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Emphasis Tag:
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1t0 is0 hot3 today0 .0

Emphasis 1-Token:
Xx95 E <to3> HOW TT
It is <to3> hot today .

Emphasis All Token:
<to0> = £ 5 <to0> 1 <to3> HDOW <to0> TF <to0>
<to0> it <to0> is <to3> hot <to0> today <to0> .
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Emphasis Tag
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1t0 isO hot3 today0 .0

48 & B TS,
Itis hot today .

Emphasis Token

FS (F <to3> HOV TT
It is <to3> hot today .

Pre Emp Post
551 HoL TF, B
Itis hot today .
All Token

<to0> F &3 <to0> [F <to3> H DLV
<to0> TY <to0>
<to0> it <to0> is <to3> hot <to0> today <to0> .
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Ex. level 0: This is loose. (plain text)
level 1: This is a tad loose.
level 2: This is noticeably loose.

Level 1: a tad, a bit ...
Level 2: noticeably, quite ...
Level 3: so, certainly ...

level 3: This is so loose.
0 Level 4: completely, extremely ...

level 4: This is completely loose.

Level 0: | feel sick.
Level 1: | feel a bit sick.
| feel sick . Level 2: | feel quite sick.
Level 3: | feel so sick.
Level 4: | feel completely sick.
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K1 SahaHifi

Cascade ASR-MT Model . .
Test Data System ASR MT Direct ST Multitask Model
WER| | Multi-BLEUT SacreBLEUT | Multi-BLEUT SacreBLEUT
pepeor.  INo Emphasis 0.72 44.84 47.80 33.88 36.88
kiR Separated 0.38 43.99 46.71 — —
Synthetic Emphasis Tags 0.64 42.64 45.57 29.24 32.57
#8237k Emphasis 1-Token 0.80 4231 45.64 37.92 41.29
Emphasis All Token | 0.80 44.84 47.71 35.94 39.37
pespor.  INO Emphasis 24.72 31.81 34.68 2.72 4.10
ek Separated 19.50 28.74 31.76 — —
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