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Input

Dan wanted a pet for Christmas.

HT He decided to try out for the team.

One day, he decided to buy a lottery ticket.
He was very happy with his choice.

He was so happy that he almost cried!

HT+TA

One day, He went to the animal shelter.
He saw a lot of animals.
He had a lot of fun with his kitten.

He went to the store and bought all the ingredients he needed.

HT+SLRPE

One day, he decided to take a nap.

He went to the store and bought all of the ingredients.
They had a lot of fun.

I was very happy with my choice.

HT+TA+SLRPE

One day, he went to the pet store.
He decided to keep the puppy as a pet.
He took him home and put him in bed.

He had a great time.
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