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1 (EL®IC

Bolt, B & 27 F X b ORifERES DBIFEXHIE %
Hi% & 9 % Machine Reading Comprehension (MRC)
WAL > T WD, ZOBEMIGERD Z2 e A L
L7256 MRC O 7 — X v MR X (1, 5],
ﬂ R ERIGE DIFFEANTERIL L T 5. XEEE MRC

BT AERMI, kD MRC LI3R% 0 5501z AL
EH Fonsdzd, FEMIHFHEOSRICKE KT
5. TOkd, NEEREEZSRLULWEHEET S
EREL W (CHEEIND) BN L FET 5.

AREFFETlE, MEEE MRC 2B WTRAZR, R
HFT2EMZzNSE L, FizEZITHVWO NS R
FEOSREEMRET 5, HDVIFSHL AW LDl
KE@EXJ\ODE;%%EEJEIJK.

BRI IE, RFAT N TV 2 SIE#HEE (Stanford
coreNLP [2]) ERHEEOBEIZBWTHHL, 21/
REHDRERIZ L 2 EHZ T CTEMEZELER L. Zh
%, BN ZEZ 5N5 GRET VTHEE LR,
K EEFH OB RIS 2 HE QMR EZ K L7, ZD
R, EfRIISBEMMEOHIERICE ST, BEfziTb
&m% F0EoTWz. F7z, EEIZERD LN

EICE S 2EEI2 B80T IERIZKIE R X
Hohighor, LD, FIFHUZ MRC €7 Vi
PBREEICEHT 2 2 LB 2RO TV LR
BInd., MongEtte U Tk, SR KD E
HTHBILDMEZLNDD, ELWVWSIREOER
% R U 72 KERBER 2 I E B Tl <, Z OMGEE
IR TH 5.

El=-N=—}
2 BH=

2.1 MRC 8 XU ZDIIEEDIER

MRC [HEFRERIEHEELEDTB Y, 2HDOT—
Ry MPIREHEINTVWSE. ZDEDT—K+EY b
\E, BEOXNRE LD, TOXHEOMEEAT 7
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OERM, BXU, TOEIANOHEEING. BN
a5y —2ty hD% <, %W@?éjﬂﬁ@%
RO RLFARBHHTEG SN TWS. BRNIC
B e XERIZEIG T A2 HFEOEREZ BT, *ﬁ@(
XDz BEE T HEMZEPT I 8T, HiliaR
FEERE VW IZ Lo TRIETE 2 EHMOBZH S
FTEALD 5.

2.2 WiEi MRC

ek MRC F—& &y Mz& BT —H—
ﬁ%ﬁi#bf%b,%ﬁ%hmﬁ%%iam@,a
B, R & 7B CEIZ O W T OB RSN EES S E
MEBER 2B LT — 22y FOREINEZ. 20
EoRTF—Xty MzEENAEMX, BEiixToE
MBS FEDOWNEICKE IKFT 5. ZhiE, Bt
B EEDHEATITE, FIFROFELS BIR D B A3 T 0
N, ThHyBERIZKMENE7-20ThH5.

Z OERMMEOMEIFENEIZ & - T, WEEH MRC 134763k
®D MRC TR SN -7z, BAFIZHITS 2 DDk
BaER> (7).

1. BRdIZERTE TOEMIZESG L-RNAE2fE LR
j_j:El/‘J_\‘ﬁcﬂb %iﬁj_%

2. XEADOEZDHBINER, ERANFEH O
HICALE S & H 72 E DX GBI E2321T 5.

3 FT—4tvh

AW %E TlX, Question Answering in Context
(QUAC) [1] &EIEN S X EE8. MRC DT — & & v b
ZRMET 2. 2OT7—X1y ML, B, REMOD 2
NHDZ F 9 R —h—1Z & o TiTbh /- EREEX
MPOIER I NZT—X 2y N TH B, XELHERM, &
ZEMRER L UTHRS, BRI 58 A & X EH
MoDREHULIZEOKRkDB & Z AL, MRC DRER
5 —X¥ vy hTH 5 Stanford Question Answering
Dataset (SQuAD) [4] £HELTW5
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X#F L, Wikipedia DA% E L § 2505 5 &
RENZI10HEDO 1 7Y arTH5. G,
oY a VOBEHELEORHID 1T T T TR R
S, ZTHICHOSEHMICERNT . REMENE, K
ARNZIEG 2 6Nz XER P S EEXMEE2EEHT Z
LIZEDEZEERT. 1 ODOERMIGENEIX, 1208
fIvfbNng, £/2iE, EXoNRWERMD 2 ELLE
FEOSNDE TS 5. QuAC IZB 1T 2GS
OB ZE X 1 I1ZRT.

MR, SQuUAD THWSNZHEEL X)LD F1
AT DEERHSE NG, AR TH Z OFlE
xRS,

7, BRI EHUAEE X 2EET DB,
W EEZ FIIZHED B 720 DLATF O 3 MO X Z51T 4
(dialog acts) ®ERMNZ 2L 2.

e continuation (follow up/may be follow up/don’t

follow up)
e affirmation (yes/no/neither)

e answerability (answerable/no answer)

XECBRD S L O T ARHNTAZ L E XA
JIZEHEENTWED, KR TIIEZDEEH LIS
DHAIZIEHT 5.

4 FETEDESHA

HEER MRC OERNICIE, NEEEEONEZ LR
THRENL BT 5. ZoEMTIzE Eh bR
OB R IR L B OFE U AR, fBRED
FETHEHULMERE ERZ WS FRNTE S, K
e Tk, fRmEEEMDFE (SIRHE DRSO HEE
T AT IERIR 72 ST ) I E E R B R, BT
52T, BHOERENY AT LI R 508
IZDOWTHET 5.

4.1 ETEOSRERAE

BRI OfEREE L TN LRI EEOHR, Efd
5HEL UTATFD 422 W=, Ak, 2, 313,
FEREEZ TN URTEICE LS EESRZ 57200
EGIETH B, HiE41E, BRETDOSOPEMA
DERIFIZHET 02 ET 5D DBEMSGETH 5.
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Section: “2~Daffy Duck, Origin & History

STUDENT: What is the origin of Daffy Duck?
TEACHER: < firstappeared in Porky’s Duck Hunt
STUDENT: What was he like in that episode?
TEACHER: < assertive, unrestrained, combative
STUDENT: Was he the star?

TEACHER: < No, barely more than an unnamed
bit player in this short

STUDENT: Who was the star?

TEACHER: < No answer

STUDENT: Did he change a lot from that first
episode in future episodes?

TEACHER: < Yes, the only aspects of the char-
acter that have remained consistent (...) are his
voice characterization by Mel Blanc

STUDENT: How has he changed?

TEACHER: < Daffy was less anthropomorphic

STUDENT: In what other ways did he change?

TEACHER: < Daffy’s slobbery, exaggerated lisp
(...) is barely noticeable in the early cartoons.

STUDENT: Why did they add the lisp?

TEACHER: < One often-repeated “official” story
is that it was modeled after producer Leon
Schlesinger’s tendency to lisp.

STUDENT: Is there an “unofficial” story?

TEACHER: < Yes, Mel Blanc (...) contradicts
that conventional belief

1: QuAC EFIGEEES ([1] 2551 )

k1l EWET (I~ -l BH) OB E 0 BHOH
% % 5 OIEIT A~ 72 8 % BRI AAT T 5.
n &HOEMIZ & N ENMOTEL R T/
B, VAT ADHHI LN ST, BRTOEE S
OB BE WA,

FiE2 MNEEPhTRM (1FH) 0EME, EAEED
PRSI AT 5. SERCOIZ U7z 1 FHHOER &
ZNUE (2~n-1) HHOEM, LU0 n HHOEM %
TG DIEIN AN 72 XFE %2 SIREGRANATIT 5. n &
HOBMIZEETNEIMUDFEEZSRL CTWIGE,
VAT LADHEIZUED ST, BRITDEESRED
HZEICE S 2 5

FHE3 EHEET (I~n-1%FH) OBz 2 TER LA
OETERCUIET 5. SERLOETH S 1~n-1 &
HoEME, nZHHOEMZEMZ2HESONEIZ A7
XE % ZREESANATT S, n EHOBMIZEEN
LEMMUDFEE SR L TWEE, YATLADHIIZ
LMo T, Z2RTOEE2SBEOHEICESHZ S

FE4 ENET (1~ 0l BH) OEME 0 BEHOH
% % 5 OIEIT A~ 72 8 % BRI AAT T 5.

All Rights Reserved.

Copyright(C) 2019 The Association for Natural Language Processing.



n HHOEMIZE FNLEPMOFEEZ S T
&, ZROtOFEE "XXX” NBEEHZ S

HE1IREADEREZE TR\, BREIEZD
NEERTEEGITIXELSEBTERW,. — AT, A
1% 3 TIHEREEDHE LR T 3EDHRHIPAN LN 5 72,
Mo TEMT DGAENHA B Z RTINS,
FAHFERE LT, T— &Yy MERFHIZE R ERE
iiE st 7y a VOBERB X OSGEEDORAD 1
NG T5 T %, BIIEHEBRANDATNTINZ 2 /HETS
TRZ MR U7-EMT, 5HICRT DL AROFKETT
FEBREIT>7. UL UAEL 2, 3 TIERL 7ZER
T > - EBMEROBED L - /=720, SBERTG
B UTHEMAL o 7.

4.2 SREERERODHT

BiiE 7 XA L28 100 MEY LU, AiE1~312
L BB AEIT T2, T DOBDO SRR D 4G D
RMELUTOR 1L ITRT.

# 1. IR

HiEL | HiE2 | HiE3 | &8
AL L 7=
100 100 100 300
e
s S
49 47 36 132
PR R
YN AW
18 21 28 67
=R
iHoT
oy AN 5 5 7 17
BRI

£1M5, 320HFEETIZTEVWT, BT oiExR
FEDRMRD E £ THDLGAENRARD 1/3FE L LW\
ZeWohd. ZOGE, SETHRRSFEEHERICIE
W, HREME I NZEME, SR TWARWER
ERRIZEET S Z Li2n, FEBEROE/IOR
5.
FRRREDNRIERD E ETHLEMMB L WEHA L LT,
AKHERT B XETIR AW FEFTOEM X B R %,
XEE UTSREHGRANATI U2 Z &%, FBRiENE
URTREICHIG L WEBEDBIN R WA H 5 Z L 9%
Fons.
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4.3 EFpH)
DUR (2 28 #u iy & 258tk OB R 0 BLpkfi % 737
ESBAE L < BRI N 7=l

SHaET: What else was he known for?
#af%: What else was Leonardo known for?

RE R OH

HBBHR > TSN
Z#iT: What year was Romeo and Juliet produced?
Z#if%: What year was broadway romeo and juliet

produced?
(FBREETRVEEEZ SR E R U TAH)

Z ¥R He was supposed to write the lyrics—what
happened?

ZMatk: The first show sondheim was supposed to
write the lyrics — what happened?

(BB DEEZ > TZHL)

5 =EBR

4B WT 4 DD HETEBU-ERMZMHL,
ENFHIZDOVWT 2 DODFHFMET IV CTRIEDHEEH L
RAD %FH, TG L=,

51 EFI

1] CTHAINEZR=ZAIFIIVETILDOD L,
BiDAF++ E 7NV 8 L O BiDAF++ w/ k-ctx €7
VAL 7.

BiDAF++ Bi-Directional Attention Flow
(BiDAF)[6] (%, XE & EMMETHAMOD attention
EHALUZHGMET LV THD, MRCT—XEY hD
R=AFAVELTHWONEZEDEZVWETILTH
5. RFEBRTHAT S BiDAF++1%, BiDAF OHE
EFINTH Y, BiDAF & F#kIZ Stanford Question
Answering Dataset (SQuAD) [4, 3] IZB W TR\
EDETNTHS.

BiDAF++ w/ k-ctx BiDAF++% 7L % X i6%d
MRC X A Z 3G S ® 570, W@z 485
SOBHEEMRAIZETNTH D, BHELIILTD 2 &
TH5. 1 EEIFEDRY MVIELOE, kERTETD

All Rights Reserved.

Copyright(C) 2019 The Association for Natural Language Processing.



BRDEFZ L7 5 HEEIZ~Y — 1 — % word embedding
WHEERIEEATHS. £5 1%, BRORZ ML
{LDEE, WEEHOMEEHDOEMTH S0H ANITMA
ZMThD. RFERTIE[] TROBRBWHER WG X
NTW2 k=2 ZHfHL7-.

5.2 R

£E TV D validation FER %K 2 1TRT.
Koo, B L L ERD O OFHE, FEHMhEERIX
2T HI2MIZINE D, KEREZIRSNDLo7. &
HRWHERIZ, BfEZ LR2WEATHH, IROWTHW
FERTZ o T DIT TR 4 D ZROTDFEZ” XXX 1B
L7256 ThoT-. BB ESRILDEABERL -
1, 2, 3OHEFLTENS %2 FRSER LR -T2,

F 2 FEER1 ZHIETEHRL 72EM D validation ##5H
(F1 score)

BiDAF++ | BiDAF4++ w/ k-ctx
B L 49.50 58.91
PR 48.98 58.14
Jik 2 48.82 58.48
JiE3 48.49 57.77
Jik 4 49.35 58.21
5.3 EXE

B UOEM, Rt SREDORENER L 2E
M, BLOEREBEE XXX AL - ER& % DFE
FERIZ, REDKEEDOEIZR SN Aho7z, Thid, &
£ MRC #f#E T TdH 5 BiDAF++% BiDAF
w/ k-ctx IZ2BWT, EHPOHEREICEEET LS
BRIZEETELHRENH LI ERBEL TS,

et %, TR URTEBICERT 27200 ik
Thd, Hikl, 2, 3OFERED, BfL LB IOAHE
4 DFERITES o R E LT, 125005
X510z, SRIMEEL AL, 2, 3 TSI RET
Rk R THRCTE T, BRBEOT— Xty Midf
IRRE IR X B & RO BRI APNRE - 72k 5E
ThHYH, ZEPRHETH-T-ZDREZOND,

AR5, FEHTHRGEOLSEMNEL Rk
NrEREEKRL, SMETILVEMETSZ 2T, £
TR K B RINIFHR T 2 R ETH B, FHIT
HHTE2IFYDT—XE2ERMIITEZ 213
L.
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6 HhHYIC

AT, WEEE MRC 2B WTHA R, URIC
T 2EMZEZNE L L, FrlczZTHWS SR
FEDOBIBEERMNT S, HDVIEFBRLARNI & OE
BIEMRBADFELZME L. TORE, EMEIZS
BEEOAIEICE ST, Bz iTbRVWEAELVE -
T\, E77, BEMIZEROLWGEIZESHZ 215
BIZBVWTH EMRRIZKERBER S N d o 7.

M EDFERD S, SEIHH U 72REM 72 MRC Hifif
ETFIIZEWT, $ERBIXERNEE OMREIZ K & 75
Brh 252 e l3m<, b ofERECEEE T
HEMANREZETELHENENHE Z L E2RBLTVWS,

SHOBELE LT, Wi MRC O® 5 1 DORHH
Tho, HEOHBNEINGEEREICEE2 %52
CIZHEHUEMROmE E2HET 2B N5,
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