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e Agreement: [np The author that the senators hurt] is
good.

e Licensing: [np No author that the senators liked] has
had any success.

e Center Embedding: [np The painting that the artist
painted] deteriorated.

e Gross-Syntactic State: As [np the doctor who the
administrator had recently hired] studied [np the book
that colleagues had written on cancer therapy], the

nurse walked into the room.
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