EH
OMPICKELIRE 28I o7z, ZDZehrbEE
HFHIERHNCIZAERK L a2 A TR, €7
APETLHEBIERAINTVWS Z e ARBIA,
HemBREO M %2 5 % T, FHARRDE X 20k
EREBANT DI DEBEPHERI N, LIFEOFEER
TlX, Fiction BREICHREZMZ TV L.

3.2 RE: BEZFORE

BME: AERKHICHET 2400/ ELEANT
%. ONLY REICBWT, JEOMBERE [5] TiE, P
XS DIEFTHS. AlLS, TITONE. o ThoJ
EWVWSTF VA TRIEDHEIENT WSS, A
S, TN s Tk TARs Tirbhkw, Z
ERERLRBROVD, HEIIZBERED D 2 MET
Hot. FZT ANS, DI TITOND] LW\Wo
F-HIREEASTZ 2T, MELHERLTLT 3.
Not i, BERVOERAVWEIRES Z L DY
BERIARDB7=DITEAT 3. ImprauvsiBLE+ (Not) 1
Fiction #%E & [A] U REME AL T, E S HERmiERE
NOREEEZZEZ TG ATD, ETADRZDOEIZ
JGLTIELWH T E T 202 Hl0ET 5. SREDOH
B2 TRIORT. EFMIZERME, FIEICBIT3
{1V DOV X } DERTETHANING. $72K3
DFID & 512, EBRIZ NS OREIHEEE il X
nTns.

ONLY

Bl TPAALZL 2W0WIEHHBZEIH?
[E: Pl s EFTHD, AZ{S1/S:} DHTIT
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Q: Is the following sentence plausible? "Judy Hogan
set the pick and roll."

A: Let's think step by step.
Judy Hogan is a fileball player. Set the pick and roll

Lonly happens in caseball. So the answer is

([ NotifE |

Q: Is the following sentence plausible? "Judy Hogan

set the pick and roll."

A: Let's think step by step.

Judy Hogan is a fileball player. Set the pick and roll
Ldid not happen in fileball. So the answer is

ImplausibleZ%E

Q: Is the following sentence implausible? "Judy

Hogan set the pick and roll."

A: Let's think step by step.

Judy Hogan is a fileball player. Set the pick and roll
enly happen in caseball. So the answer is

r—{ Not+ImplausibleE%XE }—ﬁ

Q: Is the following sentence implausible? "Judy

Hogan set the pick and roll."
A: Let's think step by step.
Judy Hogan is a fileball player. Set the pick and roll

Ldid not happen in fileball. So the answer is

B 3 Onry, Nor, ImpLAUSIBLE 3 & {F NoT+IMPLAUSIBLE
DEFEITBT 3 ATI5LDHI.
HbNEZDT, {IFVW/ WV R}
NoTt
B TPAALZ] WS XEHNGZEIH?
[%: Plds BEFTHD, AX{S DHTITH
N3/ TITbhBEW} 0T, {IFVw/nnzR }
IMPLAUSIBLE
B TPALZL W05 EHDOEBLEVWHD?
[FZ: PlE s EFTHD, AZ{S1/S:} DHTIT
bHBZDT, {VWRATW Y
ImpLAUSIBLE+NOT
BRI TPAYA L) EW0WIEHDBHEWS?
[%:PIEs EFTHD, AZ{S DHTITH
N3/S TITHOHREW } DT, { LVWRATW }

33 R -ER

2 IHERERT. BTOXAZIZBWT, nodd
HhashfMEOHGOKIER LREZHM L7z, Z
DFERD B, WMODBEENRERE V2RO HEEIC
MFAEINTVWA eI 3.

ONLY BRFE: Z DRYETIE, RIED gL X 7=
HBH 53, Fiction &XE E HIRT % & no DR
BEFELIehd, BEBET NI only 12X > TR

3) FEREREDS THD1G2 ) 26 THOERV ITEL Lz,
fEamEREES 5. N D ImpLausiBLE+NoT b [AIER.
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F2 MR (yes: yes DEIE, no: no DENIE)

£ ONLY #%E Nor #%7E IMPLAUSIBLE 7% 1E. IMPLAUSIBLE+NOT 7% iE

IEfRE# yes no IEfE#E  yes no IEfE#E  yes no 1EfEE  yes no
GPT-3(175B) 634 129 87.1 63.0 12.5 87.5 49.2 0.3 99.7 492 0.3 99.7
OPT-66B 772 287 713 782 277 723 495 0.0 100.0 49.5 0.0 100.0
OPT-30B 50.5 0.0 100.0 50.5 0.0 100.0 49.5 0.0 100.0 49.5 0.0 100.0
OPT-13B 51.1 06 994 51.1 0.6 994 49.5 0.0 100.0 49.5 0.0 100.0
OPT-6.7B 71.3 20.8 792 71.3 20.8 792 49.5 0.0 100.0 49.5 0.0 100.0
OPT-2.7B 66.5 17.2  82.8 67.1 16.6 834 49.5 0.0 100.0 49.5 0.0 100.0
OPT-1.3B 50.5 0.0 100.0 50.5 0.0 100.0 49.5 0.0 100.0 49.5 0.0 100.0
OPT-350M 50.7 0.2 99.8 50.7 0.2 99.8 49.5 0.0 100.0 49.5 0.0 100.0

HBXxNZ e PRI, ZoR»Hd, SiGE 72bDTHY, RAROKR, S, EZEHBEERD

TIOLDSGEHEBN R HESR © W o F2 R WS BRI E O W
TREFHEBEER 2 TETVELIEEZDITH.

Not B’AE : Z DRETIX, yes DEIZ only % H
W7z ONLy BRE L AIRED S D%, no DEEZ not %
Wi HmmafR e E 2 -0 TH 5. ZORE
T Fiction /& & LT 2 & no DRI E L 72
D, AL LTEEBRDTNTHHRL TWE I b
Biganr.

ImPLAUSIBLE (+NoT) FRFE : IMPLAUSIBLE X € & M-
PLAUSIBLE+NoT a% /& D il sild, D EEFHE R D
T EBZMA I, implausible 7> ¥\ 5 BRI
EHLZZLTHD. ZD2ODRETD, FictioN
BEXIDZL D no BERIN, BERBIRFYE
X, GPT3, ZLTEYARI T X —XED OPT I
BILCd, implausible ¥ \» 5 HFEICFRIFE XN, 1
E no LOEZBRVHRDEE I N,

P Eo#gkh, B2 HENRFEFEOHBIC X
D, @A ZYRIRMICK LT, SBETLD
B no ICAEFFEEINTWL Z 2 R XN 7=.
PE- T, BEHEIER TIXERI N HmERICE
FNREROFHICE - T, MimzEVWTW» AR
DRI 7.

4 FESEHZE

BEEHERICESSMEERE chEToRE
HPHERICE T 252 T, TICHRENRERD
IEY M EHE X, HEmBEOZ YL T
DKL FMZIT O Tk o 2 il 213,
BIG-Bench [5] ZfRFE & L 7-MEMIIEEMIZBWT, &
EHPHIEREH WS LT, Z2HOEX RS
WKWBWTABOEREE B - 722 e ARG IH
7z [6].

ARRFEIE, FEamIEY My i, HERoE~EDZ
LR, ETLOHEIRICBIT 2D 2O E 7T L
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FHii D FRIGE % BV, IBFEDSFEETILVDRENICD
WTHIRZHED 2 Z e 3.
EHEETINCEIZRESENRCEBERR =
BB IEASIEE T AT, B2 Talk? Birds can
[MASK] ¥ AJ1 3 2 ¥ Birdscantalk £ L TL %
5 & 51ig, BECEZBRD R WEGEICH 2 FE
SN BIRFENRIImE STV S [7].

FURAFTFLRAD [aifliw TlF, ®TDESXY
BHEELBEDODWTOALICHEINATWS [8], &
ERBIIBAARSHEENS OOERLRMEITH S L
ENTW3. BERBICERZK 77 —&XtEvy b
MEBFHELTWS [9,10,11,12]. FRHDTF—&
v bW R? S, SERREMMFET S
T RERIEEBEAET L o THE R 2 2 7
TH2ZeHPHERINTWS [13]. KFZOFERT
X, #EEmEECHESOCHERRIEENIEE, &
WMDKIFESFEETLTSD, no fGiE RLTLE
5 XD RFENENEC B 2 BER L.

5 E&HDOIC

AFETIE, KBRS EE S LV oHtREE I om Fic
%53 2 E TR RIS, HEEmEED o i
BELES, FRCEERBTICEEHL, KB SET
TINIZYE BRHEERRE TR o TV AN I 2R
AEL7z. GPT-3 & OPT ZX5 ¥ L7-ERERTIX, mH
BIR TR <, BERMDBTFEIET 205 no ZHEK
T2V XD REWHEEREITR > TS A[EEMER
HHS I LT,

SHRIIEIDZL OREBHBIE RO AR S5 X
ADIWHEE REIFRE L X S D LT\, &
72, TALE TIT BERT [14] 72 & 2 X5 & L 7= NERfE
MrEEE RV, KEBSEEE 7V OWNEREEIE 58
3 277N S BEIR G,
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