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1 FC®IC

AR, HR S EE#E W (Natural Language Inference:
NLD) F— &t v FZ2HWTXHDIAAZRERT 3
FIEDRENZINDTE D, XFELE (Semantic Textual
Similarity: STS) X A7 ZZ UL T HRRA KRR R
TIHERAEINTWVWD [1,2]. 26D TFETIE, NLI
TRty POXRTZIfMEEINTWS 88 TF
I T2 OF_AAVEELLAETIE 0 XA
%@L CUEDABZHRT 5. LrL, ZOX
S RFIRE, KR NLI 7 — &ty s HXh
TVWAERETL2AHTERVWE WS REDD 5.

AR TIEZORER RIS 270, FEICEE
NBHEEY Z DEFRIPEARNICE—DEERNEZ
KTV BRICERL, HEOEFR LTV
HDAAMRIELIRET 5. HEEINLI T —Xty
kR, 132 0ICE L DEBIIBWTEHENTTD
NTED, EFRXE WD AALEREIZZ

SiBICHEAREETH I e EZ LN 5.

2 EHRNZERBVISGEDIAHIBRGE

ARIFETIRE T 5 EF T & 5 DA B
HBIE, NLI T —&Zty b ZHOWTXHDIAAL L
3 2ET e LTIRFEM Sentece-BERT [1] & [A]
£k, BERT [3] % RoBERTa [4] 72 ¥ DHRI¥EHEAS
BETNLENR—REL, ZTNHDETILVOHI»S
X DIABLZMRT 5 (K 1). REITIEE 3 BERT
¥ RoBERTa, ¥ X1\, Sentence-BERT Z#E/ L, i
WTIRET 2 D IABBBIEOHAEZITS .

2.1 BERT & RoBERTa

BERT 138 O Transformer [5] T > 2 — X THi
MENLHRFEEASHET N THS. IATRK
OB XX TN L > T, KEELRTF A+
T—XTHCHAD D ¥EZITS 2 & THBHH
R, XRICHE- 7 HFEEDAAZH T 5.
~ A7 RHEOEX, ANXDOHD h—27 > % —iE
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1 Sentence-BERT (/£) ¥ 2R FiE (F) DEKX

DHENIEGT MASKT E W FFIR b — 27 VICEZH#Z T
ETANANL, [MASKI IZHIE T % (L E D i fE
DOHDIAAEHNT, EEXHIFTD ~—27 2Tl
FTERRAITH5D. XXTHNZ, XXYH b=
[SEP] TEM N7z 2 X% BERT I AN L72B, XHH
WK EXNRkR s —2 v cLs] ot hE b eicE
NOEDBTLDTFA N T —RTHELGET 52 XTHEH
EOTTE2RRAITH 5.

—77, RoBERTa X BERT ¥ [AEED#EE L TW5
73, BERT CTHATZEEFHIITON T WX FHl %
HERRL, 77— XA X, N FH A X2 KRKELT3
Z & TBERT DUEZRALET L TH S, KL
(% CEiBH 3 % Sentence-BERT ¥ IBELFiEITWVFND
~N—Z%EF /)L ¥ LT BERT ¥ RoBERTa 23H|H Al E
TH 5D, KRBT 2T VOHATIIEARNIC
BERT Z W& DWW THIAT 5.

2.2 Sentence-BERT

NLI 7 — &t v b % W72 SO A AR E X
Conneau 5 [2] I & DR XN 7=. Conneau 5%, %
FTRA—RERELE2DOD0ETFTLVOEE EITS
Siamese network & % FIWT, B U 72 SOV EEKAN
7 MVZER] BT WA BIZH T 5 & 510 dA
AE NGRS % InferSent 243 L7z, Reimers 5 [1]1Z
X o TIRE XN 7= Sentence-BERT 3, InferSent ¥ $H
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PIL 7S ZRAL TV A D, XRT FILORERKIZ
fine-tuning L 7z BERT ZH W\ T\ 3. Sentence-BERT
DOWE %X 1 /£I1Z/RT. Sentence-BERT Tld, 3
X% BERTICANIL, ZDH % pooling T2 Z &
TN MLVEREALS 5. pooling FIEIZIZIAT D 3
FENIHVLNS.

CLS BERT OHFIFHRICKX FHITHWSON S
[CLS] b—27 v DHl®HAALZHWS. RoBERTa %
V258X [CLS]1 BFTEL R Wiz, B L
T — 27 v<s>DHDAB T HNS.

Mean X ZREM T 2 TR TOED ARMILEHFEE DA
BD¥E WS,

Max X ZMERLT 2T RTDZED HRILHZEH A
HBDRILT & DI AMEE W3S,

pooling IC X DRHNZEXRTDENETIND D
AAZuy 35, T A GOERLZRT b
Vlwvilu—v|] 27 2 AR UEDOHIRITE
FOIRAFRBIZANL, XRTIHEGENRT
W3 (BB RYOIRALEZELL FHITE 2 X
9 IZ fine-tuning %17 9. fine-tuning {Z1%, SNLI 7 —
Xt v b [6], XK, Multi-Genre NLI 7 — Xt »
b 7] ZEHETA 100 FXER-WS.

23 EEXZRWIDUGEDHIAH

AT, HEEL ZDERXDF—DEKRNE
ERTZCIWCHEEL, BRI SLHFETHEIZITS
ETXHEDAAZHRT 5. IREFEOBMEZX 1
FITRT. TIT, HDERX X ST 2 HiEh
% wr 3R L, BERT OHEHIZZERFIC~< 2 77D
METHWSHN S MASK] DHEDIAANSTTD + —
7 TS 58 AR TG & AN,

%73, Xi Z BERTIZANIL, HiJ1% pooling 3%
ZET Xy DXHDIAL u, WK S 5. pooling F
11213 Sentence-BERT & [A#£IZ CLS, Mean, Max @ 3
FEEZHWS. RiZ, ML SCOEDAAB u, ZH
FETHRICATIL, Xk BATTE L2 2D w, O
BAMESR P(wi|Xy) 2185, EERBEBUCKREZL Y b
P—iEZHWT, PwilXp) ZERARIELTE L5
fine-tuning #1795 .

O, HEETHIEIIIHETMEERD T X -4
FEELTCHWS. Z4Uckb, BimosERzy
BT E T fine-tuning 17O Z e B TE B,
¥/, FAFEHROHETHEZZOEEMoTW
7%, RBEFETHOLNZ HDIAAZ, ZDX
BRI ERABITENVERTHA I ATV 2 HEEH
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R1 7%ty FOKEHE

ESYEN HRER EFU kR
AT — & 29413 97,759 9.921
R T — & 3,677 12,127 9.874
TANTF—X& 3,677 12,433 9.846
BERT #E# N HEEH BB FHEXE
A7 — & 7,732 54,142 9.531
T — X 936 6,544 9.512
FANTF—X& 979 6,930 9.551
RoBERTa sB& N | HFERL EFXE FHXE
A7 — & 7,269 53,935 9.376
R T — & 901 6,625 9.372
TAMF—X 925 6,945 9.410

FIEL 756, £ OXIR(LEGE DAL LT 5
EWSHEBHGFTE .

3 HFEETAIRER

REFRIC I DBERL X DDA ALD, C DR
fE, XOERZHDAD TV 05Hlis 270, &
BN D DAL VI HEE T HFEBR 21T o 7.

31 ERHIZ T—2tvhk

REFRIHFB L ERLORTELEL TS, R
MoETlX, AES B AR LTWSE T =Xty b
DH M 5, Oxford Dictionary D High ¥ & & % F
L7z, BTV MV IEHBEERLORTPSHRD,
—ODHENEBOERLLFHED. 7T — Xk
BEEZ L WAl T — XA T —X/T7 A b T =R
8:1:1 DENEGTHEIL =, £/, RETIEIIHGE
& 12 BERT % 721% RoBERTa D EHZERDE %
a7z, FETILVOBRICE ZNIRVHEGEICH
TELTHMEREHETHE» SR Z21ETER
W, L7z23oT, AREBRTIEIT -2ty hoFhs
BERT, RoBERTa ZNZNDFEREICE TN HFEL
ZFOEBXDAEHAVS. AHLETF—ZEy bO
FatEE R 11TR7.

3.2 EERETE

HATEEFHAE T L LT, Hugging Face” 258
BILTW3 5475 Y T35 Transformers? 2> &,
BERT-base (bert-base-uncased), BERT-large (bert-large-
uncased), RoBERTa-base (roberta-base), RoOBERTa-large
(roberta-large) ZF|f] L 7z. fine-tuning DFE L LT,
Ny FH A4 RF 16, TRy ZEIF 1, RELTFE
12 Adam Z W7z, F72, 8 OBRRE S T

1) https://huggingface.co
2) https://github.com/huggingface/transformers
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®2 HEETHOMERE
Model pooling | MRR Topl Top3 ToplO
BERT-base CLS .0009 .0000 .0000 .0000
(fine-tuning 7% L) | Mean .0132 .0001 .0043 .0242
Max .0327 .0157 .0320 .0626
BERT-base CLS 3200 .2079 3670 .5418
Mean 3091 .1972 .3524 .5356
Max 2939 .1840 .3350 .5207
BERT-large CLS 3587 2388 4139 .6011
Mean 3286 .2091 3792 .5723
Max 2925 1814 .3356 .5194
RoBERTa-base CLS 3436 .2241 .3983 .5836
Mean 3365 .2170 .3906 .5783
Max 3072 1941 3523 5386
RoBERTa-large | CLS 3863 .2611 .4460 .6364
Mean 3995 .2699 .4634 .6599
Max 3175 2015 3646 .5543

HEREorL, 2¥ER7Tvy7D55 10%T, &
ELLEE THRIBIZEERZHEME ¥ % warm-up
ZHWE., FEBIIKET I, pooling FIEZ &I
2* % 107°, x € {0,0.5,1,...,7} DEFHTHERL, BFH
7 — R T DI )EN (Mean Reciprocal Rank; MRR)
DikbE L RoREHRE2MH L., BiR52—F
fHC 10 EIEBRZTV, ZOVPEEZFHizar e L
7z, B % AT LRI X 5 BLGE o Tl
RM5 MRR &, 1, 3, 10 iAICERIEENS
#| & (Top-k accuracy) ZHH L, FHHEICHWRZ. *
7z, LSRR & L T BERT-base <€ 7 /L % fine-tuning
B 5 GEOMEREDEH L .

3.3 EERER

FEEROAMG R 2R 2 1Z/RT . fine-tuning L7822 o 7z
56 OMERELX pooling FiE & LT Max Z3EALHE
Db Ebo7b DD, £ Top-1 accuracy 1% 0.0157
EMDTHRWETH D, mOWEREZHESDIIE
fine-tuning #1795 Z L DWNHTH 5 Z L DR T X
5. BEFIETIE, base ZHWZET VLD large &
FAW=E 5L, BERT %\ /2E 51 % D RoBERTa
ZHOWRETADITHERED E {, RoBERTa-large
¢ Mean DIlAEDLEDIRDEVWHEREZ R L. £
7z, RoBERTa-large I D E 7 /11, pooling FiEIZ
CLS Z W E T ARG EWIEREZ R L 72,

4 AR XVICET B ERESEM

AR S T SOE DA B D — IV 72 A M % B
% 728 Semantic Textual Similarity (STS) ¥ X 7, ¥
XU, XHDHAAFTMDIzDDY —LF v hTH D
SentEval % F\W 723 %217 - 7=.
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41 EERETE

AREITIX, Reimers[1] HIC X DMEXINTWVWE
X7 DMREL, REFEOMRE L D ZITS.
P, BT I3 HIOEBRTHET — XD
MRR 255 & &0 5 72 pooling Fi£% FIWTIT o 723,
BEFETEOMHREIX Reimers & [1] DFEEREZFIH L 7=,

4.2 Semantic Textual Similarity X X2

Semantic Textual Similarity (STS) Z X 7%, XX7
NEZ NI, DT ORERN A FE L
EHWETZERA7TH S, Az LkEDHA,
STS ¥ — &t v F 2 HWEEHZIITHT, FHjl
B LEETAEHOWTIRT 222 i
DIAAIICEBL, ThoZHOWTHEHB IR
7 ORMIE e, NFFEM & o NEA BRI X
b3 2. AFETIE, BRTFEL KD LI
ML TEZYRCHEDIAAEERTEZ TV S0
filig 3728, STS12-16[11-15], STS benchmark [16],
SICK-Relatedness [17] D& T — Xt v k&AW
fili7ze L STS A Z 2 X D FHii 2T o72. ZTHH D
T—REy MIEXR7 e ZOHMUENREENTE
D, BHLUEZIAFIMIC L > TGN EZ0055
DFETH 5. SCHDAADBEME I RTIALE
PRV, 7—Xty MZEEN S ANTFiHiie D2
7= Y OIEMMHBERE R L. Bikb>— FHE
T 10 FIEBRZITV, 20V eifirar e L.

EEBOMREZRIWCRT. BEFETHWS
228 57— &%, Sentence-BERT DT I X
TW3T7T—XD 5% BREOHBTHZICHED
5§, $8% T D BERT-base, RoBERTa-base & 7
JLiX Sentence-BERT-base, Sentence-RoBERTa-base &
BOEDORVEREERT Z L PHERTE 5. R,
STS12-16 DR T H % STS benchmark 2B W\ T,
PR FED RoBERTa £ 7 ILIZEWIREE R L /2.

4.3 SentEval

SentEval [18] i%, EEREREZ B LA R AR
IEENLEY—LFxy b THD. UEDIAAE A
N T 50BBROFE TV, ZOMRED & 3D
ABBED XS RERERZ TV L0 EFHES 5.
AWFFETIE, Reimers & [1] £ F—D X X 712D\ T
KEEEIT o7z, FRXAOWELR 4 1T, FHb
12X, AT E T fine-tuning 217 o 72 €TV Z#

3) STS X RZ7, SentEval D ZNZLIUIDODNVWT, ETDETILE
pooling FEZ & O & EHERZA 2 (SR T 5.
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K3 SHEDIABDORGHLE » AFiFEi e O R Y7~ >~ OIEMAEREZRE (BN DMEIZET 100 221 72d D).
STS-B & STS benchmark %, SICK-R /% SICK-Relatedness #&3. %X A7 Z L IR BOMEZ KFTRT.

Model STS12 [ STS13 [ STS14 | STS15 | STS16 | STS-B | SICK-R || Avg.
Avg. GloVe embeddings [9] 55.14 | 70.66 | 59.73 | 68.25 | 63.66 | 58.02 | 53.76 | 61.32
Avg. BERT embeddings 38.78 | 57.98 | 57.98 | 63.15 | 61.06 | 46.35 | 58.40 || 54.81
BERT CLS-vector 20.16 | 30.01 | 20.09 | 36.88 | 38.08 | 16.50 | 42.63 || 29.19
InferSent - Glove [2] 52.86 | 66.75 | 62.15 | 72.77 | 66.87 | 68.03 | 65.65 || 65.01
Universal Sentence Encoder [10] 64.49 | 67.80 | 64.61 | 76.83 | 73.18 | 74.92 | 76.69 | 71.22
Sentence-BERT-base (Mean) 70.97 | 76.53 | 73.19 | 79.09 | 74.30 | 77.03 | 72.91 74.89
Sentence-BERT-large (Mean) 7227 | 78.46 | 74.90 | 80.99 | 76.25 | 79.23 | 73.75 || 76.55
Sentence-RoBERTa-base (Mean) 71.54 | 72.49 | 70.80 | 78.74 | 73.69 | 77.77 | 74.46 || 74.21
Sentence-RoBERTa-large (Mean) | 74.53 | 77.00 | 73.18 | 81.85 | 76.82 | 79.10 | 74.29 || 76.68
2% F £ (BERT-base, CLS) 67.56 | 79.86 | 69.52 | 76.83 | 76.61 | 75.57 | 73.05 || 74.14
FERTFIE (BERT-large, CLS) 66.22 | 82.07 | 71.48 | 79.34 | 75.38 | 73.46 | 7430 | 74.61
122 T1% (RoBERTa-base, CLS) | 65.55 | 80.84 | 71.87 | 78.77 | 79.29 | 78.13 | 74.92 | 75.62
FERF X (RoBERTa-large, Mean) | 58.36 | 76.24 | 69.55 | 73.15 | 76.90 | 78.53 | 73.81 || 72.36

£ 5 SentEval DFER A7 IZBF B IEMRHE (). FRAZ T ICREDEREKET/RT.
Model MR | CR [ SUBJ | MPQA [ SST-2 | TREC | MRPC || Avg.
Avg. GloVe embeddings 77.25 | 7830 | 91.17 | 87.85 | 80.18 | 83.00 | 72.87 || 81.52
Avg. BERT embeddings 78.66 | 86.25 | 94.37 | 88.66 | 84.40 | 92.80 | 69.45 || 84.94
BERT CLS-vector 78.68 | 84.85 | 94.21 | 88.23 | 84.13 | 91.40 | 71.13 || 84.66
InferSent - GloVe 81.57 | 86.54 | 92.50 | 90.38 | 84.18 | 88.20 | 75.77 || 85.59
Universal Sentence Encoder 80.09 | 85.19 | 93.98 | 86.70 | 86.38 | 93.20 | 70.14 || 85.10
Sentence-BERT-base (Mean) 83.64 | 89.43 | 9439 | 89.86 | 88.96 | 89.60 | 76.00 || 87.41
Sentence-BERT-large (Mean) 84.88 | 90.07 | 94.52 | 90.33 | 90.66 | 87.40 | 75.94 | 87.69
122 F 1% (BERT-base, CLS) 80.94 | 87.57 | 94.59 | 89.98 | 85.78 | 89.73 | 73.82 || 86.06
2L F K (BERT-large, CLS) 85.79 | 90.54 | 95.58 | 90.15 | 91.17 | 90.47 | 73.74 || 88.20
2% T (RoBERTa-base, CLS) | 83.94 | 90.44 | 94.05 | 90.70 | 89.16 | 90.80 | 75.52 || 87.80
FERF X (RoBERTa-large, Mean) | 86.47 | 91.53 | 95.02 | 91.15 | 90.77 | 92.33 | 73.91 || 88.74

X 4 SentEval D5 & X7 DFiA

EE O EAE: i 75 28
MR ME L 2 —DRRIE 2
CR LY 2 —DRG 2
SUBJ ML/ 3 & 5 U o FEME 2
MPQA | ZEH) D 2
SST-2 ME L 2 — DK 2
TREC b 6
MRPC [SWEZHE S, 2

M U7, SentEval ND# X X ZI1ZOWT, RRTFIE
WEDERLIXEHDAAZ AN T 2088 %
FRHL, MHEEZiHE Lz, SUHDIAAZ AT LT 5
THAAS DT Reimers 5 [1] & F UREE AW,
10 PEIREMIEZ T o 72, REFHEICLDZET NV
@ fine-tuning & PEREFEAMIIZ SRR 5 > — (AT 3[BT
W, ZOVEFHIIR a7 & L.
EBROMEZ L5 1TRTY. HEFHEOP TR
RoBERTa-large 23fx & @ WHEREZ R L TW 5. %
7z, base 7 5 large NETIIH A A2 HIMEE 2
r—HLTHREDMAELZ ##%FFHED BERT-
large, RoBERTa-base, RoBERTa-large 2 31} % 14 /E

4) Reimers & [1]1Z & D Sentence-RoBERTa D14 8E!Z Sentence-
BERT ¥ A5 L WG XN TV 3 il Z Hg L7z,
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% Sentence-BERT-large % E[AloTW2 Z &H 56, &
RFHECE 2 XHDIAABD AL IR X R 7 IZSHT X
2HERBIERZEDIAATNS Z DR TE 5.

5 HHDHIC

AL TIEEEE D E F % AW 72 SUH D A AL
FEERRRE L. £/, HETWER, XU, STS
KX A7, SentBval Z W FEEZ @ L T, REFIE
DA, BXU, KEEZ NI T—%ty NE2H
WEBFFECFAFOHRERETZ e ERL
7o. REFHERIZLOFHEBIBVTEFHEEIATVS
HHEICHESDSFETHY, Mo FEIIICHT 258
THo TOHHOEEERELIEL T 2HED RV
WORERDZ. T2, B8O CHDIAAIEX, Z
DUYDRETERNBISEWVERTHH XA TS H
REDMFE LGS, £ OSURIEHREE DA A & FEHEL
THEWSISHEEROZ e IAFTE 3.

S, EBICHTFELNOSEIIGH LG
PERERTHI P, XENER A 7Y &0 ILER TR
27 ANDIGHDFE 2TV, X512, RETFE
WX 2 ERLDEDAA L RLEFEE DAL DE
KA 2 b V22 T OBMRDIENT 21TV 0.
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A {38
R5 KETI, pooling FlEZ & OIEDALDRIGELE L AFFHlix DR 7 < > ONEMAHBIFRE. RADEIHEI,
#2232 — NMET 10 FFHli 21T o 72RO 45 L FHERZIZ 100 2372 DTH 5.

Model pooling | STS12 STS13 STS14 STS15 STS16 STS-B SICK-R Avg.

BERT-base CLS 67.56 +0.26 | 79.86 +0.25 | 69.52 +0.39 | 76.83 +0.32 | 76.61 +0.33 | 75.57 +0.37 | 73.05 +0.32 || 74.14 +£0.25
Mean 67.30 £0.44 | 81.96 +0.24 | 71.92 +0.28 | 77.68 +0.47 | 76.71 +£0.48 | 76.90 +0.40 | 73.28 +0.30 || 75.11 +£0.21
Max 64.61 +0.87 | 82.06 +0.21 | 72.43 +0.31 | 76.56 +0.74 | 75.61 +£0.43 | 76.61 +0.52 | 72.15 +0.46 || 74.29 +0.33

BERT-large CLS 66.22 £0.79 | 82.07 £0.39 | 71.48 +0.33 | 79.34 +0.44 | 75.38 +£0.60 | 73.46 £0.45 | 74.30 £0.50 || 74.61 +0.41
Mean 64.18 +0.96 | 82.76 +0.42 | 73.14 +0.32 | 79.66 +0.92 | 77.93 +0.78 | 77.89 +0.89 | 73.98 +0.46 || 75.65 +£0.53
Max 58.94 +£1.06 | 81.03 +0.66 | 71.34 £0.88 | 76.23 +1.83 | 76.07 +£0.56 | 75.75 +0.70 | 71.69 +0.74 || 73.01 £0.74

RoBERTa-base | CLS 65.55 +£0.89 | 80.84 +0.26 | 71.87 +£0.39 | 78.77 +0.70 | 79.29 +£0.27 | 78.13 +0.61 | 74.92 +£0.18 || 75.62 +0.38
Mean 60.78 +1.41 | 77.17 £0.60 | 69.71 +0.73 | 75.13 £1.00 | 77.75 +0.38 | 76.52 +0.63 | 74.10 +0.45 || 73.02 +0.63
Max 63.85 +£0.86 | 78.55 +0.90 | 71.19 £0.86 | 76.55 +1.12 | 77.86 +£0.59 | 78.02 +0.77 | 73.97 +£0.46 || 74.28 +0.62

RoBERTa-large | CLS 63.84 £1.34 | 77.33 +2.53 | 68.64 +1.34 | 72.86 £1.96 | 77.13 +1.32| 78.32 +1.08 | 74.14 £1.31 || 73.18 £1.20
Mean 58.36 £1.16 | 76.24 +0.87 | 69.55 +0.85 | 73.15 +1.32| 76.90 +£0.94 | 78.53 +0.54 | 73.81 +0.88 || 72.36 +0.73
Max 62.89 +1.42 | 77.99 +1.88 | 69.83 +1.66 | 75.60 +1.51|79.63 +0.60 | 79.34 +0.48 | 74.04 +0.84 || 74.19 +0.88

#x6 HKETIN, pooling FIEZ & D SentEval DF X A 712 B 5 IEFR (%). RNOEEIZ, Bird>— KET3ME
aHilli 247 o 7 RO & FFHE(R 2 100 222372 DTH 5.
Model pooling MR CR SUBJ MPQA SST-2 TREC MRPC Avg.
BERT-base CLS 80.94 +0.08 | 87.57 £0.12 | 94.59 +0.09 | 89.98 £0.04 | 85.78 +1.14 | 89.73 £0.76 | 73.82 +0.19 || 86.06 £0.28
Mean | 81.84 +0.17|88.20 £0.04 | 94.82 £0.12 | 89.94 +0.12 | 86.49 +0.20 | 89.73 £0.31 | 75.32 +£0.78 || 86.62 +0.18
Max 80.74 +0.16 | 88.00 £0.09 | 94.32 +0.07 | 89.92 +0.25 | 85.03 +0.09 | 89.13 +0.50 | 74.11 +0.49 || 85.89 +0.02
BERT-large CLS 85.79 £0.19 | 90.54 £0.26 | 95.58 £0.14 | 90.15 +0.04 | 91.17 +0.06 | 90.47 £0.95 | 73.74 £0.61 || 88.20 +£0.07
Mean |84.05 +0.25|89.50 £0.24 | 95.21 £0.12 | 90.19 +£0.36 | 89.44 +0.14 | 88.60 +0.87 | 73.99 +0.90 || 87.28 +0.05
Max 83.48 £0.30 | 89.04 £0.37 | 94.55 £0.09 | 89.88 +0.17 | 87.50 +0.26 | 90.87 £1.30 | 74.28 £1.27 || 87.09 +£0.27
RoBERTa-base |CLS 83.94 £0.30 | 90.44 £0.49 | 94.05 +0.06 | 90.70 +0.17 | 89.16 +0.22 | 90.80 £0.35 | 75.52 +0.42 || 87.80 £0.20
Mean |84.88 +0.21|91.09 £0.01 | 94.60 +0.10 | 90.69 +0.07 | 89.73 +0.54 | 93.13 £0.12 | 77.22 +0.46 || 88.76 +0.08
Max 83.98 +0.03 | 90.78 £0.24 | 93.96 +0.07 | 90.63 £0.11 | 90.05 +0.06 | 93.60 +£0.72 | 77.80 +0.32 || 88.69 +0.12
RoBERTa-large | CLS 85.63 £0.27 | 90.74 £0.15 | 94.53 +£0.14 | 91.20 +£0.11 | 90.08 +0.59 | 93.53 +0.76 | 72.66 +1.73 || 88.34 +0.28
Mean |86.47 £0.29|91.53 £0.06 | 95.02 £0.08 | 91.15 +0.07 | 90.77 +0.34 | 92.33 £0.64 | 73.91 +£0.96 || 88.74 +0.12
Max 85.60 +0.26 | 90.73 £0.70 | 94.21 +0.65 | 91.09 £0.32 | 90.65 +0.37 | 91.53 £1.70 | 76.15 +0.33 || 88.56 +0.57
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