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Structure-Aware Cross-Entropy Loss (SACE) % kbR T #A
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HHED TA > TE D, AASC TIEMRED L3> T
b, ZHUIZDOD Ay FV =7 DBEWVITERT S &
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K1 SIHERSCHEE OFER

FullTextPeerRead AASC
MAP MRR MAP MRR
hyperdoc2vec 0.190 0.204  0.105 0.111
CE+Proposed Model 0454 0466 0.308 0.323
SACE+Proposed Model 0.345  0.357  0.335 0.347
R2 M EHOME
FullTextPeerRead AASC
Macro Micro  Macro Micro
hyperdoc2vec 0.329 0.391  0.701 0.804
CE+Proposed Model 0.395 0484  0.740 0.835
SACE+Proposed Model 0.438 0495 0.738 0.838
RotatE 0.324 0415  0.743 0.842

4.2 Ablation Study
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