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AT, HISEXOH S E % 2 BRECHil#
T 5= 2 — FIUEIREIER (2 B PS5 I NMT)
DOy F~v—7FliT -2ty s ZHET
5. TERD % B FEHE 5 I NMT OFHii 7 — &2 1%
XHALTORIGN T RS B GBS THRNY
A—NAhLHEFBEINTED, /A X280
T — & & LTAEYTH 5. AT,
ANFICE 2R, TEYRT—XOHEH 7 4 L &
Vo7 AR NFERZ1T 5 Z & T, Newsela
I — 2 5 HHEZ B REEE S FE I NMT D729 D
Ry Fv—2fHliT—&ty b EHET L. X5
12, TERIFETIRR X N7- Z LS HE S FE il A NMT
(RATSAVETFALERALFRRAZET L) %
Transformer E7 /L THEE L, MEL M7 —XI1C
B MREr WG 3 5.

1 FE®IC

AR, = 2 — ZUEMEIER (NMT) 133535
JE - ERLTETED, FMABEEIIELL ZoTW
. PER D7 NMT 13 & LRI & 72
W—ERRBRIEREIT 523, IBFE T, HNSEXOR
BEHIET 2 720 DML EAIICIZ > TV [1,2].
ZOUVEDIT, =V DR L IZH bl
RETS7120, GEE AT LTI, &
EINTHMBEDOHNTEX 2 LT 2 5
HINMT 235 %. ZhETX, FES) & T#E o
XO R 2 B CH#SE 2GS 27 [3] BHD
72 o723, EETIX, 3 BRI DS % fifE ]
HE 72 Z EX P HE 5 FE I H NMT £ 7 U8R X [4],
X b (B ZNFEE, aRdE, —i%, FME
M RO L51) HPELHETL 2 HIET
HERXINT WS,
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TER D % BEREHE 7 FE I NMT OfFETHW S
TV 3T — & [4] 1%, Newsela 2— %2V 5 H
E%ﬁéhfné ZD7, VERDOFHE T — X1
BROMBEDR D 5. (1) A Y] 265810 %2 & L.
Q) M ENED Za CNEMPIRI- N NGEDD 5.
3) HWEREX DG ENFEYI TR WIGELRD 5.

Z ZTARMETIE, ANFITX 28R, TEYR
T—ROHBT 4 VRV ¥ I B IR NTFRERR
75 22T, Newsela 2 — %2005, % BREE
S FEHIH NMT % # YN 3 % 72 O FFHili 7 — &
ty FEWET S, RBEFHECED, HAEXLHE
BOMS I X 2 HFEX DM, 1,014 #2572 25
flir—&ty FEMBELLY. X512, HITH%E (4
TREINTWDE, A TITALVETNLEIALF R
R 7 F T V% Transformer E 7L [5] THEL, HHE
U784 OFHii7T — X TOMREEZHRE T 5.

2 EROFFET—X

% EX P& 5 FE I NMT o ME— o B T 52 1%
Agrawal and Carpuat DIF%E [4] TH 5. LTI T
1%, Newsela 2 — %206 HEHWEK LT — 2% H
W, HEE (J) & ARA VEE (F6) OMOZER
5 FEHIE NMT £ 7L 0% L iHliZ /T > T\ 5.

Newsela 2 — 821X, B EDIGEILE &,
ZO—HFRCHET 2 ARA VB ETHR I T
W3, PEERNIEEFHHAL THIGT T 5T w3253,
XHA OB IHEIThbATwARY., FidFITiX
L HAL T grade level & W5 #EGER 5 X TW»
%. gradelevel DfEIZ 2 225 12 TH Y, HAEWIZ
CRENELVWI 2R, i — &, 20
Newsela 2 — S22 H RO\ D ER S LTV 5.

1) https://Newsela.com/data/
2)  https://github.com/K-T4N 1/A-BenchmarkDataset-for-
ComplexityControllableNMT.git TRBIFETH 5.
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e, £, ZEREOHS

HAGE LS
WOR DBLAWRATEND 7 —F > % 12 Weak Western action is emboldening Putin.
BN O TW 5, 9  Weak Western action is strengthening Putin.
7 Weak Western action is just encouraging Putin.
RNEREEIZOWTDOAFIZESNE, | 12 A primer about public health is in order.
9 A short explanation about public health is in order.
6 A short explanation about public health is needed.
|1 HAEZ RS R NMT HEHT 7 — & D56
Step1 PHHED Google BIARY ZHWVWT, XA Vi =2 —RRHEERT 2 7RICE D FEHBLEIAT
FLEF DB e FERICRIER S 5. Wp Ik, BERRENT
Step2 [FA—FBETHEINLFA—ABEDOXEZMEN  ERFSGIRTHE Zeh s, AFZEORHET — X

H%NM%Mgnﬂkib R ENO X L,
FEICBIER X7z 2R A VEESC R XIBT 5.

Slep3 IS WX E 1 HHl 55, 2D,

FIER SN SUITED ARA VEEICRT. £/

XOHGEX, BT 2LHD grade level I2F 5.

O HEWERR D FHl 7 — X IZIZ R DFED B

FElRE = 1 ﬁ%iﬂ@ﬁﬁfﬂﬁﬁﬁfm%k@,
IELWEIERSC 272 5 TV 3 IR & 22w,
MR 2 F—FEoXEOMNIB T %2 HETIT-
TW3 7, MV TW S X DIERDMRE
WE—I1272 % IR 572w, Fre, FEE%qHER
¥, X0 EERNRERIFIICEEHIEA,
S ERETHEREESCT Z XL WDM

Hrnb.

MR 3 AFHOHFELXOHGEICEHAL TV
270, f5EENTVWEIXOHESENELWE
RS 2w, Bz, SEEHALD grade level 23
BHizoTWke LTd, BEKFALX RS
BRLEDAVBRLELZGEND 5.

2D KD REED B BHERDFHE T — X T3,
NDIEfERMREFIMA TE R 2D 5 2720,
TR L THREYITHS.
3 FHMET—2tvy FDIERR
AREITIE, AR TIRET 2 2 ERREHES 55l
NMT H Ol 7 — 2+ v b DFERFNE L, ERKL
ik — &€ v b OFEMERT. RIFFKTI,
Newsela 3—)*’7\430)9%:: Iz Elzlgnnu %{—J'Li‘j_é
ZeT, HAFEX (REES 1 X B (3 B
) oG EIC X 2 %EX (HWFFESD) OMHTH
AR X B H 52 B 5 FE A NMT F o 37l 7 —
Xty FEERT . Newsela 2 — 821, fiDH
S Pata— 2 (7181 74Y) LIZRLD,

5
EAE(ii]

3) https://translate.google.com/
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v FOERTTIC L.
3.1 IREDERFIE
AT — Xty MIRD 2 2T v T THET 3.
Step1 HEEFEDHE G E Cilih I N2 HEBEBXES
DAERR
1-1: Newsela-auto 2> & H B H
1-2: HEIZ 4 V&) > 7 TOREY) T — 2 RE
1-3: AFIT & 2 mefshtEan
Sstep2 AFHEIERIC X 2 HARGERDH 5
Stepl TlX, Newsela 2 — S A DHFEGLHE
BREBEOHSE calihan 5 [E— W@@%EYE
A% T 5. BEARHIZIE, Newsela-auto [9]9 AT
HEITHIO TN T WA 3Oic o %, 320 DX
MEI—NE L 72 2 FGBCESEZHH T2 (Step 1-1).
Z DFER, 98,500 FHDEFEEEAHE ST,
272U, AT AT L FME, XD 5
CLTRERT A FBOHGELZRET L. Lido
T, 2HOMES 3 TXOHGENE LW EIZRS
W) BEL S, 2 TAIMSETIE, HEIZ 4 L4
V7 (Step1-2) EAFF v (Sep1-3) ITX
D, WERICHDENEL S 3 XD S5 E—N
BOREXERERFERT 2. B 7412 ) 7
TE, BB ERVARETRLFELICRZ XN
grade level DZEDY 1 AT T2 2 300 2 BRV .
¥ 7z, Newsela-auto (Z[f—NA D% HEITXIG
T Cnwsze, 28HOMER 2 TS ENRR S
ETERDIRI-NBVGEDR DB BPEL S, 22T
AW TIE, Step 1 DEMHHEZR L LT, EHEHFR
COEIMANE EH LT 3 HfE AFTROZ.
Step2 TlZ, Stepl TIERK L7z & HEECEFITN L
T, &b gradelevel P REZWVW (RDEEL WD %
ANFCHAGEICHERL, HARERZNE5T 5. BER

4) Newsela 2 — S AH QG IR 2 B HE 2RI, [
—WNEDE BEI TS L2 RDOa -2 TH 5.
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HHEL 906 97 11
#H4E  189.34 9.56 1.08

®2 FHET— &ty tHOIEGELDBFERL

frequancy
5 8 58 2 8 2 8
S =) S =3 5 =3 S
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2 3 4 5 6 7 8 9
grade_level

B1 FHfi7T— &ty M ORFELD grade level DNER

10 11 12

BEIRESHICRIEL -, o AFRIFICE D, 24
DR 1 TREY)R NSO 2 Bt RRIRT 5.
M EDOERFIEIC X D, 1,014 #HO 7 — & 7>
575, HEZERFEHS EHIE NMT HOFHE 7 —
Kty PERAERL . EIERL 2§17 — X
DEFIZRT. T2, £2 XK 112, TERL 723
F—XEty NHOFFE T DOHEG DR DR &
PEESL D grade level DNER%ZE ZNE4URT .

BEI7 LRV VT DUHEBEEDER

ARIFFETIE, Step 1 ITBWT, it HFHMNOHSE
H HELH XN LD G DR E Y 7 7 — X &2 BR <
HWTHBIZ 4 L&Y 7 REA LK. 2T,
ZORENEEERTS.

Step 1-1 DFER» S 7 > X 22 L7z 100 fHD
NEBIIMLUT, XN ESNLEGENRIL 51T
L b 6T, EEICIREZENEDLRWT —X
NEDREGENIZPEANFTHELL. 2O
R, ERICHSENED > TWA X THRIATY
51 37 L FEE T, 7R D D 63 #HIZ, grade
level WL 21200 0b 56T, &LFEIUONRL, &
BDANENT 2 DM ENED &7V %
BATOV., 2O XS BREFNIFHET— &2 & LTH
WY TH 2720, FHMiT— XL ORI BEXRD 5.
Lo LEED 60%L EdH D NFTERL OIFHHERNT
RV, Lo T, KR TEALLEE 7 4 L
RV IBERTHIeEZLNS.
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= wEx o [ - %
RERmEL)

B2 <4754 EFLOMER

4 RYFI—UER

AHEITLE, 5H%OZEREH S EHIE NMT 1283
ZWEDORY F<—2 2 LT, LITHE [4] T
RINTWB 2 DDZEREH S EHI#H NMT o F
B O TIALVETNVERILVFRRAIETIV) &
Transofrmer & 7 /L CHE LY, MELETF R FF—
R B HRE R G T 5. SEITHSE TR RAIIZE
£5L¥ LTRNN (LSTM) R—ZDEFL[11] %
FAWTW3 2, A TIE, TFEM 4 7% NLP X 2 2
TT7 777 MAR YR — FIZ/ - TV 5 Transformer
ETFVERWE. Fi2, BT TIEPESERE OBIER
ERRYLTED, Hii7T—& 2 LT Newsela 2 —
NRADARA VB HEEH VD Z N TE DD, &
25Tl Newsela 2 — SR EFNRVWHAREE L K
FERIDOBIERD W RTH 2 Z 2 ITHFEE I N,

41 NTTS1VETIL

RAT T4 T, FEEIER  ZERE 51t
[12] D2 DDMN L2 ET N EDRIFTZETNVTDHD
%. [HEWEIER - ZBFSEZ) & TZEREES L
— BMEIER) @ 2D 23E 2 5508, FATHIE [4]
TIE THEMBIER — 2 BRFE St 0B HREDL R
Moz ¥, F72, Newsela 2 — %A 513 HAZE
DEEMEFE DT D DHANT — X ZER T Z R0
Zepn, AT, THEMEER - ZBREES0
DOMERED AZ T, WET 5. X2 IFHlis %84
T4 VETILVOMERERT.

H¥ NMT €7 V5 X PERGEDZERETESILE
FAFHNC Transformer £ 7L &2 AWV, HZE NMT
EF X, Kiyono 5 [13] O HHEFHRE F LIl -
THER U 7=, #fli 7 — & 13 JParaCrawl [14] £ News
Commentary % i\ 7=, 72721, langid® 12X DS
XD HAGE» DHWSEX D HREEL 12272, 9.7M
NNE2BMT—X e LTHWR., HEXITDOA
trucasing #17\>, Sentencepiece [15] IC X DH TV —
B A X 32,000 TH 77— F{Lz{To 7.

WREDZEE - ZILE 7L, e TS [12] 1
iy, ANTOFEFEXDOFRBICHN O E 2R T

5) AREBTIE7L—217—2¥2 LT fairseq [10] ZHWVz.
6) https://github.com/saffsd/langid.py
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DIFEXICERT 2 RINEREF NV TERL -
Newsela-auto 2> 5 7 ¥ X A ZHH L 72 150K % 2
T—=Re Ll 272U, MELLHET -2ty b
CEFENDT—RIEFFRWTWS., HEiT— X251
100 HGELL Eoosc e A FISCRED 2 BLE D SO
BTz, 20, fastBPEIC K D H 77— K94 2
8,000 TH 7V — FMbZiTo 7. Z DD EERE
A ERMTRT.
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loss = Lyt + Lsimplify + Lemt (H

Lyt = Z

(si,50) EDpmr

LSimplify = Z
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Lemr = Z
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DX E DN 87 MAELN [17] D EH T 3. 2
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7)  https://github.com/glample/fastBPE.git
8)  hittps://github.com/cocoxu/simplification
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ET I BLEU (%) | SARI (%) | MAELEN
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SNVFRRY 15.89 33.32 4.15
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KA 2H TR U-MEA 2 THEGED R 2 L IEMPR N WGERD 5 | OBKEIERT. Fi-,
FKSIWC2HI TR L -MES 3 TXXOHGENE LW IR 5720w OESEEZ/RS. 2L T, 6K
T L7294 T4 VY ETFILETAF AT ETILDEBRREEL T

level BB
8  However, she says that there are times when "you just need to get away."
5  Yet she says that there are times when "you just need to get away."
3 Still, Bopp says that there are times when "you just need to get away."
12 The White House said the U.S. will suspend participation in preparatory meetings for
the G-8 economic summit planned.
7  The White House said the U.S. will stop participating in planning meetings for
the G-8 economic summit.
5 The White House said the U.S. will stop participating in meetings about the G-8 summit in Russia.

R4 HEAEAFAOBEEHLZELT — X

level BHEFESC

12 A company called AquaBounty has been seeking for more than 20 years to win FDA approval to
bring a genetically modified fast-growing salmon to supermarkets.

9 A company called AquaBounty has been seeking for more than 20 years to win Food and Drug
Administration (FDA) approval to bring a genetically modified fast-growing salmon to supermarkets.

7 A company called AquaBounty has been seeking for more than 20 years to win FDA approval to
bring a genetically modified fast-growing salmon to supermarkets.

12 So few Indians drink brewed coffee that virtually all its best crop is exported to countries
such as Italy, where the beans are used in name-brand espresso blends and sold at a huge markup.

9  There the beans are used in name-brand espresso blends and sold at a huge price increase.

7 There, the beans are used in name-brand espresso blends and sold for a huge price increase.

5 grade level (X8R 2 DHZGENED SRV EELT — 24

Pipeline Model .
X . . Multi-Task Model
NMT Model Simplification Model
arch transformer transformer transformer
| share-decoder- | .| | ]
True True True

input-output-embed
| activationfn | relu | el | relu |
| optimizer | adam | adam | adam |
T aambens | 09.099 | ©9.095 | 09,098 |
| clipnorm | 1 o o0 | 10 |
I S Ted | Te4 | Se4 |
| Iescheduler | inverse_sqrt | i inverse_sqrt | inverse_sqrt |
| warmup-updates | 4000 | 4000 | 4000 |
| warmup-initle | le7 | le7 | le7 |
| weightdecay | ¢ 00001 | 00001 | les |
77777 dropout | 03 | o1 [ o1 ]
o C&;;; 77777 label_smoothed_ | label_smoothed_ | label_smoothed_ |

cross_entropy cross_entropy cross_entropy
| label-smoothing | ( o1 | o1 | o1 |
| max-tokemns | - 40000 | 80000 | 409 |
77777 patience | - | - 1 5 ]
e | Tree | Trwe | Tree |
| max-epoch | 100 | o | 100,000,000 |
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