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K1 DPEIRR & 4 L OBHFERE
PEIRD D (%) DEARTZ L (%)

Yelp 86.2 0.0
GYAFC 11.8 52
politeness 12.0 1.0
offensive 11.3 0.6
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3, ZHIROXB AR A NDHEBRIZ X > TXEFOD
ZHIRORARANTH S eI NIEEL T
3. Yi bOEBICH, &R A ADHEETENEY
%% BERT [17] Z REBRTHH L& R R A VEH
T — &+t v MIX L fine-tuning L7zdDEH WS,
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|2 R XA NVEHDFHiliE R

F—ZF BLEU ZFEREE (%)

Yelp 431 51.8 93.0
GYAFC 59 54.5 18.6
politeness 60 54.1 60.0
offensive 56 53.8 23.2
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