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it "s a good thing most animated sci - fi movies come from japan ,
because " titan a. e. " is proof that hollywood does n't have a clue how
to do it . i do n't know what this film is supposed to be about . from

what 1 can tell it 's about a young man named kale who 's one of the
last survivors of earth in the early 31st century who unknowingly
possesses the key to saving and re - generating what is left of the
human race . that 's a fine premise for_an action - packed sci - fi
animated movie , but there_'s no payoff . the story takes the main
characters all over the galaxy in their search for a legendary ship that
the evil " dredge " aliens want to destroy for no apparent reason . so
in the process we get a lot of spaceship fights , fistfights , blaster
fights and more double - crosses than you can shake a stick at . there

's so muchfJOIBIESY sci - fi banter it 's too much to take . the galaxy

here is a total rip - off of the " star wars " universe the creators do
n't bother filling in the basic details which makes the story confusing
,_the characters_unmotivated and_superficial and_the plot_just plain
- . despite the fantastic animation and special effects , it 's

justm an interesting movie .
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T2y~ R N—27 VB RO =7 VR XEK
train| 8.7 7736 66.8 (9.4%) 1600
AVYFN dev| 7.6 7615 49.8 (7.2%) 200
test | 10.4  795.0 240.8 (31.4%) 199

train| 4.7 446.7 36.4 (8.3%) 1600

BERT Al dev| 4.2  442.3 28.3 (6.6%) 200
test | 5.5  451.3 111.1 (25.2%) 199
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TRty | b= VB K
train| 170.4 1500
books dev 190.6 100
test 177.1 400
train| 165.3 1500
dvd dev 184.6 100
test 167.7 400
train| 668.7 4421
livedoor dev 665.0 1473
test 652.6 1473
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Livedoor 24 8 3e-5
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1 11-2 0.692
NEG 2 11-11  0.922 0.687
3 11-10 0.666
1 11-11 0.587
POS 2 12-10  0.948 0.502
3 11-3 0.477
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V7 E-~v R I, AUPRC
1 amerge 0.641 0.446
2 11-—11P95 0.639 0.445
3 12-10 0.579 0.437
4 12-4 0.502 0.442
5 11 —2NEG (487 0.434
6 12-9 0.479 0.381
7 11-1 0.467  0.42
8 12—avg  0.464 0.381
9 12-5 0.445 0.415
10 12-6 0.428 0.403
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