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Fik HEINE | % 7 A K  CoNLL
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WDRroP (b 48.53  65.47 62.22
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REeP(SmM)+WDRoP [iiDa] 48.72 6597 62.29
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27T, K2 — A THEREE Ly a—
XeFa—REHW3 Ik %L [2627,28,29],
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