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# 1. FHHE R

| | IDEAL | NN | NN+SVD | NN+SVD+WT
B—D [ 082 [ 0810 0.797 0.817
B—E | 0852 | 0.729 0.738 0.745
B—K | 0878 | 0.766 0.774 0.776
D-B| 0831 | 0773 0.775 0.764
D—E| 0852 | 0748 0.749 0.763
D—K| 0878 | 0.795 0.774 0.789
E—B | 081 | 0735 0.741 0.732
E—D | 082 | 0735 0.745 0.743
E—K| 0878 | 0866 | 0.866 0.864
K—B | 081 | 0.720 0.742 0.740
K—D| 082 | 0756 | 0.756 0.744
K- E| 082 | 0.862 0.858 0.861

[ v | osd6 [ 0775 0776 | 0.778

processed_acl.tar.gz Z B L7Z7 — X &2 H
W5,

https://www.cs.jhu.edu/~mdredze/datasets/
sentiment/

Z DT —&IE books (B), DVD (D), electronics (E)
B X O kitchen (K) ® 4 D0k %EE L, ThTh
DIBIZE ENDXERIKR2DEY TH D, LD
BT positive T — & & negative T —XIEZTNE N
1,000 @l H, ZnbzEHbE 2,000 T—X%EZD
IR T — R & T 5,

* 2. FHIEIE DK

l ‘ positive ‘ negative ‘ test data

books 1,000 1,000 4,465
DVD 1,000 1,000 3,586
electronics 1,000 1,000 5,681
kitchen 1,000 1,000 5,945
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#*& 3: IO TP~ — 2 DFIRD FIH
[ NN+SVD+WT | NN+SVD+WT2 |

B~ D 0.817 0.803
B—E 0.745 0.712
B—-K 0.776 0.754
D—B 0.764 0.747
D—>E 0.763 0.732
D~ K 0.789 0.779
E—-B 0.732 0.744
E—-D 0.743 0.740
E—-K 0.864 0.862
KB 0.740 0.716
K =D 0.744 0.722
K-> E 0.861 0.840
BEZZH 0.778 [ 0.763 |
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