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Dialogue
Mary: Hi Mike!
Mike: Hello :)
Mary: do u have any plans for tonight?
Mike: I'm going to visit my grandma.
You can go with me.
She likes u very much.
Mary: Good idea, i'll buy some chocolate for her.

Summary

Mike and Mary are going to visit Mike's grandma tonight. Mary will
buy her some chocolate.
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Before Preprocessing

Amanda: | baked cookies. Do you want some?
Jerry: Sure!
Amanda: I'll bring you tomorrow :-)

After Preprocessing

Amanda [SAYS] | baked cookies. [EOU] Do you want some? [EOU] [EOT]
Jerry [SAYS] Sure! [EQU] [EOT]
Amanda [SAYS] I'll bring you tomorrow :-) [EOU] [EOT]
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