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5.

(% pinakes:)Please tell me why you are interested in research on natural language
processing.
(user )Because | have an interest to relationship between language and emotion.

(% pinakes:) Please select the keyword you are interested.

1: Media Bias the Social Sciences and {NLP}: Automating Frame Analyses to Identify
Bias by Word Choice and Labeling,

2: Discourse and Pragmatics,

3: What determines the order of adjectives in {E}nglish? Comparing efficiency-based
theories using dependency treebanks

(user )1

(& pinakes:) Please tell me the reason you chose.

(user )I'm curious about how people's everyday writing changes with or without
emotional bias.

(& pinakes:) Please select the keyword you are interested.

1: Media Bias the Social Sciences and {NLP}: Automating Frame Analyses to Identify
Bias by Word Choice and Labeling,

2: What Was Written vs. Who Read It: News Media Profiling Using Text Analysis and
Social Media Context,

3: Cognitive Modeling and Psycholinguistics

(user )2

(& pinakes:) Please tell me the reason you chose

(user )l am interested in sentiment analysis contained in SNS. Also, | would like to
analyze emotions not only from SNS but also from texts of books such as literature.

(& pinakes:) Please select the keyword you are interested in from the bottom

1: Media Bias the Social Sciences and {NLP}: Automating Frame Analyses to Identify
Bias by Word Choice and Labeling

2: What Was Written vs. Who Read It: News Media Profiling Using Text Analysis and
Social Media Context

3: Cognitive Modeling and Psycholinguistics

(user )3

(& pinakes:) Please tell me the reason you chose

(user )By the way, I'm also interested in psychology.

(& pinakes:) Please select the keyword you are interested in from the bottom

1: What Was Written vs. Who Read It: News Media Profiling Using Text Analysis and
Social Media Context,

2: Media Bias the Social Sciences and {NLP}: Automating Frame Analyses to Identify
Bias by Word Choice and Labeling,

3: Cognitive Modeling and Psycholinguistics

(user )3

(& pinakes:) Please tell me the reason you chose

(user )Well, more specifically, I'm interested in emotions, psychology and language. |
especially like books, and I'm interested in analyzing emotions from the text of books
and how they affect the human mind.
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