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1 ‘; L" &) ‘: Wikipedia Infobox
= a— I VBERMEMN EERE TV, ElT VTV Frank Lino
— N EHRWICEL IR AR ERTEL 20D Caption FBI surveillance photo
K EBRIAEFEO D, BEDHEL < AT — 2 DFERIC Birth date  October 30, 1938
HETRNTAERLTLESIEELH D [7 9.17 18} Birth place Gravesend, Brooklyn, New York,
i N United States
ZAUE, EEXORENEEM I NG < OGS
SN 5 . Reference: Frank “Curly” Lino (born October 30,
z M
L ?JU"C\.:%%EK £5. ) 1988 Brooklyn) is a Sicilian-American Caporegime in
Bl ZIXRITIE, EFETALFRT T7TOAMIZET the Bonanno crime family who later became an infor-
BAVIARY IAMONA AT 5T 4 —%EKT % mant.
s = -3 — . Baseline: Frank Lino (born October 30, 1938 in
- Y Z —H z. , ’
WikiBio 7—%t > b [8] LB —PlERLE. 2T Brooklyn, New York, United States) is an American
EROBRE L RS ) 77 LY AXITIE bonanno crime criminal defense attorney.
family X informant D& DR, AV 7 ARy 7 AITK Our model: Frank Lino (born October 30, 1938 in
WEHAEEATVNS I LIZEEIAAL. Z0Ed A Brooklyn, New York, United States) is an American.
ANEHDDOREVENE, =a—FIVERERET IV #£1 WikiBio ¥— & MIB 135 L.

2B 2 DI B BERRBUET — 2y M X <B
NDERTHY [5,18], ET Mo 2B %2 T
UESBNBH B, FEBE, R—ATF7A 203 —KHE
& Seq2Seq ET IV [13] 1%, ZDFNX LT criminal
defense attorney £ \ND, AV 7 FHRY 7 AITHE N
STERELER LU (A VT ARY 7 AZHD FBI &
WO HERITHEINZ0E LNARW)., ZDXDIZ#>
FERETIRNODDETIVE, FHEGFREHER
DAGIEVEDIER T KRE R DI 4 % L A2 RME
2R DR,

ZOMBEITH LU TAMIEE, BEEMIOH LV
TIA—X—%EETD. HEEEXT A MRRICKIE
(calibration) [2] £ W5 FiEZ@ELUTEY ANT—L2D
BRI ERSCERZR L, JIFRICIE) 77 YA
DEVENPEEDOWL TS RHFEEZERETEDI LD
ETFINVEHIHTS. FARIZ, ZOXDBAEEIEXHD
BhHRA AHMEREZEL TEE I NS, WikiBio 7
— &ty hEffio~ERT, FxDFiEiZ PARENT Py | y<t, ) =
Precision [5] & & OF A T3 D SN I BT 2 F5ERIC

* Google NYC O Visiting Faculty & U T17> 7215,

BWTHAEMEERKEL EE 22 8. flzIE
KU, MEETTIVIIEZ AU IELOXEAERL 2.

e
2 BHE

AFEDR—=A RS, TVI—K— - FI—X—
ETIN [1,14] COWTHEEZ RS, = 1122... 75
EREISOANXFS, y=y1ya...yr TRI T D
W XFH T2, BxlxEMMASHEER Plylz) =
I, Pyily<s,®) €TV V27§35, ZZTyy =
Y1 Y1 WEy OERM»S (t—1)-BHETDOM—72
VEEAERDIIERT. ANIXFEHIEF=a—F )
3w RT—2 enc IZ&>THEALIN, s1,...,85 =
enc(xy,...,ts) £9 5.

BEE g OMOIAAE e, e RT L T5 L, ERTERIT

exXp (,U;Feyt)
>, (expv/ey)

TEHEZbNS., 22T, MEtIZBITEXHRNY MV
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Christian Campbell
1

Birth name Christian Campbell 075
Birth date 1979 0.5
Birth place Bahamas 0.25
Occupation Poet 0

christian campbell (
Years active 2010 -- present

M1 FEINERE, EAEWE, TUTAGEOR. AR

v IFIRDEDITEHRIND -

S
= E Qs tSs + ht
s=1

ZORDEL—FBHDHEIZTEEINRY NIVT, AL
Tl Luong ! [11] 25 (X1). ZFKE OHIFEEIR
RERZ MU TRNNIZk->THEZHND (K2) :

vt:at—i—ht

.
., — exp(s, Why) (1)
T Y exp(s, Why)
hy = RNN(h;_1,[ey, ,,ai-1]) (2)

ZIT[]ER ML oEREE LY. 7 3—4—% RNN

WIZIRELZDIE, BRETINNOEETDEHEEIE
ERBEAD N —27 VIkFEL, —D2FDFHE LT L
PBERHENOLTHD.

TC B HIET 5 A, ERRERIE DY — R
YRAIN, ROESI5S (6,13 :

gen

P(y|y<i, ) = pf P(yt|y<ta x)

A Y B

SiTs=yy

TP IIIE 2B D N — T U DEEED S K
INDHER, B FAE—DERNEATHD. HE
xs My LRI E D BALE s IZEWTHIPISND.

3 BEEMETFI-—4-

@%&1):*ﬁ*-?3%ﬁ%éwﬁ’ﬁ@bf
O RELSUERICET D550 2 R1OFITIE,
VI ARY I ATEEFIET D Occupation £\ND 7
L=V RN ENPDLTY, TRELHLZED
WR—=ATA VETIVIEE>72ERE L, ZD&D
W2, BEET D T 1 IV ROVROVEE, RIETRVAER
NELEID., BRADBIHETIE, ZOX5BHBETYH,
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B Attention Score [l Base-LM

Confidence Score

born 1979 ) is a <unk> poet

I U CHEERER MK S, BERIZE VIEREICKITET 5.

ol b= Y DESHEENE < (> 0.5), HIZA ki
O TIRERMEZ MW TLOBH L. —T5, 7+
— )V RORBUIF AT T — 2T BRI & E

DS REED D Y, FEEE X IXEEE (Attention
score) A; ZIRD LS IZEHRZLZE T A,
e
@]l + [Pl

A LR N —=7 VIZHUTERT 5 Z & % THERT
MRUZ., BILaC B2 > TEREZRDED
IZEET 2 &

Ay = A+ (1 - pf™)

MUZRTESIZ A 1Fa¥—UE =2 (e.g. Camp-
bell) (2 UTE<L (~0.9), ANWT—ENSE/KL 7

& (e.g. <unk>) IZHRRE (~0.4), TU THREZE
XTIV NER, 2T -V RREOBEIC
HUTED (~0.2) ZEIEEINA.

FoT, HEEEIILGEN—2 v ENEFEORJMNT
XM, BEEEPT Y T —MEELOXJINEET
TRV, FITHLIE, HEDOSFEET IV (Base-LM)
DIETER Py |y<,) (BEERER L IT.5) & D%
P2FEEER . BRESET TN, AT —R2OEH
WY 78 ATER. Lo T, & UHEHRNS
PEAT S AR L FREE R HIE, TD h—2 VIdkkEE
FEXT VIV NEEDOLDR, HEVALT—EZD
HHREEFRELRAVW = BbNhs. Ik BIE
E (Confidence score) %, Fefff) 4 pliffisR & HHeqE
ROHMEL UTIRO LD IZEET D ¢

C(yt |y<t,-’E) = Atp(yt | y<t7m)
+ (1 - flt)P(yt | y<t)

U= FERISHUT, Plyly<,z) &
BWAE<, $5 L AGEIREREICIEST

=
anp
[ayay
auj
o
<
N \{l
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Confidence Score:
Salome Jens

Jens in 1962

Birth date May 8, 1935

y: salome jens ( born may 8
Birth place Milwaukee,
Wisconsin, U.S.

Occupation  Actress

Years active 1956 -- present

B2 EfEEIC

BWNZEILBS. —H, ANT—2OERERET S
WA U T Pyly<e, @) 28 Pye|y<:) SV <,
AEEIREREICRE MKFTS (KD).
3.1 #RIE (Calibration)

TV BEREREITD 2O, BEEEM-24
BHERDERIE (Calibration) [2] ZIXRD & S I2475 =

P”(yt\y<t7 ) =
SG(C(yely<t, ))"SG(P(y|y<t, x))
2w SG(C(wly<r, 2))"SG(P(w|y<, x))

2T, Pi(yly<r. ) B K 28T AR LT BIERS
HOfET, SG (Stop-Gradient) 1Fiz5DWEIE% 710
v U, & ZIWIREI NG, JTIE, P (yly<, x)
& P(yily<t, ) & P(yi|ly<) DEXNBIE X E R T
IMEEI NG -

Jomt y, IOgP yt|y<ta )

ﬁM%

—1 (yt|y<ta )_IOgP(yt|y<t))

fi = 53 41 D & pn(yt|y<t,$) & P(yly<t.x) EBHAT
WB 7 (e k = 0 DK, B XNz PF(ylycy, ) D
T — 212 BT B 8— T L * 5 1 1& Plylyer, @)
SVEL< B ZiFBy, EE, 130 THE b INE
DEIZPRT S, £oT, XEROBEEENES RS &
SHHBIN, UrEIINA—T L3V 7 2EHICT
5 Z ez,
3.2 ERRAXIC& B
AR T —21E, £ DG4 1Y —THh
D, ZHSHNEIXE TIVIZHEE > /- B R
P IE, Eo AR ERISEITRANYH L. S
NEOFELZRFBL, LY IEMRRT—XTETIVE
g 572012, RMFEIEEEEDOERN N—2 v %
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lanilnlalnl___.x2

1935 ) is

an american stage 5 film and television actress

keep keep keep keep keep keep keep keep keep keep keep keep skip skip skip keep keep keep

Oz |y, x)

Random Sub-sequence

7. salome jens ( born may 8 , 1935 ) is an american and television actress P(z | x)

KB ERHNY v TV v T OH.

TEDZ LD BIIMFLEERETS. UL LUBGEE
MTHLND LRARIZFEINRTNERSZ20DT,
B RA ZHMBEETZ olEZ &M 5.

HRWIZ, VI 7 VY AXFES y = yiya...yr 2
HUT, TOFBETEDR NI 2 = 2122...2p =
Yu)Yu2) - - Yur) EEZB. I T RVBAFIORX
LR = |T| WaEEGRETD. 05l 2 DAERBIESR
AUz

R
P(z|z) = H

NA ZIERIT P(z|x) % P(ylz) (CBEMITS L

Zr | Z<ry &

P(ylz,x) P(z|z)
Pl =y
2195, DD, V77 by AUIE IR
ULCH—EE£2L LT Ply|lz,z)=1¢95. TLT,
HAH z % y IZNT 2D “keep/skip” DRFHIFTNY v
TR, BREELRHS>ZIROMRSHGTHL S %
BTV ITE (K2) :

1
Q1 = Q¢(keep) o< C(yt|z,(s)<t, x)? For y; € z
b Q¢ (skip) x ~* For y: ¢ z
ZITply@NAN=NRIA=LTHD. Q(z|y,x)
o THBENM P(zly,x) 2iEMT 5L, %R

- IOgP(y | .’1}) < EQ(z\y,m) {lOgQ(Z | y,a:)

—log P(z | :1:)}

2135, oA ZHNEKIE, ZORERDLH % &
IMET B, RIFET, WAFIEEEEZTICE>TY Y
TV v TIN, X UTORGHEZZR LR 720,
B Z LTRGBS ER I ND.
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Automatic Evaluation Human Evaluation
Model PARENT Faithful Fluency
BLEU Avg Len. Avg Cov.
(Precision / Recall / F1) ve Len % Ve oV %
BERT-to-BERT 44.83 77.62 / 43.00 / 53.13 20.9 77.6 4.33 98.5 / 99.4
Structure-Aware Seq2Seq 45.36 73.98 / 44.02 / 52.81 23.1 66.1 4.47 88.6 / 99.7
Pointer-Generator 41.07 77.59 / 42.12 / 52.10 19.1 80.3 4.24 93.1 / 96.0
Confident BERT-to-RNN 33.30 77.98 / 37.21 / 47.90 16.6 85.2%* 3.90 92.3 / 94.1
Confident Pointer-Generator 38.10 79.52 / 40.60 / 51.38 17.0 86.8% 4.05 95.4 / 96.3
+threshold=0.125 36.62 80.15 / 39.59 / 50.50 16.4 90.7* 4.01 91.6 / 92.2

#&2 WikiBio 7 A bz v MIK$ 5 3Ef. Fluency I Mostly Fluent % A2 NEMNT 2 Y OFfEE R U 7=,
BHR7—hA NIV T - FAMIEVR=ZA5 1 VL AKEIAEE (p < .001) 257,

4 EER

WikiBio 7—&t v  [8] &> TU NZ KL 7~ :
BERT-to-BERT [12] : Transformer (252 < =¥
I—X— - Fa2—X—E5)V [16] # BERT [4] F v
JRA Y NTHIBMEL 728 0.

Structure-aware Seq2Seq [10] : T > 7 AR Y I A
DT 4=V RHL AV T VY &R THRS, LSTM (2
S <ET V. WikiBio #fi Thx D BLEU % il
Pointer-Generator [13] : I ¥ —f&8EfF ¥ Seq2Seq
ETN (Fex DEER).

Confident BERT-to-RNN ({#%£E 7)V) : Trans-
former T 21— & —® BERT 12 & 5 @ik, &
GRU [3] 2flio - AGEMN ST a1 —4—.

Confident Pointer-Generator ({2£E 7)) a2
—HERE(T & Seq2Seq IZABEMNE T I —4—.

E#FEAIE BLEU & PARENT [5] % vy, AF3E(fi
X7 ¥ X LITEAZ 1000 O % KT T NOH S M
S5EUSEY MU, 5 ADT /57 —X—I7 Faithfulness
BEEME), Coverage, Fluency (JiiGtE) %##SU 7z,

F2AHEREZ R T, AFIFHMIZ &L D L REFEE
Coverage 2 D UMK T It 25 & EFEMEZ KIFICUEEL .
RELVZBEEDOHEY) X 2 HIZHEND D 720, 0.125 LA
TOHRBEZRD N—27 VEHIRT 2 HBUMEITS &,
T2 D UHRZ S WEERDOTE R D LANA LN,
H B3R A2 D\ Tlk, PARENT Precision %%
MEHBERH D L EZ 0N, REFEFIFVEEZ T
$kU 7. —7 BLEU & QFEMDOHEMNE S NB N0 7.

5 &bbIC

AN T —=RIERELRXEREZRT 2D, TLlTEE
EMNETFI—-4—%2#%EL, WikiBio 7—4t v ~Z

— 432 —

BOWTERXDOEEEZ RIFIZHEFETILZI 2R
7o KO EEMIRELE, BEMERFSE, AFIHMEORR, 77
=3 VT ANPERIHZEIZONTIE, [15] %
Xz,

W <
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