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Passage

Critic: Photographers, by deciding which subjects to depict and how to depict them, express their own worldviews in
their photographs, however realistically those may represent reality. Thus, photographs are interpretations of reality.

[ —

[ Main Question

The argument's conclusion is properly drawn if
which one of the following is assumed?

To express a worldview is to interpret reality.

A person's worldview is their interpretation —
a because ... '0 of the reality which they are experiencing L -

and is unique to each individual.

( Optiona

> R \/
( )
All visual art expresses the artist's worldview. ’ 1

I .
It is photography being discussed. ' ==
x because ... ! '0 A painting or sculpture may not necessarily be

representative of the artist's worldview.

Sub Question
If it is assumed that expressing a worldview
is to interpret reality, why can the
argument's conclusion be properly drawn?

Option1 (Rationale)

( It is photography being discussed.
X | A painting or sculpture may not necessarily
be representative of the artist's worldview.

Option4 (Rationale)
A person's worldview is their interpretation
of the reality which they are experiencing

and is unique to each individual.

B R EORMEA X —

DL 0T, T, REBESFS S’
THbN B HEERDO B 72 =B E 7L DR IR
CEBEHLTWA Z R I NI,

2 BIEHASRE

AR R LS ICHASHELUHET LICKL S
Hem O BRM 2 — B2 ZE M E TR 3 % il A
T TITEET 5 [5,6,7, 8] 7=% 213 Elazar 5 [6]
BICOMBEE AT 7L —X LT —Xty b &,
Ravichandar & [8] 1XJ0D [HRE D 75 E HE i &l & R e
FTEH5ILTT—&Xty FEHEL, 22PN ODFEE
HFRENIC B 2 —EMEZMBIAEL TVW5b, Ll Z
NS OBHFFL ClEamBERILc R 2 Y T —H
MPEDFHIEAT > TV AW,

fl 5T, MMWSLHHAT - X BHEICOVWTOD
TR RRIEBRBRIT TICEB LI TV
[9, 11,12, 13], Aggarwal & [9] X5 iHERRD QA 7 —
&+t v b CommonsenseQA [14] 1T 4 D DEIRF D IE
MM E Y )7 — LT =&ty b ECQA Z
L. BIWAER  IRIRR X 2 7 %2 EFK L7z, Sun &
[13] 1% ECQA 128 % 2 RIS % T b R 8RS L
TETNMIRESE, BIENDREITRISC O R -
TKENE T LTz 2 DIFFUIARIL T — R I
HLTW23bDD, K5 Bz b ItoETES
XN SRBRE I O—ENRIULREN B MEET % 72
IR AT RLMDRGET I N TV B DI TRV,

3 RULE: 7—4t v MEBE

AHFSE T VR AHE 36 0 — B B9 7 ARHILPE A7 % 24
35757 —X+vy b RULE 23 L 7>, RULE IZ& F
N2 RIRE (AR, HRPLESE) 1X ReClor DI+ » b
BT VR MTERITNT 600 [ (LA, ERIE) 225
PERL X AL, [Al— D RS T 2% 3 R RE D SFE 4RI D 1E R

— 2916 —

HMHZM S5, ReClor THE L1zET7 NVEFHGS 572
I, AR - e R SOIRSE, B RS
4 D DERE D SR X N 2 BIRK O FLAE 2 R
7Y UTze 3.1 HITIRERE (RIS OIS E% .
3.2 fiCIXERM X OINE R EZFHHT 5,

3.1 IEZE - SRZEIRHLDINEE

EBMEOERE PRI EIEET 21CHo T K
FEDEE T A MIZ X o THENISNE Z#EK L 72,
F3—BREEOEK L LT, IG5 T ReClor D
10 Bz @, ZOIEERD S EHI LA
B Lz, RICEREEDERE LT, I0HEHEI
ReClor D@ 1 2R L. Z DMEDKERENIC
DWTIERRILOHEZR L 72, R S AR
WZOWTEELD (1) T EARTH 20, (2) &
DEKEEBHL TV 2\ ZD0 R T
L. BRI Z R BINEZRE LTz ZOBET
A+ & Amazon Mechanical Turk % & U CTiThH 7=,
AR 72 N 57 N TH B,

IBRHERXZXY LI LOEKT R 2@ L 25
INF RS DHE X R 7 R KFE L. 50 ADHEX
A7 WRBM LT, RPSCHER R 7 TIERRZ eI
ZI#E 12 ReClor DRIEDY 1 ], ZE RO IEFR & 4t
WKHIRE N, ZINEZSERK O R 2 g S

o ZEDWFZETIE ReClor 600 M1zt L TIEFRRHL
ZIEE L. &F 2,400 H ORI F - 72,

Bl (RS E ARSI 2R odic. BN
DB & i Z ATV EER L 72o BARAIT 2R
X (e.g., “Because this is not mentioned in the passage.”)

F A4 REEOERKEE UTHREELRWET TR
. MEENT ATV BRI 2 H#am z2 R L3
225 RULEDBED»HEZTHEE L RV,
ZDDHET A+ ZiEiE LS nEIC, BRIl

This work is licensed by the author(s) under CC BY 4.0
(https://creativecommons.org/licenses/by/4.0/).



HTHEiENEE LW TR 2 2 7 ZKEE L
720 @il 2 2 7 TSN X ReClor DS 1 &
Z D REE DRI D ¥ I 6§ 2RI 3R
X, B XWIET 2B EE X %, RILH
BRI TR IUDEIRE & OB R EETH 2
EEZLNETD,. ZOHIETEKMEE - 2RI
XEFE U, 2 ORER 1,860 HORIL & 475 {H
DEMEIE - 7oo B, RMFEOEREIL 4 ©
DR > S WAL X B 7= 8D BARPERHINIC & » TR
WX 1 OTHERDPN D L Z D EME TR
EZ T E RV, IRIUMEOKZHIRT 2729
W4 D30\ LGEIFERD 1 DRI E
“None of the above choices” ICE 12 5 Z ¥ TR
M Z R L 72

3.2 HERXD%ER

B RV 7 R 2@ L 2 RIlc e h e h
WZOWT, EMEOEMN &EIRE DS, Z D
RO EFR DR % [ 5 BRI GRIERSD) %
AR L To AERICIE GPT-3 (text-davinci-003) 7% i F
L. THEORERREEEMXZ AN LTZDi#
R ERHEEEH > B ZH e 35 X5
mI7my T M EAW, 7o, RIUVHE M SOIER
RDIE#RZ KB EH 270z, EEFERK LM
BEERECTHEHAST 20>y 7200, %50
7 27 AR R OARPLE H] ST “not” 72
CORERBEAND Z e THEDOHEBEZMS
WIWE M2 AR X iz, ARl LT, BES
oY 7 b% A1 U7 GPT-3 (2 & M5 “What mistake
does the argument commit in its reasoning?” & ZEHRIEL “It
confuses probability and certainty.” %52 % £, “What
evidence is there that the argument does not commit the
mistake of confusing probability and certainty?” & \» 5
RIUFETEH OB RIS E N 5,

an Bl IR S AR e ARIVE S 5 AR
PRI Z R U 7z AN O IEEATREMEDIRGE X 7z
RYLFTE 28T 2 712, A& R SERHE L
TABOIEERZHE L, BT A 2l L7
57 NS U TIRILFTE O & 2 K L. 2heho
IR DOWT 3 AT DFERSRZINE L 72, 3 AH
2 NP EASIEME % 7213 3 A2 B2 “None of the above
choices” % &R U 7= 1 1,406 [ % i 25 0] RE 75 i i
AR L, FHbiRE e U TR L 72,

FRIE L LT L7z ReClor O & RULE 13,
XIRLOBUZEE & b 467, ERBITZ N2 467

— 2916 —

¥ 1,406, BRI OFHOE S HER kzhzh
13.4 ¥ 29.6, BIREDOFHDEXIX 215 £ 167 T
» 72, ReClor ¥ FtXT RULE OB MO FEEHIC
W2, Z4UI RULE OB EREOER S &
BIRNBEONEEELDTH 5,

4 FHMSEER
4.1 RERERTE

FFAM 12 1% DeBERTa-V3-Large [4, 15] ¥ GPT-3 (text-
davinci-003) [16] Z W7z, MEIOHAE L. HEED &
o7z GPT-3 DAERZHET T 50 MiE D HEBIIT 8%
AVRT, ETVORPEEREA O — B b
RESI 2R3 2 729, FH-iiT — XIS EER L 72
RULE 1,406 [ ¥ /78 467 [ 2 FEEE W3,

4.2 RERFERE

RULE ICH 1T ZAILEEE 7 10 —BN i
FHEERBE 1 % 5Tl 3 % 72 12 ReClor T L /2 E
7 L% RULE TaMiii L7z, € FILHRILZE [ERE T
BLTEMEICEELTW2DTHIUE, ReClor T
DIEEHR L RULE TOIEBFRIZRKZZRZIIBRWVIET
Thb, FEMIOMREEZE 1 1C7RT, RULE 21k
TOEEZ R 2% . ReClor TOMEE L Tl H 27-
T, FREMN L A=2748225, ReClor IZH
WTABICIER T 2 IZE OREE R TE 2 ET L
THoTh, RIMMHBEZFMOERICANS & AH
DOHRE L IR RELRHEDR DD Z b 5,

S 1: EXEMEICEITIZ—8BE ZZTlRIE
L& Z &7 M O AR R R B AT O £
YT, “ELLEZX SN EREORMUMEEIC I
FRICIELSBEZADNEZRE L WO EFEEET L
DA AR EIUZ L7z LTV 2 2iHiis 2, B
EENCE, =T ADIES Lz ERE 2 h iRl
MENG=1,..., 467) D 5 BET N E I AR
IEECE/MEBC(C, <N) Do fEENT 5 Z
YT, EBELZTERMBEICBT 2 W& ORIEREDOR
Exll2, BNz C DOMHIZMAHBITRT,
GPT-3 ¥ tER, ANEDHDE N; IOWT kb K=
%CDEDZEENZ L, EE L EREORM
MEIC B LTEETE2 2 WOkERy o7z,

St 2: EE - REOIRMEEZFE Z ZTIEIR
HUFTEAN DA ATRENE ¥ FRIE O IERRR % & o BEH
THRET 5. BRICE. BIUMEOIEERE Z 0
FRIEANDOMRERER (FREES - 84%) ¢ TME

This work is licensed by the author(s) under CC BY 4.0
(https://creativecommons.org/licenses/by/4.0/).



F1 BUWHEE ERE (ReClor., FEB) 2B 2 KEE
(%) EMENDREER ERIGERBOEFEIZ L > T
DV CEF L. BRI TR L .

FHE ERE AR GPT-3 A
IEfE IEZE 9328303 86.72276)  6.56
BB 89.17403) 51.93(746) 37.24
R 90.67(3386) 61.23(1020) 29.44
RIEMR EE 83180 79.78(05) 3.40
BB 82.16(612) 57.09(289) 25.07
ES(IN 82.93(832)  62.74(334) 20.19
2k IEE 912831113 84.93371) 630
BB 87.72¢10s) 533501035 34.37
2R 89.14(415) 61.66(1406) 27.48
FHE 79.08(1401) 73.02(467)  6.06

{1

BTSRRI L ToFE (EZEIR - 32258
RED) WS 220050 THITEIH L (FE D,

F1E2RD . BEFMIFEEERB ORI E IS
5D, —J7 CIEE IR ORI E T ARICA
HI2ErRVEEZIERLTVWEZebh %,

AEARLAEA O X 1B L Tld. BEECEIR D
MEEZ 7 5208 LT 2 ICERT 2E4
DEIRFEOHEFRAD 7 4 — FNw 7 DR T X &,
BE M FARUAERR & 0 S HEER O EMEX I FHE & LT
Ezohb, EEBRRFICEL X, 2 ORI E
PR Z E EMEOIEE B RS Z LU T
W23 728, ReClor TO¥E M IEERILEIEIC S FR)
PolzDiEeEZ N5,

S 3: BRI T CORBELR ZZTik=E
TOVORMUERICEE T 2 R 2. MECRbh 24
WO IR Z A ) OB A S BRI
%, ReClor D TR b 2 HEGmITIX 17 DR
»H Y. HIZIX “ Which one of the following would most
seriously weaken the argument?” &\ 5 H i, X
IRSC D EERZ 55 % X 5 2B % 240 % Weaken
WOHHEERR A TSI EIh B,

ReClor & RULE Tt & 4 7 Z & OFSE % it
L7z& 25 (48 C). 2RfZEm & LT, ReClor
TR A4 T ICEBEICREL X%
5P, RULE IZBH L T 2213/ N X 22 o 72,
RULE T3 2 TOMED—HRICIRILZ /5 #Fm T H
LY WVWOMDD L0, HgwRA T DENPEHE
KRB otz EZIONE, £/2. XD
BEERI e HEGm N\ DB 2 R D s N 2 HEGRm X 4 71F

— 2917 —

¥ ReClor & RULE (IEZEIRY) T OKEE 72D B
TH o7z BIZIEIIR DB S % 5 Implication,
Conclusion/Main point, XAk D 35k D i & 151
3% Weaken, Explain or Resolve TlIfthDH#Edm s 4 7°
IZEEX ReClor & RULE I THEZENRKEZ WV, &2
LRBHEY LT, ZO5DHEHE A TOERET
WEE TV R T LTV AR W EHRZ 48 5
L REMNH % D3, RULE TIEZF DG ERA 722 3R HSEH
RMEERTWB 70, BIENEZ o7z Ebi
%, ZOFERIZ, BRI NLRIE £ FILDME
NOHRERICHHTE TV A AREM 2 RB T 3,

Sth 4 FEHESHOERILER AR ESER
e DRI E 25 2 2 B0, EREZE 2 3B
FIFH S 2 EH e WERZ SURUTKRD B e EZ S
N2, ZORBMMS AT LICHHETIEEZ0HRDS
728, DeBERTa O E [ I & EAHRILEZE T
Rf D AR D ZF 59317 % Integrated Gradients [17] T
Kb, WRADay A R FIE L2,

FRIC, S ENIARTUERE O S © 270 FEE o BY
HREFANT, BRI, 7V ORIUEEIESE
WZHEOWTERIE%Z EASY (C/N > 2/3). MEDIUM
(2/3 > C/N >1/3). HARD (C/N<1/3) ®3ty
M. FhrhofEREREICE TN EMEL
EEBIRNBOFES D a4 iz P32 2
YT, ARHEROM L X OBEERE L, MR
B IABEEREI39, 136, 181 FTH 5,

FEEIX EASY 28 0.22. MEDIUM 23 0.16, HARD %%
011 THYH, EFTANZL OWRPUMEZ T TV
F R (EASY) Tl. ET7 D Z O IEERIEEE
fi < BRI FREZ R  5E & e EL L - S
FALTWS Zebd b, ZAUIRHREEADEHE
fxy., EFANERE L ARIEECHH T 2 FHY
BOLBEESERL TV Z 2 REBT 3,

5

AR TIE—EHRARUERE 2 WS #E0 O amil
HHEEmEE I D F R Z 5 Mi3 5 7 — &+t v b RULE
ZREE L. MEREERHE & HT 21T o T2 FEERDRER,
RULE I8} 2 FEEIZ AR & K= R Tl D 2 53,
FEEE % N T 2 BERNEEE IR A AR Vi i X
WHY, Fi, EREARILEER ORBET 559
A DFECUIEDRMUEE D IEER L EH L TWE 2 W
SRR ST, RIEBADER 258, —H
HEHRET 22D EEKNRGTREICOVTIESHE
DI E L7z,

This work is licensed by the author(s) under CC BY 4.0
(https://creativecommons.org/licenses/by/4.0/).



&!I'I'

i

ARFFZELE IST & Z 2313 IPMIPR20C4 DX1E % 5217
72 DTF, £, NAIST O UKEEZH» & EE
BRIBREZWEEEZ L, Bin=LES,

BE

(1]

(2]

(3]

(4]

(3]

(6]

(7]

(8]

(9]

Weihao Yu, Zihang Jiang, Yanfei Dong, and Jiashi Feng.
ReClor: A reading comprehension dataset requiring logi-
cal reasoning. In International Conference on Learning
Representations, 2020.

Jacob Devlin, Ming-Wei Chang, Kenton Lee, and Kristina
Toutanova. BERT: Pre-training of deep bidirectional
transformers for language understanding. In Proceed-
ings of the 2019 Conference of the North American
Chapter of the Association for Computational Lin-
guistics: Human Language Technologies, Volume 1
(Long and Short Papers), pp. 4171-4186, Minneapo-
lis, Minnesota, June 2019. Association for Computational
Linguistics.

Yinhan Liu, Myle Ott, Naman Goyal, Jingfei Du, Man-
dar Joshi, Danqi Chen, Omer Levy, Mike Lewis, Luke
Zettlemoyer, and Veselin Stoyanov. ROBERTa: A robustly
optimized BERT pretraining approach. arXv preprint
1907.11692, 2019.

Pengcheng He, Xiaodong Liu, Jianfeng Gao, and Weizhu
Chen. DeBERTa: Decoding-enhanced BERT with disen-
tangled attention. arXiv preprint 2006.03654, 2020.
Marco Tulio Ribeiro, Carlos Guestrin, and Sameer Singh.
Are red roses red? evaluating consistency of question-
answering models. In Proceedings of the 57th An-
nual Meeting of the Association for Computational
Linguistics, pp. 6174-6184, Florence, Italy, July 2019.
Association for Computational Linguistics.

Yanai Elazar, Nora Kassner, Shauli Ravfogel, Abhilasha
Ravichander, Eduard Hovy, Hinrich Schiitze, and Yoav
Goldberg. Measuring and improving consistency in pre-
trained language models. Transactions of the Associa-
tion for Computational Linguistics, Vol. 9, pp. 1012—
1031, 2021.

Myeongjun Jang, Deuk Sin Kwon, and Thomas
Lukasiewicz. BECEL: Benchmark for consistency eval-
uation of language models. In Proceedings of the 29th
International Conference on Computational Linguis-
tics, pp. 3680-3696, Gyeongju, Republic of Korea, Octo-
ber 2022. International Committee on Computational Lin-
guistics.

Abhilasha Ravichander, Matt Gardner, and Ana
Marasovi¢. CONDAQA: A contrastive reading com-
prehension dataset for reasoning about negation. arXiv
preprint 2211.00295, 2022.

Shourya Aggarwal, Divyanshu Mandowara, Vishwajeet
Agrawal, Dinesh Khandelwal, Parag Singla, and Dinesh
Garg. Explanations for CommonsenseQA: New Dataset
and Models. In Proceedings of the 59th Annual Meet-
ing of the Association for Computational Linguistics
and the 11th International Joint Conference on Natu-

[10]

(11]

[12]

[13]

[14]

[15]

[16]

(17]

— 2918 —

ral Language Processing (Volume 1: Long Papers),
pp- 3050-3065, Online, August 2021. Association for
Computational Linguistics.

Swarnadeep Saha, Prateek Yadav, Lisa Bauer, and Mohit
Bansal. ExplaGraphs: An explanation graph generation
task for structured commonsense reasoning. In Proceed-
ings of the 2021 Conference on Empirical Methods in
Natural Language Processing, pp. 77167740, Online
and Punta Cana, Dominican Republic, November 2021.
Association for Computational Linguistics.

Zhilin Yang, Peng Qi, Saizheng Zhang, Yoshua Bengio,
William Cohen, Ruslan Salakhutdinov, and Christopher D.
Manning. HotpotQA: A dataset for diverse, explainable
multi-hop question answering. In Proceedings of the
2018 Conference on Empirical Methods in Natural
Language Processing, pp. 2369-2380, Brussels, Bel-
gium, October-November 2018. Association for Computa-
tional Linguistics.

Naoya Inoue, Pontus Stenetorp, and Kentaro Inui. R4C: A
benchmark for evaluating RC systems to get the right an-
swer for the right reason. In Proceedings of the 58th An-
nual Meeting of the Association for Computational
Linguistics, pp. 6740-6750, Online, July 2020. Associa-
tion for Computational Linguistics.

Jiao Sun, Swabha Swayamdipta, Jonathan May, and
Xuezhe Ma. Investigating the benefits of Free-Form ra-
tionales. arXiv preprint 2206.11083, 2022.

Alon Talmor, Jonathan Herzig, Nicholas Lourie, and
Jonathan Berant. CommonsenseQA: A question answer-
ing challenge targeting commonsense knowledge. In Pro-
ceedings of the 2019 Conference of the North Amer-
ican Chapter of the Association for Computational
Linguistics: Human Language Technologies, Vol-
ume 1 (Long and Short Papers), pp. 41494158, Min-
neapolis, Minnesota, June 2019. Association for Compu-
tational Linguistics.

Pengcheng He, Jianfeng Gao, and Weizhu Chen. De-
BERTaV3: Improving DeBERTa using ELECTRA-style
pre-training with gradient-disentangled embedding shar-
ing. arXiv preprint 2111.09543, 2021.

Tom Brown, Benjamin Mann, Nick Ryder, Melanie Sub-
biah, Jared D Kaplan, Prafulla Dhariwal, Arvind Nee-
lakantan, Pranav Shyam, Girish Sastry, Amanda Askell,
Sandhini Agarwal, Ariel Herbert-Voss, Gretchen Krueger,
Tom Henighan, Rewon Child, Aditya Ramesh, Daniel
Ziegler, Jeffrey Wu, Clemens Winter, Chris Hesse, Mark
Chen, Eric Sigler, Mateusz Litwin, Scott Gray, Benjamin
Chess, Jack Clark, Christopher Berner, Sam McCandlish,
Alec Radford, Ilya Sutskever, and Dario Amodei. Lan-
guage models are few-shot learners. In H. Larochelle,
M. Ranzato, R. Hadsell, M.F. Balcan, and H. Lin, ed-
itors, Advances in Neural Information Processing
Systems, Vol. 33, pp. 1877-1901. Curran Associates,
Inc., 2020.

Mukund Sundararajan, Ankur Taly, and Qiqi Yan. Ax-
iomatic attribution for deep networks. In Proceedings of
the 34th International Conference on Machine Learn-
ing - Volume 70, ICML’17, pp. 3319-3328. JMLR.org,
August 2017.

This work is licensed by the author(s) under CC BY 4.0
(https://creativecommons.org/licenses/by/4.0/).



A DeBERTa ¥ GPT-3 DLL#

GPT-3 (% 5-shot T, DeBERTa |JARIUR I ERUC I U 7= TR 467 [ % 5\ 7= ReClor O train 7 — & 4,171
tT7 74 v F 2—=2 L7, DeBERTa & 10 epoch #E X ¥ 7zH1T ReClor @ dev 7 — & 500 fFic BT %
accuracy 23 b fE W epoch DE T ILEHH L 7z,

#F 2 DeBERTa & GPT-3 DX HER (%)

DeBERTa GPT-3
ReClor 71.09 73.02
RULE 36.84 61.66

B IEZERIEND—EEFFE

K3 RHLRTEO EME (GPT-3) 12)5 U 72 ReClor DRIEI D A0 (%) & 5 dETIN)

#NIC 0 1 2 3 4 total (%)
1 500015 50.015) 100.0
2 2036 532 2660 100.0
3 85 33031 37235 21300 100.0
4 000) 167023 20305 42.0s5 21.009)  100.0

R4 RIURE D IERE ) IZJE T 7 ReClor DRIERD 774 (%) & A dEINN)

#N/IC 0 1 2 3 4 total (%)
1 12.601) 87.4(6) 100.0
2 205y 193w 7870192 100.0
3 030y 4403 2056 74701 100.0
4 0.2(1) 1-3(6) 6.5(31) 15.4(74) 76.7(363) 100.0
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This work is licensed by the author(s) under CC BY 4.0
(https://creativecommons.org/licenses/by/4.0/).
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