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Avg. T Fgt.| Avg. T Fgt.| Avg. T Fgt.| Avg. T Fgt.| Avg. T Fgt.| Avg. T Fgt.| | Avg. T Fgt. | | Avg. Fgt.
Fine-tuning | 45.5 549 | 262 835 63.9 265|326 735|442 563|388 645|419 599|119 179
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