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MLM NSP
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JLBERT-SC 0.8140 0.7891 0.9977 0.9914
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JLBERT-FP 0 0.2929  0.9126
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1563 0.7891  0.9914
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token L. X 7= a3 — R XD F— & (JLBERT-FP-n%)

R4 a—RAXHEDOF—& PUE train  train-50%  train-25%
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4096 bytes % X 7230 2,055 [UNK] %% 4543996 2,277,995 1,139,966
BRI E AT o 72X 21 [UNK] D EI& 04232%  0.4251%  0.4257%
128 token D XEL 1,604,348 801,359 401,617
F5 F—2 (SN T— $ADF—X (LBERTSC) 512 token D XL 18,768 9,459 4,693
FFR train test ==Y
ER 167,109 3,301 170,320 — o oS
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128 token 8D EL 1449694 143383 1593077 multi-head attention @ head DXL 12
512 token DL 15830 1365 17195 layer %K 12
FEREN 32,008
N o — ion @ dropout & 0.1
£6 +—2rofbEhiza—,ZDF—X (JLBERT-FP attention & drop
( ) FEALIKAED dropout 3 0.1
TR train test XN
XEK 167,109 3,301 170,320
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H G - N
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128 token BB XEL 1,604,348 155,306 1,759,654 SR F 4 ZIGPU 2190 4,006
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PR 0.006 0.004
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F10 livedoor =2 — A2 —RZADHTIY

=) RECEEL train  test  valid
dokujo-tsushin 870 696 87 87
it-life-hack 870 720 90 90
livedoor-homme 511 409 51 51
smax 870 696 87 87
topic-news 770 696 87 87
movie-enter 870 691 86 86
kaden-channel 864 616 77 77
peachy 842 696 87 87
sports-watch 900 673 85 85
=r 7,367 5893 737 737
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