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1 WMT17 @ metrics shared task 1251} % BLEURT ¥ C-SPEC O ZHiift 5 o .,

ZIER They want to compete with delivery services.
AT LR They want to compete with airlines.
AT7Hil (DA) -0.861
BLEURT]|3] -0.344
C-SPEC[4] 0.595
ZIRER I'm glad we got some of those dirty licks caught on tape.
Y AT LFRX | I'm glad we lick some of the dirty things they made.
ATF5FHiffi (DA) -1.548
BLEURTJ3] -0.088
C-SPEC[4] -0.405
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FHiiE 7 v en-de zh-en avg  all
C-SPEC trained on WMT15-17 0.609 0.773 0.691 0.787
C-SPEC trained on WMT18-20 0.612 0.805 0.708 0.813
C-SPEC trained on WMT15-20 0.603 0.798 0.700 0.808
C-SPECpn trained on WMT15-17 | 0.626 0.809 0.717 0.817
C-SPECpn trained on WMT18-20 | 0.619 0.824 0.721 0.829
C-SPECpn trained on WMT15-20 | 0.309 0.715 0.512 0.724
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