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o — | Please solve QA task below.
PR IER [ If there is a (_), please fill in (_). }

e D) [ context:

"an orange triangle in ten frames"

=1 [ Q: How many triangles }

are on the frame?
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A.1 Patch-TRM O3 8RB TE

4 TTHAA U /2 Patch-TRM [1] DEEHEZ £ 3
12, GPT-3 [6] DHERIFDREER R 4 1”7,

3 Patch-TRM (3.2 fi) DFEERHK

YITRRA Img. Txt. Blank.
2EEE (img) le—4 9¢ —4 le-3
EEER (xt) le-5 le—4 le—4
3 (both) le—4 le-3 le-3
> — FNE 3 FESE

IRy 7 50

Ny FHA X 64

HfprT>ya—& Vision Transformer [25]

H{§ Y FH9 A4 X 79 (12+22+3%2+4%2+72)
H IR TTEL 2,048

HRBIOTE 1,024 1,024 512
Transformer JE# 1

EEMEAN Y N 4

SEILya—& BERT [24]
FyT¥arvi 14 (12+422+32)

HR R IR TTEL 768

HT R TTEL 1,024 1,024 512
Transformer J& %X 12

FEEREREAN Y N 12

bag U 2 ERRIEE
ANRBITTE 1,024

H IR TTEL 2,048

Transformer J& %X 12

RN PR 12

K51 T. 6T, AFFrS>a vzl
L7zBD GPT-3 Offfimtt Rz . #HamfaRk D,
X v 7Y a vESRETICER D S A A HE 7 R
By UL, Fv 7 arEild v e @ERal
RERED BN TE Y, #EWY)RELERD GPT-3 O
HHERICEN BT D ZHRET 2[REENDH 5 2
o T,
£5 ATBIUBLIP[28] DF ¥ 7 a Ml

CRER) There are 3 cars in the top row.
o How many cars are in the bottom row?

EYX Yy ()
o088 (AN3F) seven cars in ten frames
(BLIP) a yellow car with the number one on it

CER) Use dice to measure the line.

The line is about (_) dice long.

9 red dice in the gray area
AF) and a black line for 5 red dice
(BLIP) ared dice on a white background

£6 ATFxrv 7Y arEHWEED GPT-3 OH#iHG

What time is shown?

o 127 - () Answer by typing a time word,
S not a number. It is () after six.
.8 4, =1 .

765 | (Gid) aclock showing 6:15

(FHI)  Six fifteen
(IEf#) quarter

CER) There are 3 cars in the top row. How
- many cars are in the bottom row?

FY YV (F2iR) seven cars in ten frames
(FH0) 4 cars in the bottom row

(IEfR) 4

HEERET Y a—%
SHEERFT Yy a—&

ResNet [26]
GRU [27]

* v Iy a VR

BLIP w/ CapFilt-L [28]

ANEBY 4 X 384
v — Al 3
H =2 % [5,20]

+F4 GPT-3 (33 Hi) OEERZTE

it v b

IconQA [1] #FHifit » +

¥ x> a VERET L BLIP[28] (%3 5MR)

Moo oy

text-davinci-003

BRI b=V 256
G 0.0
top-p 0.05

A.2 GPT-3 D¥#iRER D EN ST

52 #HiTx, ANFBXUBLIP 28] TAHEM X LTz
X v 7T a vEMWT GPT-3 [6] DHEGmEE 2 7
FOBICEREINEZ200F ¥y > avk

L7223,

— 1862 —

Read the story. There are 5
faa:, NG kangaroos. Then, 4 kangaroos hop
e away. Subtract to find how many
kangaroos stay.

(F27R) ten kangaroos in the meadow
(F#1) 5 -4 =1 kangaroo stays
(IEf#) 1

A3 FHAFDRR

32 HiTWX, BNy FoEl Xz BRI
LTy I arrEERLTWE20, 2EERIC
fET 2RI L CHEY R E Yy 7> a Y RERT
X772\, %7z Patch-TRM [1] I2BWT, SERE D H
i, “ﬁ%klﬁéﬁ%mmgﬁkﬁ THHDH
MRBUCHIE XN B2 TH D, IR ANES
EOBBREE T SICFEETETVWRWATREL D H
5. FRRETE, FrySravERETLEL
T BLIP [28] & /=23, VQA E 7V DFfERE 13
BLIP DAKBEEJITHIEL TL 5.

This work is licensed by the author(s) under CC BY 4.0
(https://creativecommons.org/licenses/by/4.0/).



