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MARC-ja JSTS JCommonsenseQA
acc Pearson/Spearman acc

RIEaR  JRFE RIGR R ORIGR BRORE

No.l 0.863  0.871 0.770/0.689 0.754/0.683  0.682 0.674
No.2 0.855 0.856 0.794/0.694 0.791/0.685 0.674 0.664
No.3 0.854  0.857 0.779/0.681 0.741/0.637 0.670 0.656
No.4 0.855 0.874 0.764/0.683 0.783/0.694 0.676 0.660
No.5 0.855 0.847 0.786/0.695 0.787/0.699  0.692 0.684

F¥ 0856  0.861  0.779/0.689 0.771/0.680  0.679 0.667
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MARC-ja JSTS JCommonsenseQA
acc Pearson/Spearman acc

ARk PR ORIER R ORINR BRI

No.l  0.921 0.922  0.843/0.802 0.835/0.793  0.727 0.698
No.2 0910 0912 0.847/0.792 0.836/0.776  0.719 0.693
No.3 00911 0911 0.854/0.810 0.834/0.786  0.731 0.718
No4 0914 0.901 0.850/0.804 0.838/0.783  0.719 0.689
No.5 0910 0909 0.844/0.791 0.823/0.763  0.744 0.713

E¥ 0913 0911 0.848/0.800 0.833/0.780  0.728 0.702
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