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P a—R Pl 2 — R
Section[5]  Wiki-727k[4] | Cities[6] Elements[6] Wiki-50[4] Clinical[7]

N R, R AR {b2ETR E¥

E-52 Wiki Wiki Wiki Wiki Wiki BRE

CER 21,144 727,746 100 116 50 227

XEE 53.1 48.0 62.8 22.7 56.5 140.4

v IXVME 8.0 8.2 5.1 3.2 8.2 34.8

A 6.5 6.7 12.2 6.8 6.7 4.0

g2 WPl FEmLER *ORFIRBEE-SEEEL I, ThFIURT. £
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Ra LIRS > 7L (@ & B 1)

original

Aleppo has scarcely been touched by archaeologists since the modern city occupies its ancient site.
Aleppo appears in historical records as an important city much earlier than Damascus.

single

Gittinger has scarcely been touched by Espares since the modern hypertrophy occupies its ancient Wasserviertel.
Gittinger appears in historical inhabitants as an important hypertrophy much earlier than Ariqueanos.

rand

Gittinger has scarcely been touched by Espares since the modern hypertrophy occupies its ancient Wasserviertel.
Agustina appears in historical inhabitants as an important Biodiversitit much earlier than Ariqueanos.
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FHEAE R (FE /PR 27 )

H Section-train | Section-test Cities Elements Wiki-50 Clinical OOD-Ave
Xing 5 [3] -/- -19.7 -/16.1 -/394 -/26.8 -130.5 -/32.2
baseline 95.25/3.29 | 73.32/17.81 66.70/21.67 | 49.87/37.92 36.94/36.82 27.14/48.83 | 37.98/41.19
VERBgingle || 91.14/6.09 | 67.96/20.04 63.25/24.16 | 48.25/38.21 34.70/37.56 24.36/50.93 | 35.77/42.23
VERB;and 93.51/4.49 | 73.88/17.42 69.90/20.03 | 52.40/36.25 37.06/36.89 26.68/49.50 | 38.71/40.88
NOUNjgingle || 87.55/8.19 | 75.89/16.39 7539/16.09 | 61.55/30.34 42.29/34.05 29.58/51.37 | 44.47/38.59
NOUN;anga 87.74/8.05 | 75.84/16.36 75.52/15.72 | 61.38/29.80 41.79/34.07 30.07/50.17 | 44.41/38.01
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A BEGH

KA1 el FEREOTRER GEREU—2K)

POS-TAG H Section-train  Section-val Section-test Cities Elements Wiki50 Clinical
NOUN 63,237 /- 25,724/0.83 35,039/0.77 9,300/0.84  8,833/0.59 3,974/0.90 13,280/0.80
PRON 283/ - 148 /0.89 177/0.84 80/0.86 53/0.96 97/0.94 123/0.93
PROPN 199,211/- 52,212/0.60 84,877/0.54 22,366/0.07 2,971/0.13 2934/0.81 2,452/0.74
VERB 15960/-  8,229/0.90 10,383/0.86  3,976/094 2,676/0.89 1,972/095 5,499/0.86
ADJ 21,610/-  8,838/0.85 12,209/0.79  3,920/0.66 2,513/0.67 1,339/0.92 6,664/0.76
ADV 3,147/-  1,565/0.91 2,033/0.85 749 /0.90 546/0.90 426/093 1,251/0.83
ADP 428/ - 234/0.90 268 /0.85 117/0.83 77170.90 100/ 1.00 115/0.95
DET 116/ - 74 70.89 82/0.83 357091 25170.96 40/1.00 50/0.98
AUX 461/ - 158/0.61 278 /0.44 112/0.45 33/0.91 87/0.58 75/0.83
CCONJ 87/ - 44/0.89 5710.77 23/0.74 18/0.83 18/1.00 34/0.79
SCONJ 136/ - 90/0.93 105/0.91 55/0.93 38/1.00 53/1.00 77/10.97
INTJ 116 /- 31/0.61 53/0.66 9/0.78 4/1.00 6/0.67 34/0.59
NUM 11,347/-  3,644/0.67 5,188/0.51 3,619/045 1,816/0.49 520/0.96 53/1.00
PART 19/- 8/0.88 7/1.00 6/0.50 6/0.50 8/0.75 5/1.00
PUNCT 2,395/ - 286/0.14 752/0.10 960/ 0.05 22/0.18 24/0.04 8/0.00
SYM 107/ - 35/0.34 41/0.46 8/0.38 2/0.50 2/1.00 2/1.00
X 6,449 /-  1,262/0.34 2,316/0.29 839/0.23 171/70.23 98/0.38 245/70.42
TOTAL 292,825/- 93,133/0.71 139,230/0.63- 40,811/0.44 17,784/0.60 10,894/0.90 26,551/0.82

RA2 FEFER P
‘ ‘ accuracy  fl precision recall  pk ‘ accuracy  fl precision recall  pk

train 97.86 91.14 93.15 89.22 6.09 97.04 87.55 90.85 84.47 8.19
val 92.66 68.12 72.96 63.96 20.11 94.79 76.60 83.39 70.85 16.27
iﬂ test 92.59 67.96 74.25 62.74 20.04 éﬂ 94.59 75.89 84.18 69.10 16.39
5 cities 85.08 63.25 61.44 65.35 24.16 %m 90.55 75.39 76.29 74.60 16.09
E wiki50 88.93 34.70 62.78 24.09 37.56 % 90.50  42.29 76.67 29.26 34.05
elements 75.77 48.25 66.87 37.88 38.21 80.65 61.55 76.63 51.71 30.34
clinical 92.59 24.36 17.94 38.55 50.93 93.21 29.58 21.09 49.88 51.37
train 98.43 93.51 95.64 9148 4.49 97.09 87.74 91.27 84.48 8.05
val 9430 74.46 80.83 69.03 17.34 94.85 76.67 84.31 70.30 16.15
g test 94.13 73.88 81.74 6741 1742 % 94.63 75.84 84.99 68.48 16.36
@ cities 88.04 69.90 68.65 71.34 20.03 % 90.78 75.52 77.96 73.32 15.72
E wiki50 89.77 37.06 69.48 25.28 36.89 % 90.56  41.79 79.03 28.43 34.07
elements 77.47 52.40 71.90 41.31 36.25 80.94 61.38 78.57 50.49 29.80
clinical 93.50  26.68 19.70 41.34 49.50 93.52 30.07 21.77 48.78 50.17
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