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RWFHRTH S, TITARWMXTIE, =FiExRa—
NAMMHTEDGHEEZNRLE LT, ZhEAMIEH
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The present invention relates to a cover glass . <CONCAT> KRS REZHIE ,
The sample S has a known shape . <CONCAT> @ SH BB o
The process may terminate thereafter . <CONCAT> Z33 f2 L/ RI LA R
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JUE RE S () FESEER, HPRYIN EE10 #9 IGBT14 Wi, N/A

S TEEREE, BN 2EE10 O IGBT14 1347 LTW5, N/A

H-to-H S ?&{ﬁﬂ%ﬁ #10 D IGBT14 1347 TH B, 37.79

i-to-H TR BT HiE 10 O IGBT14 A 75 5, 54.41
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