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Textual Entailment

& | a boy Text: a tennis team

Entailment Rate

a tennis team 0.66

i° " | smiling boy
| a little boy

“I| a young child
a young boy

Hypothesis: a group of people

a group of people 0.07 Score

Coarse

a group of people | 0.36

a group of people
a tennis team

uni-gram IDF

a tennis team 1.31

Fine

" | several men a tennis team

0.64

tennis players ~ >
all

a group of people

B2 REEFEROBE

tennis  team

Coarse: a group of people
Fine: a tennis team
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]1 Chub[6]DTFT—Xty hDY T RNFH

VGP Class Forward Reverse
alternation contradiction contradiction
forward entailment entailment neutral
reverse entailment neutral entailment
equivalence neutral neutral
independence neutral neutral
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g2 7—Xtvy OFETL fine-tuning DFER

split entailment neutral contradiction  size acc (%)
Train 10,796 36,994 2,194 49,984 96.6
Validation 2,722 8,146 600 11,468 92.4
Test 3,051 8,261 810 12,122 91.6
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BLEU-1 BLEU-2 BLEU-3 BLEU-4 METEOR ROUGE_L CIDEr

E-C2F - Coarse 0.47 0.31 0.22 0.13 0.19 047 038

E-C2F - Fine 0.41 0.25 0.16 0.10 0.18 044  0.33

ours H—T>F 4 7 4) - Coarse 0.45 0.30 0.21 0.12 0.18 045 035

ours (H—IL>F 4 7 1) - Fine 0.30 0.14 0.07 0.04 0.13 034 0.15

ours (8T > 7 4 7 4) - Coarse 0.27 0.19 0.16 0.14 0.13 027 024

ours (8T > 7 4 7 4 ) - Fine 0.19 0.11 0.08 0.04 0.10 020 0.12
Vocabulary Unique Bi-gram  DIV-1  DIV-2 LSA Self-CIDEr

E-C2F 533 1,205 0.32 0.53 0.31 0.48

ours HE—TLVF 4T 1) 1,078 2,549 0.61 0.89 0.58 0.83

ours (BT > T 47 4) 656 1,247 0.60 0.86 0.56 0.81

Fa ERENFy T2 arofl

H—TY7 474

BT 474

4

f&ﬁ

ours - Coarse a man a woman a hat a man a group of people
ours - Fine a bagpipe player a mother a fedora hat a customer a family
E-C2F - Coarse a man a little girl a hat aman N/A
E-C2F - Fine a man a little girl a black hat a man N/A
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BEFEOZR a7 0f%5E 5 1TRT.
F5 RETFEDOZRa7 DH

Caption Entailment IDF Sum
a woman 0.02 0.08 0.10
a young boy 0.06 0.20 0.27
a group of people 0.07 0.29 0.36
two women 0.07 0.32 0.40
a side walk 0.12 046 0.59
a motorcyclist 0.00 0.89 0.89
a family 0.26 0.63 0.90
a tennis ball 0.60 0.56 1.16
chess 0.50 0.85 1.35
a cigar 1.00 0.89 1.89
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