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A {382 : ACE2005 J— /N X D#EHHY
EES

Item Train Dev. Test
Documents 370 43 51
Sentences 9849 1221 1478
FAC 924 83 173
GPE 4725 486 671
LOC 763 81 69
ORG 3702 479 559
PER 13050 1668 1949
VEH 624 81 66
WEA 652 94 67
Outermost entity 18455 2285 2724
Nested level 6 4 5
Entities inlevel 1 19676 2429 2936
Entities in level 2 3934 448 505
Entities in level 3 731 85 102
Entities in level 4 90 10 10
Entities in level 5 7 0 1
Entities in level 6 2 0 0
Entity avg. length 228 233 228
Multi-token entity 10577 1323 1486
Overall entities 24440 2972 3554
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