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&1 HREOHEE

FREID BEH Ra7vilE mean PESY
2017 #Q1 62,222 0-6 4.46 = 1.67 -50
2017 #Q2 61,777 0-2 1.51 = 0.86 -25
2017 #Q3 59,791 0-5 043 £ 1.10 80-120
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2018 #Q3 58,159 0-3 0.76 = 1.07 80-120
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